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SUMMARY
Background
Diabetes is one of the biggest challenges of the 21st century. In 2015, 415 million people worldwide were living
with diabetes. In addition, one-quarter of the world’s adult population have the metabolic syndrome (MetS)
which directly increases the risk of diabetes, cardiovascular disease (CVD) and all-cause mortality. Diabetes
and the MetS are becoming increasingly prevalent worldwide and both are thought to be associated with
an increased incidence and mortality from many cancers. Cancer is the second leading cause of death in
economically developed countries and the third leading cause of death in developing countries. Together, these
are common diseases with a considerable impact on public health. Therefore, improving our understanding of
risk factors and consequences of these diseases is of increasing importance to improve screening programs,
identify preventive strategies and develop novel therapies.
The aim of this thesis is to contribute to current knowledge gaps in the association of diabetes and the MetS
with cancer. Specifically, the three broad aims of this thesis are:
i.

To examine secular trends in excess all-cause and cause-specific mortality in type 1 and type 2 diabetes
compared with the general population, overall and by age-group;

ii.

To quantify associations of type 1 and type 2 diabetes with cancer; and

iii.

To quantify associations of the MetS and individual components of the MetS with cancer.

Further, this thesis aims to address methodological concerns not addressed in previous research of metabolic
disease and cancer.

Methods
To adequately address these questions prospective, population-based studies with high quality databases and
long follow-up time are needed. Publications included in this thesis pertain to results derived from analyses
conducted using four national data sources: the National Diabetes Service Scheme (NDSS); the Australian and
New Zealand Diabetes and Cancer Collaboration (ANZDCC); the National Death Index (NDI); and the Australian
Cancer Database (ACD). The NDSS is a large-scale administrative database of Australians with diagnosed
diabetes and the ANZDCC is a large pooled cohort comprised of 18 population-based cohort studies within
Australia and New Zealand (ANZ). Both the NDSS and ANZDCC cohorts were linked to the ACD and the NDI
to obtain incident cancer and mortality outcomes, respectively.
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Key Findings
Several key findings have arisen from this work:
1.

Age-standardised mortality rates (ASMRs) for all-cause, CVD and diabetes mortality have decreased in
people with type 1 and type 2 diabetes in the last decade, while cancer ASMRs remain unchanged.

2.

Improvements in mortality are seen among older age groups (40–60 and 60–80). However this is not seen
across the entire age spectrum with younger ages (0–40) not experiencing the same declines in mortality
and even more concerning, for type 2 diabetes, increases in all-cause and cancer mortality were noted in
this age group.

3.

Cancer is a leading cause of death in people with diabetes and the proportion of deaths due to cancer is
increasing over time.

4.

Using underlying cause of death to quantify the mortality burden among people with diabetes will
underestimate by >50% of deaths attributed to CVD.

5.

People with type 1 and type 2 diabetes are at increased risk for a number of site-specific cancers and risk
estimates are similar between type 1 and type 2 diabetes.

6.

Detection bias and reverse causation explain some, but not all, of the associations between diabetes and
cancer.

7.

The MetS is associated with an increased risk for overall and colorectal cancers and these associations are
driven largely by obesity and hypertension. However, the MetS is not a useful tool for deciding who is and
who is not likely to get cancer.

8.

Measures of central and general obesity are similarly predictive of cancer risk, though stronger associations
with central obesity suggest a key role in the pathogenesis of cancer.

9.

Hypertension, both treated and untreated, is associated with a modest increased risk for cancer incidence
and mortality. Similar risks in treated and untreated suggest the increased cancer risk is not due to antihypertensive treatment.

Conclusion
This thesis has added to the current evidence-base on the association between metabolic disease and cancer.
This work has wide-ranging clinical and public health implications. These include insights into the potential
mechanisms of cancer; assessment of the burden and consequences of metabolic disease; recommendations
to clinicians to be vigilant in ensuring diabetes patients are up to date with cancer screening according to
screening guidelines for the general population; aggressive management of risk factors among young-onset
type 2 diabetes to prevent premature mortality; the need to adapt our health care systems to meet the changing
needs of diabetes patients in the future and the need for lifestyle modification programs to prevent both type 2
diabetes and cancer. Considering the high prevalence of diabetes and the MetS, even a small increase in cancer
risk could have severe consequences at the population level. Therefore, it is imperative that we use this and
similar data to inform policies that will improve the health and care of people living with metabolic disease.
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CHAPTER 1
Introduction

Diabetes has become one of the biggest challenges of the 21st century.1 In 2015, almost 415 million people
worldwide were living with diabetes and this is expected to increase to 642 million by 2040 as a result of
population growth, aging, unhealthy diets and sedentary lifestyles.2 In addition, one-quarter of the world’s
adult population has the metabolic syndrome (MetS) which directly increases the risk of diabetes, cardiovascular
disease (CVD) and all-cause mortality.3,4 Diabetes and the MetS are becoming increasingly prevalent worldwide,
and both are thought to be associated with an increased incidence and mortality from many cancers. Cancer is
the second leading cause of death in economically developed countries and the third leading cause of death
in developing countries.5 Diabetes, the MetS and cancer are common diseases with a considerable impact on
public health. Therefore, improving our understanding of risk factors and consequences of these diseases is
of increasing importance to improve screening programs, identify preventive strategies and develop novel
therapies.
This introductory Chapter will first define diabetes and the MetS, their risk factors and associated complications.
Second, this Chapter will summarise the current body of evidence linking diabetes, the MetS and cancer, and
highlight relevant paucities in the literature at the time of commencement of this PhD. Last, this Chapter will
briefly summarise the main objectives of this thesis and the relevant publications that have arisen from this work.
This Chapter provides the background for why this thesis has been necessary to advance our understanding of
the association between metabolic diseases and cancer.

1.1

Metabolic Disease

Metabolism refers to the biochemical processes that allow us to grow, reproduce, repair damage and respond
to our environment. Metabolic disease arises when these biochemical pathways are disrupted. This thesis will
consider two key metabolic disorders: diabetes and the MetS.
1.1.1

Diabetes

Diabetes mellitus, more commonly referred to as diabetes, consists of a group of metabolic diseases
characterised by hyperglycaemia with disturbances of carbohydrate, fat and protein metabolism resulting from
defects in insulin secretion, insulin resistance, or both.6 There are two main types of diabetes: type 1 diabetes
and type 2 diabetes.

2

Chapter 1

1.1.1.1 Type 1 Diabetes
Type 1 diabetes accounts for 5–10% of all people with diabetes7 and is a state of absolute or near absolute
insulin deficiency usually caused by autoimmune destruction of pancreatic β-cells.8 People with type 1 diabetes
therefore require insulin therapy for survival. The disease can affect people of any age but is usually diagnosed in
children or young adults. Characteristic symptoms of uncontrolled hyperglycaemia include polyuria (excessive
urination), polydypsia (excessive thirst), blurring of vision, weight loss and infections. The underlying cause of
type 1 diabetes is unknown, though there are several postulated causes.
First, there is considerable geographic and ethnic variation in the risk of type 1 diabetes. For example, the
incidence of type 1 diabetes varies from 0.73/100,000 per year in China9, to 18/100,000 in Australia10, to
60/100,000 in Finland11. This equates to a child in Finland being 100 times more likely to develop diabetes
than a child in China. These variations suggest different pools of susceptibility genes, or different prevalence
of causative environmental factors, or a combination of both. Second, there is evidence for marked variations
in type 1 diabetes incidence by season. For example, declines in type 1 diabetes incidence have been noted in
the warmer months, implicating a climatic factor, possibly exposure to vitamin D.12 In vitro studies have shown
vitamin D3 to be immunosuppressive and experimental models of autoimmunity have shown vitamin D to be
protective for type 1 diabetes.13 However, observational studies in humans are conflicting. A birth-cohort in
Europe has reported a protective effect of vitamin D supplementation14 while other studies have demonstrated
no association.15 It is also possible that seasonal variations in type 1 diabetes incidence may be explained by
exposure to viral infections in people with autoimmunity.16 Several viruses have been linked to type 1 diabetes,
in particular the herpes virus, mumps, rubella and retroviruses.17 Several studies also implicate enteroviruses in
the pathogenesis of type 1 diabetes, though evidence is conflicting.18 Lastly, family history of type 1 diabetes19
and susceptibility genes, such as specific HLA geneotypes,20 are also associated with an increased risk for type 1
diabetes. In addition, for unknown reasons, the incidence of type 1 diabetes has been increasing progressively
over the last half century by 3–5% per year.21-23 Hypotheses include changes in environmental risk factors
including increased obesity, early events in the womb, diet early in life and/or viral infections.24
1.1.1.2 Type 2 Diabetes
Type 2 diabetes is the most common form of diabetes, accounting for 90–95% of all diabetes7 and is characterised
by disorders of insulin resistance and insulin secretion.8 This leads to an inadequate, compensatory increased
production of insulin, during early stages of type 2 diabetes, resulting in hyperinsulinaemia. In later stages
of type 2 diabetes, pancreatic β-cells fail to produce adequate insulin, resulting in hyperglycaemia. Type 2
diabetes usually occurs in adults but is increasingly seen in children and adolescents.25 Symptoms of type 2
diabetes may be minimal or even absent and therefore a diagnosis can be delayed for many years. In fact, it
is estimated that close to half of all people with diabetes are unaware of their disease.2 This is of considerable
importance as in this time, excess glucose is causing damage and people are often not diagnosed until
complications have already begun to develop. Indeed, several studies have found that many people with
undiagnosed diabetes already have complications such as chronic kidney disease, heart failure, retinopathy
and neuropathy.26-28 Strategies to identify diabetes in its early stages may be warranted to prevent or reduce
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the risk of developing complications. However, current evidence that screening will reduce diabetes-related
is questionable. Evidence from the Diabetes Prevention Program (DPP), a 27-center randomised clinical trial,
failed to show that intervention, either with lifestyle modifications or pharmalogical treatment (metformin),
decreased miscrovascular outcomes.29
Although the reasons for developing type 2 diabetes are still not clear, there are several known risk factors.
Obesity and weight gain have consistently been shown to be one of the strongest modifiable risk factors for
diabetes.30-32 It is estimated that 60–90% of people with type 2 diabetes are obese and obesity itself causes
insulin resistance.33 However, the majority of obese people do not develop diabetes and therefore obesity is
only one factor that leads to the development of type 2 diabetes. Ethnicity is also a known risk factor for type
2 diabetes with considerable variations in diabetes prevalence among different ethnic groups. For example,
in the US between 1988 and 2012, the prevalence was 1.9 and 2 times greater in African Americans and
Latino Americans respectively, as compared with white Americans of the same age with prevalence estimates
of 21.8% and 22.6% respectively, compared with 11.3% for white Americans.34 Pima Indians and Pacific Island
populations have the highest prevalence of diabetes in the world, with 40–50% of adults living with diabetes.35-37
In Australia, Indigenous populations have an age-adjusted diabetes prevalence more than three times that of
non-Indigenous Australian populations, with estimates of 18% and 5.1%, respectively.38 The risk of type 2
diabetes also increases with age,39 family history of diabetes40 and lifestyle behaviours such as smoking41,
physical inactivity42 and poor diet.43 In fact, 80–90% of all causes of type 2 diabetes have been attributed to the
unhealthy lifestyle practices that come with modern industrialised environments.44
In 2015, the global prevalence of diabetes was estimated to be 8.8%. This equates to 415 million people, with the
majority of this burden being attributed to type 2 diabetes.2 Consequently, type 2 diabetes and its complications,
discussed below, have a considerable health and economic burden.2 And most cases are preventable. Evidence
from the DPP first demonstrated that intensive lifestyle intervention of weight loss and exercise decreased the
incidence of diabetes by 58% in those who were at high risk for diabetes. This was considerably higher than
the 31% of diabetes cases that were prevented in the pharmacological treatment arm.45 This finding has now
been replicated in several studies in various high risk populations.46,47 Specific targets for diabetes prevention
and halting the growth of obesity and diabetes is now high on the global action plan for the prevention and
control of non-communicable diseases.
1.1.1.3 Other forms of diabetes
There are several other specific types of diabetes that are less common. These can be broadly classified into
gestational diabetes (diabetes during pregnancy), genetic defects of β-cell function, genetic defects in insulin
action, diseases of the exocrine pancreas, infections, drug- or chemical-induced, endocrinopathies, immunemediated diabetes and other genetic syndromes sometimes associated with diabetes.8 These forms of diabetes
will not be discussed further in this thesis.
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1.1.1.4 Diabetes complications
People with diabetes are at risk of developing a number of diabetes complications. These are, in general,
divided into microvascular and macrovascular complications. The microvascular complications of diabetes
include nephropathy (kidney disease), retinopathy (blindness) and neuropathy (leading to amputations, joint
problems and foot ulcers).48 Strict glycaemic control, as shown in clinical trials, can reduce the incidence of
microvascular complications.49 The macrovascular complications of diabetes are underpinned by the process
of atherosclerosis which leads to narrowing of the arterial walls throughout the body.50 This process ultimately
leads to an increased risk for CVD. In people with type 2 diabetes, the risk of having an incident myocardial
infarction or stroke is increased 2- to 3-fold, independent of other known risk factors for CVD.51 Type 1 and
type 2 diabetes have a 5.2 and 4.9 increased risk for CVD mortality respectively, compared with people without
diabetes.52 In fact, CVD is the primary cause of death in people with either type 1 or type 2 diabetes53,54 and
accounts for the greatest component of health care expenditure in people with diabetes.55 The benefits of
improved glycaemic control are less clear with respect to macrovascular disease where large-scale clinical trials
have shown that in patients with long duration of diabetes, strict glycaemic control may in fact be detrimental
in some circumstances.56,57
Recently, evidence suggests that mortality from these ‘traditional’ complications of diabetes, in particular CVD,
may be decreasing.58-60 While these findings should be confirmed in other populations, these trends suggest
improvements in the treatment and prevention of diabetes complications over time. However, with people
with diabetes now less likely to die from CVD, attention has shifted to other non-traditional complications of
diabetes, such as cancer. This is discussed in greater detail in Section 1.2 and in Chapter 3.
1.1.2

Metabolic Syndrome

The MetS is defined by a constellation of interconnected physiological, biochemical, clinical and metabolic
factors that directly increase the risk of CVD, type 2 diabetes and all-cause mortality.61 Features of the MetS
include obesity (particularly central obesity), hypertension, dyslipidaemia (specifically hypertriglyceridemia
and low high-density lipoprotein (HDL) cholesterol) and insulin resistance. The concept of the MetS was first
described by Kylin in the 1920s62 and by 1988, Reaven had established the importance of this syndrome and
suggested a conceptual framework to link these apparently unrelated clinical and biochemical characteristics.63
Today, the pathophysiological basis for the association between these factors remains unidentified. However,
central obesity and insulin resistance are believed to be central to understanding the pathogenesis of the
syndrome.64
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Table 1.1 Harmonised criteria for identifying the metabolic syndrome
Measure

Categorical thresholds

Elevated waist circumference

Population and country-specific definitions

Elevated triglcyerides

≥1.7 mmol L-1 or drug therapy for hypertriglyceridemia

Reduced HDL-cholesterol

<1.0 mmol L-1 in men, <1.3 mmol L-1 in women or drug
therapy for low HDL-cholesterol

Elevated blood pressure

Systolic ≥130 mmHg and/or diastolic ≥85 mmHg or drug
therapy with a history of hypertension

Elevated fasting plasma glucose

≥5.6 mmol L-1 or glucose-lowering therapy

Source: Alberti KG, Eckel RH, Grundy SM, et al. Harmonizing the metabolic syndrome: a joint interim statement
of the International Diabetes Federation Task Force on Epidemiology and Prevention; National Heart, Lung,
and Blood Institute; American Heart Association; World Heart Federation; International Atherosclerosis
Society; and International Association for the Study of Obesity. Circulation 2009.120(16):1640-5

Different national and international organisations have produced various overlapping, but different, iterations
of diagnostic criteria for the MetS over the last 15 years. To address recognised shortcomings in previous
definitions, in 2009, a harmonised definition was generated by a working group on behalf of the International
Diabetes Federation (IDF), National Heart Lung and Blood Institute, American Heart Association, World Heart
Federation, International Atherosclerosis Society and the International Association for the Study of Obesity.3
Currently, any three out of the five criteria listed in Table 1.1 constitutes a diagnosis of the MetS. Population and
country specific definitions of elevated waist circumference (WC) reflect the inherent differences in ethnicity for
definitions of central obesity.
The MetS confers a 5-fold increase in the risk of type 2 diabetes and 2-fold increase in risk of developing
CVD over 5–10 years.3 The MetS is currently used in clinical practice as a simple tool to predict future risk of
developing type 2 diabetes and/or experiencing a CVD event.65 However, the clinical utility of the MetS above
and beyond its individual components has been controversial with sceptics arguing that the label of the MetS
adds little to established methods for risk calculation for type 2 diabetes and CVD.66-68 The MetS has also been
implicated as a risk factor for cancer, discussed in detail in Chapters 1.3 and 5, but its utility in predicting cancer
risk in also not clear.

1.2

Diabetes and Cancer: The Evidence

An association between diabetes and cancer has been recognised for many years. Epidemiologists first noted
an association between diabetes and cancer in the early part of the 20th century when it was observed that
diabetes and cancer were being diagnosed within the same individual more frequently than would be expected
by chance.69,70 However, until the 1990s much of the epidemiological findings were inconsistent due to many
confounding risk factors that were not accounted for in previous research. Since then, a wealth of research has
been conducted in the field of diabetes and cancer.
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Numerous epidemiologic studies have identified associations between type 2 diabetes and several types of
cancer in various populations. The large amount of literature on this topic has been summarised in several
recent reviews.69-71 While the literature indicates a strong and consistent association between type 2 diabetes
and cancer, the magnitude and direction of the association depends on the specific site of the cancer.72 The
strongest relationships have been demonstrated for liver73 and pancreatic74 cancers, although these may
also reflect some degree of reverse causality, with the cancer itself leading to the onset of type 2 diabetes.
Risk of endometrial cancer appears to be doubled in women with diabetes75 and risks of breast, colorectal,
bladder, stomach, kidney and non-Hodgkin’s lymphoma are approximately 20–40% higher in people with type
2 diabetes.76-81 Interestingly, there appears to be a protective effect of diabetes for prostate cancer, in the
neighbourhood of 15%, which is thought to be due, in part, to reduced levels of endogenous testosterone
levels in men with type 2 diabetes.82 On the other hand, although the number of studies is small, there appears
to be no consistent association with lung,83 thyroid84 and ovarian85 cancers.
Although many of these studies do not specifically record diabetes type, 90–95% of adults with diabetes have
type 2 diabetes. Therefore, at least 90% of the populations in these studies would have type 2 diabetes. In
contrast to type 2 diabetes, studies on the risk of type 1 diabetes and cancer have been few and largely
inconsistent. This is most likely due to variability in definitions of type 1 diabetes and differences between
cohort and case-control study designs. Nonetheless, some studies report increased risks for pancreatic, liver,
mouth and pharyngeal, stomach, skin and ovarian cancer, as well as leukaemia in those with type 1 diabetes.86
For other rarer malignancies and cancer-specific mortality, the number of studies is small, and more importantly,
they usually lack adequate power to reliably explore these associations. The ability to tease out relationships of
type 1 and type 2 diabetes with site-specific cancer (especially the magnitude of the association), is hampered
largely by the lack of cohorts of sufficient size and long follow-up time.
1.2.1

Potential mechanisms linking diabetes and cancer

Biological mechanisms
A number of biologically plausible explanations exist for the observed association between diabetes and
cancer, including metabolic derangements typical of diabetes, in particular hyperglycaemia or insulin resistance
and hypersinulinaemia.69,72 Evidence is accumulating that hyperinsulinaemia promotes tumour cell growth
directly via the insulin receptor, or indirectly via the insulin-like growth factor I (IGF-I) receptor, both of which
are expressed on many cancer cells.87-89 High levels of circulating IGF-I are associated with increased risk of
certain cancers including colorectal, breast and prostate cancers.90-92 Alternatively, hyperglycaemia may drive
associations between diabetes and cancer, though studies are inconclusive. It is well known that cancer
cells take up glucose at a higher rate compared with non-cancerous cells. Therefore, it is plausible that an
environment abundant in glucose, as is seen in diabetes, could promote the growth of cancer cells. A recent
European study found that higher glucose levels were associated with increased risks for several cancers.93
However, data from large randomised controlled trials of intensified glycaemic control suggest that cancer risk
is not reduced by improving glycaemic control in type 2 diabetes which does not support the hypothesis that
hyperglycaemia is causally linked to increased cancer risk.94 It should be noted, however, that trials such as these
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were not designed to examine cancer incidence as a primary outcome and all of the patients in these studies
already had diabetes and therefore were all at potentially increased risk of cancer. Therefore, the jury is still
out as to whether hyperglycaemia plays an important role in associations of diabetes and cancer. Nonetheless,
hyperglycaemia occurs in both type 1 and type 2 diabetes, while insulin resistance and hyperinsulinaemia are
much more prominent in type 2 diabetes. Therefore, investigating both diabetes types may shed light on the
likely mechanistic pathway and the role of hyperglycaemia in these associations.
Shared risk factors
Diabetes and cancer share many common risk factors. Overweight and obesity are known to be associated with
an increased incidence of several cancers including colorectal, endometrium, pancreas, oesophageal, kidney,
gallbladder, ovarian, breast and liver cancers.95-100 Obesity is a known risk factor for type 2 diabetes33 and in
countries where obesity prevalence is high, people with type 1 diabetes are also more likely to be obese.24
Obesity leads to insulin resistance, which may partly explain associations with cancer.101 Studies of visceral
adiposity, a marker of insulin resistance, have shown increased risks for both type 2 diabetes102 and certain
cancers103 independent of body mass index (BMI).
Poor dietary habits and physical inactivity are also important confounding factors to be considered in studies
of diabetes and cancer as they may mediate cancer risk via insulin resistance and obesity95,104 Similarly, tobacco
smoking is more common in people with type 2 diabetes and is a risk factor for several cancers.105 These
primary modifiable risk factors are also closely associated with socioeconomic status, another potentially
important factor to be considered in analysis of diabetes and cancer.106 While exploring these factors in detail
is not the aim of this thesis, they are important considerations in our understanding of associations between
diabetes and cancer.
Competing risks
Another consideration is the potential impact of competing risks. The concept of competing risk suggests that
among people with diabetes, an increased risk of death due to other causes, most notably CVD, would compete
for the incidence of cancers, which may have a longer latency period.72 For example, improvements in CVD risk
reduction have led to reduced CVD mortality in the general population as well as the diabetic population.107
It might be expected that, as life expectancy increases, we will see an increase in the number of cancer cases
in the diabetic population, but we would only see an increase in cancer rates if the additional survivors are
more susceptible to cancer, which is unlikely to be the case. However, if one competing risk (CVD, for example)
decreases without change in the cancer rates, we will observe an increasing cumulative risk of cancer, and
hence an apparent increase in the cancer burden.72
Detection bias and reverse causality
It is also possible that the observed risk estimates for diabetes and cancer risk may be due to methodological
challenges in previous research. For example, detection bias has been suggested as a plausible explanation,
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at least in part, for the observed association between diabetes and cancer risk.72,108,109 Detection bias may
occur when cancer is more likely to be observed for people with newly diagnosed diabetes compared to
people without diabetes simply due to increased interaction with the health care system as a result of the
new diagnosis. Alternatively, detection of diabetes may occur in people seeking medical care for symptoms
related to cancer. It is this differential health care utilisation and use of screening tests that may lead to an
overestimation of cancer risk for people with diabetes.
Alternatively, reverse causality could explain associations of diabetes and cancer. Dysfunction in insulin
secretion as a consequence of cancer may be sufficient to induce hyperglycaemia, particularly in individuals
with underlying insulin resistance.72 This is of particular relevance for associations between diabetes and
pancreatic cancer, which has been discussed in detail in Appendix 1. Cancer affecting similarly active metabolic
organs such as the liver may also result in derangements of glycaemic control and cause diabetes onset.
While reverse causality is a potential alternative hypothesis for the observed associations between diabetes,
particularly type 2 and cancer, evidence suggests it is unlikely to explain the entirety of the association.72 For
example, studies have shown that observations of elevated pancreatic cancer risk persist up to ten years after
diabetes onset. This is unlikely to be due to reverse causality as pancreatic cancer is rapidly progressive and
generally fatal.110 Therefore, pancreatic cancer is only likely to lead to diabetes in the short term (<6 months)
and not for extended periods following diabetes diagnosis.
Thus, these relationships are complex and require the use of large, population-based datasets with long followup time and the application of advanced epidemiologic methods to disentangle true associations from bias.

1.3

Metabolic Syndrome and Cancer

There is emerging evidence that the MetS, a syndrome on the continuum between obesity and type 2 diabetes,
may be an important etiologic factor in the development and progression of certain types of cancer and cancer
mortality.111 A 2012 meta-analysis reported that the MetS is associated with a low to modest increased risk
for colorectal, post-menopausal (PM) breast, bladder, pancreatic, endometrium and liver cancers,112 but for
prostate cancer evidence is conflicting. Some studies report an increased risk,113 others report a decreased
risk114 and others report no association with the MetS.112 In addition, the association between the MetS and
cancer differs betweens sexes, populations and varying definitions of the MetS making it difficult to make
direct comparisons between studies.112
Mechanisms linking the MetS and cancer are not well understood. The MetS may be a surrogate marker for
other cancer risk factors, such as decreased physical activity, consumption of high-calorie dense foods, high
dietary fat intake, low fibre intake and oxidative stress.3 It is also possible that the association may be mediated
by obesity, insulin resistance and overt hyperglycaemia, which have been repeatedly associated with increased
risks for some common cancers115,116 and are important factors contributing to the prevalence of the MetS.
There is also some evidence to suggest that elevated blood pressure (BP) is associated with an increased cancer
risk117 while HDL-cholesterol has been shown to have an inverse association with cancer.118 It remains to be
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elucidated if factors within the MetS act in synergy on the risk of cancer or if individual components are driving
observed associations. This thesis will explore, in detail, associations of two individual MetS components,
obesity and hypertension with cancer risk.
1.3.1

Obesity and cancer

Obesity is a well-established risk factor for cancer. Reports from the World Cancer Research Fund have
confirmed that there is sufficient evidence to support causal associations between obesity and cancers of the
oesophagus, pancreas, colon, rectum, gallbladder, kidney, breast [post-menopause (PM)], endometrium and
ovaries.95-100 Findings for prostate cancer, however, are mixed with some studies suggesting that there may be
associations only in those with advanced prostate cancer.119 Given the plausibility of the biological explanations
(detailed below), the consistency of associations across studies, excluding prostate cancer, and the sufficiently
long latency times between measurement of obesity and cancer occurrence, many of these associations are
likely to be causal.120 Additionally, recent studies of patients undergoing bariatric surgery for morbid obesity
point to a reduction in cancer incidence associated with sustained weight loss121,122 which adds further weight
to a causal association between obesity and cancer risk.
Currently, findings suggest sex and cancer site-specific biological mechanisms underpin associations between
obesity and cancer and it is unlikely that there is one single underlying mechanism.120 The three most common
pathways proposed are those involving insulin and IGF,88 sex steroids123,124 and adipokines and markers of
chronic inflammation (all linked through insulin resistance).125 The insulin-cancer hypothesis was postulated
over a decade ago by Eyseen126 and Giovannucci.127 They suggest that hyperinsulinaemia may contribute to
cancer developing through the growth-promoting effect of elevated levels of insulin. In its simplest form,
prolonged hyperinsulinaemia reduces the production of IGF binding protein (IGFBP)-1 and IGFBP-2 (which
normally binds to IGF-1 and inhibits its action). This results in an increase in levels of free or ‘bioactive’ IGF-I
and concomitant changes in the cellular environment that favours tumour development.120
Over the past decade, it has also become clear that adipose tissue is a highly active and large source of
endocrine and metabolic activity.128 It is thought that most established risk factors for breast cancer probably
act through oestrogen-related pathways and increased concentrations of circulating oestrogen-related
hormones have been linked to breast cancer risk.120 Experimental evidence from in vitro and animal models
supports this finding demonstrating that oestrogens are mitogenic in normal and neoplastic mammary tissues.
Adiposity is also inversely related to testosterone concentrations in men115 but positively related in women.129
Elevated blood concentrations of androgens have been associated with increased risk of breast cancer in
women, though experimental evidence is conflicting as animal studies show that androgens actually inhibit
breast tumour growth.130
Obesity also leads to altered expression profiles of various adipokines and cytokines including leptin, adiponectin,
interleukin (IL)-6, tumour necrosis factor (TNF)-α and IL-1β.131 The increased levels of leptin and decreased
adiponectin secretion have been directly associated with cancer development in several studies.131-133 Overall,
research suggests most adipokines promote cancer cell progression via enhancement of cell proliferation and
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migration, inflammation and anti-apoptosis pathways, which subsequently can promote cancer metastasis.134
However, further research and longitudinal studies are needed to define the specific independent and additive
roles of adipokines in cancer progression and reoccurrence.135
The majority of epidemiologic studies exploring associations between obesity and cancer use BMI as a marker
of general adiposity or obesity. BMI is a useful tool in both clinical medicine and population health to predict
health risk related to weight and is easily measured. However, BMI has known limitations. Namely, the inability
to distinguish between muscle and fat accumulation and it does not reflect fat distribution.136 Measures of
central adiposity [e.g. waist circumference (WC) and waist-to-hip ratio (WHR)] have been shown to better
reflect abdominal adiposity than BMI and have stronger associations with cardio-metabolic risk factors and
outcomes.137-140 However, for cancer, results are less clear. Central adiposity, as assessed by WC or WHR, has
been associated with PM breast cancer in several studies, independent of BMI.141-142 However, a more recent
review showed that adjustment for BMI attenuated the relationship between WC or WHR and risk of PM breast
cancer to the null.143 Studies of colorectal cancer show WC and WHR are more strongly associated with cancer
than BMI in men, but this has not been shown for women.144 Studies of oesophageal,145 endometrial146 and
pancreatic cancers147 also suggest stronger associations with central adiposity than with BMI. For prostate
cancer, several large studies have found an increased BMI to be associated with an increased risk for prostate
cancer, though others have shown no association.148 A Chinese study has shown that men in the highest quartile
of WHR have a three-fold increased incidence of prostate cancer compared with men in the lowest quartile of
WHR, but no association was seen for BMI.149 Other studies show that central obesity may play a role only in
advanced stages of prostate cancer.119 However, an important caveat in all of these aforementioned studies is
that including separate anthropometric measures in the same model can lead to difficulties in interpretation
of results, because of the high degree of co-linearity between the anthropometric variables. To understand if
central or general adiposity is driving the association with incident cancer, separate models need to be fitted
and compared. This is yet to be done.
1.3.2

Hypertension and cancer

Epidemiologic evidence points to the possibility that high BP, or hypertension, is also a significant risk factor
for cancer. Several prospective studies have demonstrated clearly that hypertension is a risk factor for incident
cancer,117,150-155 though only few studies have explored associations with cancer mortality and these have
been inconsistent.154,156,157 In addition, these studies are often hampered by small sample sizes and/or lack of
information on important confounders, such as smoking habits and obesity.
If we assume a causal relationship between hypertension and cancer, three main hypotheses have been proposed
to explain the observed associations. First, medications used in the treatment of hypertension may cause cancer
by directly promoting carcinogenesis, accelerating other carcinogens or impeding defence mechanisms.158 Some
studies report that anti-hypertensive medication, in particular diuretics, may be associated with an increased
cancer risk even in those who are normotensive.159,160 The mechanisms underpinning these associations, however,
are not well understood and continue to be investigated. In addition, a 2011 meta-analysis concluded that diuretics
or any other single anti-hypertensive medication are not associated with an increased cancer risk, though it cannot
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be ruled out that a combination of anti-hypertensive drugs may confer an increased risk for overall cancer.161
Second, there may be a common mechanism linking BP regulation and cancer development, independent of
anti-hypertensive treatment.154 For example, it has been speculated that the association between hypertension
and cancer may be mediated via abnormalities in vascular smooth muscle cells.162 These abnormalities result
in increased apoptosis and proliferation as well as a shortened cell cycle and lead to enhanced cell turnover.
This increased cell turnover becomes the target of degeneration and of neoplasia (cancer).162,163 Third, it is also
possible that cancer itself may lead to hypertension.117 Earlier work by Rees suggests that tumour cells secrete
hormones that lead to BP elevation.164 This is supported by elevated adrenocortical hormones found in the
blood of patients with a variety of cancers.117 Buck et al. also found an elevated cancer incidence among new
hypertensives, consistent with the hypothesis that certain sites of cancer are capable of producing hormones
that raise BP.117 Alternatively, the association between hypertension and cancer may be confounded by factors
such as central obesity, which might not have accurately been adjusted for in previous studies.153
Most previous studies have recognised that it is difficult to disentangle the separate effects of hypertension
and anti-hypertensive treatment as they are highly correlated. Other key deficiencies in previous work include
small sample sizes and a lack of information on key confounding factors for hypertension and cancer.
Disentangling these associations has important clinical implications for the pharmacological management of
people with hypertension. If anti-hypertensive medication is indeed found to be causally linked with cancer,
a review of current guidelines for the use of anti-hypertensive medication, even in light of their known CVD
benefits, may be warranted.

1.4

Thesis Aims

Against this backdrop of evidence and current knowledge gaps, this thesis specifically aims to address the
following:
i.

To examine secular trends in excess all-cause and cause-specific mortality in people with type 1 and type
2 diabetes compared with the general population, overall and by age group

ii.

To quantify associations of type 1 and type 2 diabetes with cancer

iii. To quantify associations of the MetS and individual components of the MetS with cancer
To adequately address these questions, prospective, population-based studies with high quality databases and
long follow-up time are needed. Understanding the epidemiologic links between metabolic disease and cancer
and determining the mechanisms through which these conditions are linked is a research priority in order to
prevent and treat cancers that are more likely to occur in those with diabetes and/or the MetS.
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CHAPTER 2
Data Sources

Publications included in this thesis pertain to results derived from analyses conducted using four national
data sources: the National Diabetes Service Scheme (NDSS); the Australian and New Zealand Diabetes and
Cancer Collaboration (ANZDCC); the National Death Index (NDI); and the Australian Cancer Database (ACD).
The NDSS is a large-scale administrative database of Australians with diagnosed diabetes and the ANZDCC
is a large pooled cohort comprised of 18 population-based cohort studies within Australia and New Zealand
(ANZ). Both the NDSS and ANZDCC cohorts were linked to the ACD and the NDI to obtain incident cancer
and mortality outcomes, respectively. One NZ study included in the ANZDCC was linked to the respective NZ
cancer and mortality registries but will not be discussed in detail. All data received by the Clinical Diabetes and
Epidemiology unit at the Baker IDI Heart and Diabetes Institute was de-identified. A summary of these data
sources is provided below.

2.1

The National Diabetes Service Scheme

The NDSS is an Australian government initiative established in 1987 and administered by Diabetes Australia. The
NDSS delivers education and information services to people with diabetes. It also provides a range of diabetes
products, such as glucose testing strips and insulin syringes, at a subsidised cost.1 Registration is free and open
to all Australians with diagnosed diabetes. Registration onto the NDSS, including specification of diabetes
type, must be certified by a registered medical practitioner, or by a credentialed diabetes educator. NDSS
registrants include those with diagnosed type 1, type 2, gestational diabetes, or diabetes caused by a genetic
defect, pancreatic disease, hormonal abnormality or exposure to certain drugs and chemicals. Diagnoses of
pre-diabetes or impaired glucose tolerance are not included on the registry.1
For the studies outlined in this thesis, over one million individuals with a diagnosis of type 1 or type 2 diabetes
registered on the NDSS between 1997 and 2011 were included. However, due to migration from the terms
insulin (IDDM) and non-insulin dependent diabetes (NDDM) to type 1 or type 2 during this time period, there
is some misclassification of diabetes type. Therefore, for this thesis, type 1 diabetes status was assigned to
registrants who were recorded as type 1 on the NDSS registry, were diagnosed <45 years of age and were
taking insulin. Registration date was used as a proxy for diagnosis date as a large proportion of registrants
(54.4% type 1 and 32.8% type 2) were missing date of diagnosis, many of whom registered in the early years
of the operation of the NDSS and had had diabetes for a number of years. We chose 45 years as the cut-off
to minimise the number of people with type 1 diabetes that we would miss, without misclassifying significant
numbers of people with type 2 as type 1.2 Additionally, registrants who were recorded as type 2 on the registry,
were diagnosed before the age of 30 and taking insulin within one year of diagnosis date were reclassified as
type 1 diabetes. All others were classified as type 2 diabetes.

26

Chapter 2

There are several inherent strengths and limitations in using administrative databases such as the NDSS for
research purposes. These have been discussed briefly in Chapters 3.1, 3.2, 4 and in detail in Chapter 7.2 Strengths
and Limitations.

2.2

The Australian and New Zealand Diabetes and Cancer Collaboration (ANZDCC)

The ANZDCC is a pooled cohort comprised of all longitudinal cohorts in Australia and New Zealand (ANZ) from
1983 onwards with information on diabetes, hypertension, anthropometry and the metabolic syndrome (MetS)
and with a sample size ≥1000. This pooled cohort is the largest study to ever examine the relationship between
diabetes, hypertension, anthropometry, the MetS and cancer with individual-level data. It includes 153,025
men and women from a population-based sample of ANZ adults.
The purpose of the ANZDCC, the study sample and the strengths and weaknesses of this pooled cohort have
been detailed in the following publication, included at the end of this chapter:
Harding JL, Shaw JE, Koshkina V, Magliano DJ. Cohort profile: The Australian and New Zealand Diabetes and
Cancer Collaboration (ANZDCC). Australasian Epidemiologist 2014; 21(2):51-7
Additional discussion on the key strengths and limitations of this data source has also been provided in Chapters
5, 6.1, 6.2 and in detail in Chapter 7.2 Strengths and Limitations.

2.3

National Death Index

The NDI is a database, housed at the Australian Institute of Health and Welfare (AIHW), which contains records
of all deaths occurring in Australia since 1980. The data is obtained from the Registrars of Births, Deaths and
Marriages in each State and Territory.
The NDI database comprises the following variables for each deceased person: name, date of birth, age at
death, sex, date of death, State/Territory of death registration. Cause of death information is coded according
to the International Classification of Disease coding 10th Revision (ICD-10) and includes the underlying cause
of death (the disease or injury that initiated the events resulting in death) and all other contributory causes
of death specified according to whether they appear in Part I (events leading to final death event with Part IA
referring to the final disease or condition resulting in death) or Part II (all other conditions contributing to death
but not resulting in the underlying cause given in Part I) of the death certificate.
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Australian Cancer Database

The ACD, also housed at AIHW, is a data collection of all primary, malignant cancers diagnosed in Australia
since 1982. It is a statutory requirement to notify the registry of all cases of malignant neoplasms. Only the
first occurrence of a cancer is included; recurrences and metastases are not included. Tumours diagnosed
as benign, of borderline malignancy or in situ are also not included. In addition, basal cell carcinomas and
squamous cell carcinomas of the skin are not included because they are not notifiable diseases.

2.5

Data Linkage

The NDSS and Australian participants of the ANZDCC cohort were linked to the NDI and ACD databases. This
data was linked from 1997 and 1983 for the NDSS and ANZDCC, respectively, up until 2011. This linkage was
conducted by AIHW using the general framework of Fellegi and Sunter.3 Linkage of the Fremantle Diabetes
Study (FDS), a cohort of people with diabetes included in the ANZDCC cohort, was linked by the Western
Australian Data linkage unit using similar methodology. First name, second name, third name, sex and date of
birth were used to conduct the linkage.
The record linkage methodology assigns each compared pair of records a record pair comparison weight. For
results derived from NDSS data, we set a match link rate of 98.1% (true matches/correct links) with link accuracy
of 98.2% (1.8% expected to be false positive links). For results derived from ANZDCC data, we set a match link
rate of 97.70% with link accuracy of 97.92% (2.08% expected to be false positive links).4 NZ participants of the
ANZDCC cohort, those from the Fletcher Challenge Study, were linked to the NZ Cancer Registry and mortality
database using National Health Index numbers, unique identifiers assigned to every person who uses health
and disability support services in New Zealand.
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Abstract
There is now a wealth of data supporting a link between
diabetes, and obesity, with cancer. While the data strongly

epidemiological evidence to show that diabetes 5 , and
obesity6 , along with the metabolic syndrome (MetS)7 and
hypertension8 , are associated with cancer.

suggests an association, there is less clarity about site-

There is a wealth of data supporting a link of diabetes with

speciﬁc cancers. This is often due to limitations in sample

cancer, especially in westernised populations. This evidence

size. Additionally, many studies do not consider important

is derived from meta-analyses and pooling projects from

confounding variables such as central adiposity, smoking,

various part of the world. While the data strongly suggests

and physical activity. In 2010, we initiated the Australian

a link, there is less clarity around particular site-speciﬁc

New Zealand Diabetes and Cancer Collaboration (ANZDCC)

cancer. The key deﬁciencies are that not all studies include

in order to create a large pooled cohort to investigate factors

an assessment of important confounding variables such as

of diabetes, pre-diabetes, obesity, metabolic syndrome, and

physical activity, waist circumference (WC) or hip

hypertension, with cancer risk. We included all longitudinal

circumference (HC), which are key confounding factors for

cohorts in Australia and New Zealand from 1983 onwards

diabetes, pre-diabetes, and cancer. To date there are few data

with information on diabetes, hypertension, anthropometry,

on diabetes, pre-diabetes, obesity, MetS, hypertension, and

and with a sample size ≥1000. These baseline data

cancer in Australia and New Zealand.

(n=153,025) were linked to the national cancer and mortality
registries to obtain longitudinal follow-up of cancer and

In 2010, we initiated the Australian New Zealand Diabetes

mortality outcomes for all participants in the pooled cohort.

and Cancer Collaboration (ANZDCC) in order to create a

This study will provide insights into the potential

large pooled cohort to investigate factors of diabetes, obesity,

mechanisms of cancer; allow a better and fuller assessment

MetS, and hypertension, with cancer risk. We included all

of the likely burden and consequences of diabetes and

longitudinal cohorts from 1983 onwards with information

obesity; and in the Australia/New Zealand context, inform

on diabetes, hypertension, anthropometry, and with a sample

clinical practice about the appropriate care of patients with

size ≥1000, in Australia/New Zealand. These baseline data

diabetes and obesity.

were linked to the national cancer and mortality registries
to obtain longitudinal follow-up of cancer and mortality
outcomes for all participants in the pooled cohort.

How did the study come about?

The coordinating centre for this project is at the Department

In 2013, an estimated 382 million people had diabetes

of Clinical Diabetes and Epidemiology, Baker IDI Heart and

worldwide, and this number is expected to increase to 592

Diabetes Institute, Melbourne, Australia. The ANZDCC

million by 2030 as a result of population growth, unhealthy

project was approved by the Alfred Health Human Research

diets and sedentary lifestyles.1 In Australia, approximately

Ethics Committee (HREC), the Australian Institute for Health

one million people were living with diabetes in 2011–122 ,

and Welfare (AIHW) HREC, and all state and territory cancer

with an annual cost of approximately $6 billion.3 For obesity,

registry HRECs.

the ﬁgures are equally alarming: in 2011–12, the prevalence
of overweight and obesity for adults aged 18 and over was
62.8%2 , with the total direct cost estimated at $21 billion
(2005).4 Both diabetes and obesity are associated with
signiﬁcant morbidity and mortality from several chronic
illnesses, including cardiovascular diseases (CVD), eye

The purpose of ANZDCC
To determine whether diabetes, pre-diabetes, obesity, MetS,
and/or hypertension are associated with an increased risk of
all cause and site speciﬁc cancer in Australia/New Zealand
populations, after adjusting for potential confounding factors.

disease, neuropathy, lower limb amputations, and chronic
kidney disease. There is also now a large body of
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Zealand. All participants self-completed questionnaires

Figure 1. Map with location of sub-cohorts included
in the ANZDCC

and underwent clinical assessment, including measured
anthropometry (excluding one study which was self-reported).

Australia-wide:
ANBPS2
AUSIAB
ALSWH
LIPID (and New Zealand)

Northern
Territory

The questionnaires included information pertaining to lifestyle
factors and various topics of speciﬁc interest for each study.
Available data for key variables differed by study (Table 1).

Queensland

Where required, variables were harmonised to reﬂect

Western
Australia
FDS
HIMS

consistent categories across studies. Diet intake was also
South
Australia

Perth
Monica

Dubbo
BMES
ALSA
Northwest
Adelaide

collected, but only in a subset of the studies.

New South Wales
Path

Victoria
CUDS
GOS

Newcastle

Australia
Capital Territory

Australian Longitudinal Study of Ageing (ALSA)
Fletcher

ALSA is a longitudinal study aimed at ‘identifying factors that

MCCS

contribute to, and predict, the health and social well-being of
Tasmania

New Zealand

older Australians’.9 Participants aged 70 years and over were
randomly selected from the State Electoral Database, which
includes all residents over 18-years-old, in the Adelaide, South
Australia Statistical Division. Spouses (aged 65 and over) or

Who is in the sample?

co-residents (aged 70 and over) were also invited to participate.9

The distribution of studies across Australia/New Zealand is
shown in Figure 1. The individual studies and their recruitment
methods are detailed below. In total, the pooled ANZDCC

A total sample of 2,705 individuals drawn from the electoral
roll (registration to vote is compulsory for adults in Australia)
were eligible for inclusion in the study, of which 1,477 agreed

includes 153,025 participants across Australia and New

Table 1. Baseline observations and data coverage of ANZDCC cohorts
Variable

ALSA

ALSWH

ANBP2

AUSDIAB

Year of baseline
examination

1992–93

1996

1995–98

Men

1,056

0

Women

1,031

26,096

All

2,087

26,096

Age range

65 – 103

43 – 76

65 – 85

Age (mean±SD)

78.7 ± 6.7

59.4 ± 12.6

72.8±4.9

Ascertainment
of DM status

SR & TRT

SR

SR & TRT

Diabetes (n (%))

182 (8.8)

1,509 (5.8)

Body Mass Index
(mean±SD)

26.0±4.1

25.6±4.8

BMES

CUDS

DUBBO

FLETCHER FDS

1999–2000 1992–93

2001–02

1988–89

1992–93

1993–96

2,910

5034

2,101

635

1,233

7,581

708

3,084

6171

2,719

819

1,572

2,944

715

5994

11,205

4,820

1,454

2,805

10,525

1423

25 – 95

49 – 97

25 – 96

60 – 98

16 – 18

11 – 97

51.5 ± 14.5

64.9 ± 9.7

52.9 ± 15.6

69.2 ± 7.0

43.6 ± 15.1

62.1 ± 13.3

FPG,
HbA1C,
SR & TRT

FPG, SR
& TRT

FPG, SR
& TRT

SR & FPG

SR & TRT

SR, FPG
& HbA1C

292 (4.9)

675 (6.0)

327 (7.6)

106 (7.3)

172 (6.2)

223 (2.1)

1,423 (100)

27.1±4.2

27.0±5.0

26.7±4.8

27.9±5.2

26.0±4.3

26.4±4.2

29.3±5.5

Waist circumference (mean±SD)
Men

96.8±9.8

N/A

100±10.1

97.6±11.5

No data

101±11.6

No data

No data

98.9±13.2

Women

86.6±11.4

89.7±13.9

89.4±11.3

85.5±13.5

No data

89.5±13.9

No data

No data

98.8±13.2

Hip circumference (mean±SD)
Men

102.6±7.5

N/A

105.3±7.8

104.3±7.7

No data

106.5±8.0

No data

No data

109.3±11.6

Women

103.0±10.3

No data

105.6±10.4

105.3±11.6

No data

107.8±12.5

No data

No data

109.2±11.6

Current smoker (%)

7.5

13.2

7.1

15.8

14.9

17.9

15.4

23.6

16.0

Physical activity
(% sufficient)

2.1

41.8

47.5

52.1

36.4

2.9

48.6

72.9

No data

Blood Pressure (mean±SD)
Systolic

148.8±23.4

No data

157.7±18.1

129.4±18.9

144.6±21.4

131.8±22.4

147.5±24.3

12.5.9±16.9

149±24.0

Diastolic

76.5±12.4

No data

85.8±10.0

70.1±11.8

83.8±10.5

72.2±10.1

79.1±12.1

76.8±11.0

80.0±11.2

HDL

1.3±0.4

No data

1.4±0.5

1.4±0.4

1.4±0.4

1.4±0.4

1.3±0.4

No data

1.1±0.3

LDL

4.3±1.1

Cholesterol (mean±SD)

Triglycerides (mean±SD) 1.6±1.00

No data

No data

4.0±1.0

4.24.0±1.0

3.6±0.9

4.9±1.2

No data

3.4±0.9

No data

No data

1.6±1.1

1.7±1.1

1.5±1.1

1.8±1.2

No data

2.3±2.6

SR: self-report; TRT: diabetes treatment; FPG: fasting plasma glucose; HbA1C: glycated haemoglobin A1C; ALSA: Australian Longitudinal
Study of Aging; ALSHW: Australian Longitudinal Study on Women’s Health; ANBP2: The Second Australian National Blood Pressure Study;
AusDiab: Australian Diabetes, Obesity and Lifestyle Study; BMES: Blue Mountains Eye Study; CUDS: Crossroads Undiagnosed Disease Study;
DUBBO: Dubbo Study of the Elderly; Fletcher: Fletcher Challenge – University of Auckland Heart and Health Study; FDS: Fremantle Diabetes Study
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eligible for inclusion in the study, of whom 597 were

The Second Australian National Blood Pressure
Study (ANBP2)

recruited. A total of 2,087 persons participated giving

The ANBP2 was a comparative outcome trial, using a

response rates of 55% for primary subjects, and 68% for

prospective, randomised, open-label design, with blinded

to participate. A further 879 spouses were identiﬁed as

identiﬁed spouses and other household members.9

33

assessments of end points.12 The primary objective was
to determine, in hypertensive subjects aged 65–84 years,

Australian Longitudinal Study on Women’s
Health (ALSWH)

whether there is any difference in cardiovascular events
(non-fatal and fatal) over ﬁve years between two treatment

This is a longitudinal study of factors that affect the health

regimens: angiotensin-converting enzyme (ACE) inhibitor

and well-being of more than 40,000 women across Australia.10

and diuretic treatment. Speciﬁc inclusion and exclusion

Three national cohorts of women born in 1973–78 (young);

criteria are listed elsewhere.12 The study was conducted at

1946–51 (middle-age); and 1921–26 (older) were randomly

1,594 family medical practices throughout Australia. A total

selected in 1996 from the Medicare health insurance

of 54,288 subjects presented for the initial screening visit.

database, with overrepresentation of women living in rural

Of these, 48,205 were either ineligible for the study, or did not

and remote areas. After adjustment for those known to be

agree to participate. 6,083 subjects (95% of whom were white)

non-contactable or ineligible, response rates were 41.0%,

were subsequently randomly assigned over a three-year

53.5%, and 35.5% for the young, mid-age, and older cohorts

period to the ACE-inhibitor group (3,044 subjects) or the

respectively.11 For this study, we only included the middle-

diuretic group (3,039 subjects).12

age and older cohorts (n=26,147), as it is unlikely that the
young cohort would have had enough follow-up time for the
development of cancer.

Table 1 continued. Baseline observations and data coverage of ANZDCC cohorts
Variable

GOS

HIMS

LIPID

MCCS

NEWCASTLE

NWAHS

PATH

RFP

Total

Year of baseline
examination

1993–97;
2001–06

1996–98

1990–92

1991–94

1983; 1988–89; 1999–2000; 1999–
1994
2002–03
2002

1989 &
1994

1983–2006

Men

1,534

12,119

7,498

17,045

2,954

1924

3360

1902

69,594

Women

1,721

0

1,516

24,469

2,980

2110

3558

1926

83,431

All

3,255

12,119

9,014

41,514

5,934

4034

6918

3828

153,025

Age range

19 – 96

65 – 80

31 – 75

27 – 76

21 – 77

17 – 90

20 – 66

20 – 70

11 – 104

Age (mean±SD)

52.9 ± 20.4 71.6 ± 4.3

61.5 ± 8.4

55.3 ± 8.7

51.7 ± 10.5

50.2 ± 16.4

43.9 ± 16.1

46.0 ± 13.6

57.1 ± 14.1

SR, FPG &
TRT

SR

SR & FPG

SR & TRT

SR

SR, FPG,
TRT &
HbA1C

1,444 (11.9) 820 (9.1)

2,335 (5.6)

122 (3.5)

206 (5.1)

245 (3.6)

129 (3.4)

10,379 (6.9)

26.9±3.7

26.9±4.4

26.7±4.5

27.8±5.5

25.7±5.1

27.5±5.2

26.6±4.6

Ascertainment
of DM status

SR, FPG &
TRT

SR & TRT

Diabetes (n (%))

169 (5.2)

Body Mass Index
(mean±SD)

26.8±5.0

SR, FPG &
TRT

26.8±3.8

Waist circumference (mean±SD)
Men

97.2±11.4

100.6±10.4

No data

93.5±10.0

No data

99.9±13.0

No data

92.9±10.9

97.0±11.1

Women

84.5±12.9

N/A

No data

80.0±11.8

No data

89.8±14.1

No data

79.5±11.6

84.0±13.4

Hip circumference (mean±SD)
Men

100.6±8.9

103.2±7.2

No data

101.1±7.1

104.0±7.4

105.7±9.3

No data

102.6±7.0

102.9±7.7

Women

105.0±11.7

N/A

No data

101.6±10.0

105.0±11.5

107.2±12.9

No data

103.3±10.1

103.3±10.9

Current smoker (%)

16.0

11.0

9.6

11.3

23.0

22.2

19.3

21.0

14.2

Physical activity
(% sufficient)

No data

21.8

No data

26.4

No data

35.2

85.2

58.4

38.4

Blood Pressure (mean±SD)
Systolic

129.2±21.1

157.1 ±21.2

134.1±19.1

137.0±19.2

132.4±19.7

127.8±18.5

128.8±19.1

129.3±21.3

137.4±21.9

Diastolic

78.2±12.4

89.9±11.7

80.5±10.8

76.3±11.7

80.2±11.0

80.6±10.2

79.3±10.8

78.2±12.1

78.8±12.4

HDL

No data

No data

1.0±0.2

1.4±0.4

1.3±0.4

1.4±0.4

No data

1.3±0.4

1.3±0.4

LDL

No data

No data

4.4±0.8

4.0±1.1

No data

3.6±1.0

No data

4.0±1.1

4.1±1.0

Triglycerides (mean±SD) No data

No data

1.8±0.9

1.3±0.8

No data

1.5±1.0

No data

1.3±1.0

1.6±1.1

Cholesterol (mean±SD)

SR: self-report; TRT: diabetes treatment; FPG: fasting plasma glucose; HbA1C: glycated haemoglobin A1C; #: data could not be harmonised;
GOS: Geelong Osteoporosis Study; HIMS: Health in Men Study; LIPID: Long-Term Intervention with Pravastatin in Ischaemic Disease;
MCCS: Melbourne Collaborative Cohort Study; NEWCASTLE: Newcastle MONICA; NWAHS: North West Adelaide Health Study;
PATH: Personality and Total Health Through Life Project; RFP: Perth Risk Factor Prevalence Cohort Studies
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Australian Diabetes, Obesity, and Lifestyle
Study (AusDiab)

over (born before 1 January 1930) was via conﬁdential

The AusDiab study is a population-based cross-sectional

Dubbo area. 3,860 eligible subjects were identiﬁed, of whom

survey of national diabetes prevalence and associated risk

2,805 agreed to participate, giving a response rate of 72.7%.17

factors in people aged ≥25 years across Australia.13 A stratiﬁed
cluster sample method was used involving seven strata (six
states and the Northern Territory), and clusters based on census

examinations of records from 21 general practitioners in the

Fletcher Challenge – University of Auckland Heart
and Health Study (FLETCHER)

collector districts (the smallest geographic unit deﬁned by

FLETCHER is a prospective observational study designed to

the Australian Bureau of Statistics, with an average of 225

‘determine the relationships of socio-demographic factors,

dwellings in each). In total, 25,984 households across 42

psychological factors, and several factors measured in blood,

clusters were approached, of which 17,129 households were

with the risk of coronary heart disease in a New Zealand

conﬁrmed as containing at least one eligible participant and

population’.18 Participants were recruited from two sources;

20,347 eligible participants were interviewed. Of those who

employees of the Fletcher Challenge Group’s New Zealand

participated in the household interview, 11,247 (response rate:

operation, and individuals listed on the general electoral roll of

55.3%) additionally took part in the biomedical examination.13

the Auckland metropolitan region. A total of 14,118 individuals
were invited to participate, and 10,529 were enrolled (8,011

Blue Mountains Eye Study (BMES)

from Fletcher Challenge, and 2,518 from the electoral roll),

BMES is a population-based study of vision designed to
assess the prevalence of visual impairment, and blindness,
and their causes and risk factors, in a representative urban,
Australian population of men and women aged 50 years
and older.14 Two urban postcode areas in the Blue Mountains

yielding a response rate of 74.6%. Overall, 72% of the study
sample were men (80% among Fletcher Challenge
participants) and 15% identiﬁed as Māori or Paciﬁc Islanders.18

Fremantle Diabetes Study (FDS)

area (west of Sydney, in New South Wales) were selected

The FDS is a longitudinal, community-based, observational

as the target population. This region has a slightly older age

study of people with known diabetes from an urban

distribution than that for Australia, and is geographically

postcode-deﬁned population in Fremantle, Western

well-deﬁned, enhancing potential for community support

Australia.19 The study consists of two phases, of which data

and publicity for the study. Of 4,433 eligible residents, 3,654

from Phase I is included in the ANZDCC cohort. The aim of

(82.4%) participated in the examinations, of which 97% were

FDS Phase I was to identify all people with known diabetes

white. After ﬁve years, a repeat door-to-door census of

and examine clinically relevant aspects of diabetes, such as

the same area conducted in 1999 identiﬁed 1,378 additional

clinical management, metabolic control, complications, and

eligible permanent residents who had moved into the area or

cost.19 In total, 2,258 people with diabetes were identiﬁed

were now aged 50 years or older. Of these, 1,174 (85.2%) were

between April 1993 and July 1996 from the Fremantle

examined in 1999-2000.15 In total, the BMES sample included

Hospital clinic and inpatient lists, local physician referrals,

in the ANZDCC cohort is 4,828.

allied health facilities, pharmacies, opticians, advertising in

14

local media and word of mouth. Of these, 1,426 (90.7% type

Crossroads Undiagnosed Disease Study (CUDS)
CUDS was established to ‘compare the prevalence of various
chronic diseases in rural Victoria, where access to general

2 diabetes) were recruited into the study.19

Geelong Osteoporosis Study (GOS)

practice is known to be low’. Households were randomly

The Geelong Osteoporosis Study (GOS) began as a

selected from residential address lists in one regional centre

population-based study designed to investigate the

16

(Shepparton-Mooroopna) and six surrounding ‘Shire capitals’

epidemiology of osteoporosis in Australia.20 Initially the

in the Goulburn Valley. Households were visited between

GOS comprised only women; men were recruited later.

June 2001 and March 2003 until a response was received(16).

Participants were recruited from the Barwon Statistical

All residents’ aged ≥25 years who completed a household

Division, situated in southeastern Australia. Individuals were

census were invited to participate in the CUDS with an initial

selected at random from the electoral roll using an age-

response rate of 70.3%. Among these, 61.3% (n=1,454) attended

stratiﬁed sampling method to ensure at least 100 women and

a clinic to collect biomedical measurements.16

100 men in each ﬁve-year age group from 20 to 69 years, and
200 of each sex for age groups 70–79 and 80+. During the

Dubbo Study of the Elderly (DUBBO)

years 1993–97, 2,390 women were invited to participate, of

Given Australia’s ageing population, DUBBO was established
to ‘identify predictors of mortality, hospitalisation, and
placement in long-term care facilities, and to study risk factors
17

for chronic disease and disability in the elderly’. Dubbo,
in New South Wales, was chosen as the study site because
it has a relatively small, stable population which is relatively
younger than Australia as a whole, with the proportion of
adults older than 60 years lower than the national average.
Identiﬁcation of non-institutionalised subjects 60 years and
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which 1,494 (77%) were eligible and agreed to participate. A new
sample of 246 women listed as aged 20–29 years on the 2005
electoral roll were recruited in 2006–08, giving a total sample
of 1,740 women. During the years 2001–06, 3,273 men were
invited to participate, of which 1,540 (67%) were eligible and
agreed to participate.20

Data Sources

Health in Men Study (HIMS)

35

randomly selected from the electoral roll. Three cross-

The HIMS study arose out of a population-based randomised

sectional surveys of risk factors were conducted during the
study period, the ﬁrst in 1983 (n=2,464), the second in 1988

trial of screening for abdominal aortic aneurysms (AAAs)

and 1989 (n=1,067), and the third in 1994 (n=1,675) giving

21

conducted in Perth, Western Australia in 1996–99. Only

a total sample of 5,934.25

men aged 65 years and over were recruited into the trial as
AAAs are uncommon below this age and are six times more
common in men than women. The aim of the trial was to

North West Adelaide Health Study (NWAHS)

assess whether screening reduced mortality from AAA.

The NWAHS was formulated in 1997 in response to a lack of

Secondary outcomes included assessments of the impact of

longitudinal biomedical data on chronic conditions in South

screening on all-cause mortality and quality of life, and a

Australia.26 The main aim of this study was to collect

study of the rates of expansion of screen-detected AAAs. After

measured information on diabetes, asthma, and chronic

exclusion of 2,296 men dying prior to invitation, 19,352 men

obstructive pulmonary disease, and health related risk

were invited and 12,203 (63.1%) attended baseline screening.

21

factors. All non-institutionalised households in the northern
and western areas of Adelaide with a telephone connected

Long-Term Intervention with Pravastatin in
Ischaemic Disease (LIPID)

and a telephone number listed in the electronic white pages

LIPID was a multicentre double-blind randomised

person who had their birthday last and was aged 18 years

placebo-controlled trial comparing the effects of pravastatin,

or over was selected for interview and invited to attend the

a cholesterol-lowering drug, with placebo, given for up to ﬁve

clinic for a biomedical examination. Of the initial sample

years.22 The primary objective of this trial was to compare

of 10,096, 8,213 (81.3%) were eligible. Of these, 4,060 were

coronary heart disease mortality in the two treatment arms,

interviewed and agreed to attend the clinic (2,523 were

with secondary endpoints including total mortality, incidence

recruited from December 1999 to December 2000; 1,537 were

of acute myocardial infarction, total hospitalisation, serum

recruited from August 2002 to July 2003), yielding an overall

lipid fractions, and relationship of changes in these outcomes

response rate of 49.4%.26

were eligible for selection. Within each household, the

to changes in coronary mortality. Participants were aged
31–75 years at baseline with total cholesterol levels of 4.0 to
7.0mmol/L and with a history of acute myocardial infarction,

Personality and Total Health (PATH) Through
Life Project

or hospitalisation for unstable angina pectoris within the

The PATH project was established in 1999 to ‘explore factors

preceding three months to three years. From April 1990 to

inﬂuencing the development of, and recovery from mental

September 1992, 11,106 patients were registered. Following

disorders over the adult age span’(27). PATH is based on three

the run-in phase and after exclusions, 9,014 were

cohorts (birth years: 1975–79, 1956–60, and 1937–41). At the

randomised (5,958 from Australia; 3,056 from New Zealand)

start of the study, these cohorts were aged 20–24 years, 40–44

from a total of 87 centres.

years, and 60–64 years, respectively. The sample for this

22

study was drawn from the electoral rolls of the three federal

Melbourne Collaborative Cohort Study (MCCS)
The MCCS is a prospective cohort study of 41,528 participants,
ages 27 to 75 years at recruitment from 1990 to 1994 (almost
all were ages 40–69 years), and includes 5,425 migrants from
23

Italy and 4,535 from Greece. Southern Europeans (born in
Italy or Greece) were deliberately over-sampled to increase
23

the variety of dietary intake and genetic variability. Subjects
were recruited via electoral rolls advertisements, and
community announcements in local media (e.g. television,

electorates that makeup the Australian Capital Territory, and
the electoral containing Queanbeyan, a neighbouring town
in the adjoining state of New South Wales. Participation
numbers and response rates from the random sampling are
as follows: 20–24years: n=2,404; 58.6%, 40–44 years: n=2,530;
64.6%, 60–64 years: 2,551; 58.3%, giving a total sample size
of 7,485.27

Perth Risk Factor Prevalence Cohort Studies

radio, and newspapers). Comprehensive lists of Italian and

A series of ﬁve standardised population surveys of coronary

Greek surnames were also used to target southern European

risk factors were conducted in Perth (1980, 1983, 1989, 1994,

migrants listed in the phone books and on electoral rolls.

1999) sponsored either by the National Heart Foundation of
Australia, or by the Perth MONICA (Multinational MONItoring

Newcastle MONICA
The MONICA Project was a World Health Organization study
MONitoring trends and determinants of CArdiovascular
24

disease. Thirty-two MONICA Collaborating Centres from 21
countries were involved in the study from the mid-1980s to
the mid-1990s. Australia participated in the Project with two

of trends and determinants in Cardiovascular disease)
Project.28,29 The 1989 (n=1,966, response rate 74%) and 1994
(n=1,907), response rate 73%) surveys included adults aged
20–69 years randomly selected from the electoral roll living
within the Perth metropolitan area. Detailed descriptions of
the methods have been given elsewhere.28,30

centres, one in Newcastle, New South Wales, the other in
Perth, Western Australia.25 The population for the MONICA
project in Newcastle was residents aged 25 to 69 years from
ﬁve local government areas of Newcastle, Lake Macquarie,
Port Stephens, Maitland, and Cessnock. Participants were
Australasian Epidemiologist October 2014 Vol. 21.2
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Chapter 2

Outcome ascertainment

Signiﬁcance

Australian participants of the pooled cohort were linked

Diabetes, obesity and cancer, are growing epidemics

to the Australian Cancer Database (ACD) and the National

in both developed and developing countries, and therefore

Death Index (NDI) up to and including 31 August 2011. This

understanding the full range of their consequences is of

provided follow-up of cancer and mortality endpoints for all

increasing importance. Should this study show that diabetes

participants. These registries are maintained by AIHW with

and central (rather than total) obesity are risk factors for the

100% capture of all cancers from 1982 onwards.31 Tumours

development of certain cancers, it will: provide insights into

diagnosed as benign, of borderline malignancy, or in situ

the potential mechanisms of cancer; allow a better and fuller

were not included.

assessment of the likely burden and consequences of
diabetes and obesity; in the Australian and New Zealand

Linkage to the ACD and NDI used the general framework
of Fellegi and Sunter32 using ﬁrst name, second name, last

context inform clinical practice about the appropriate care
of patients with diabetes and obesity; provide evidence to

name, gender, and date of birth to conduct the linkage. This

suggest that cancer screening should be added to the micro

record linkage methodology assigns each compared pair of

and macro-vascular complications of diabetes for which

records a record pair comparison weight. Based on clerical

diabetic patients currently undergo annual screening; and

review of a sample of these links, it is expected that links with

add further weight to the need for lifestyle modiﬁcation

a weighting of ‘low’, ‘medium’ and ‘high’ correspond to a link

programs to prevent obesity, type 2 diabetes, metabolic

accuracy (positive predictive value) of 96.75%, 98.97% and

syndrome and hypertension.

99.90%, respectively. A total of 351 pairs of duplicates were
identiﬁed during the linkage process whereby individuals

Where can I ﬁnd out more?

had participated in more than one study. One of each pair
of duplicates was chosen at random and maintained in the
cohort. Additionally, 593 participants across the original
cohorts were lost to follow-up, were missing information
on key identiﬁable variables, or did not consent to participate
in future studies, and were subsequently not linked.
New Zealand participants of the pooled cohort were linked
to the NZ Cancer Registry and mortality database using
National Health Index numbers, unique identiﬁers assigned
to every person who uses health and disability support
services in New Zealand. All recorded cancers and deaths
are coded according to the International Classiﬁcation of
Diseases Tenth revision (ICD-10), and were recoded from
ICD-9 to ICD-10 where appropriate.

Strengths and weaknesses
The key strength of this study that distinguish it from
previous work is that it will be the largest study to ever
examine the relationship between diabetes, obesity, MetS,
hypertension, and cancer. We have individual unit record
data available from all signiﬁcantly large studies in Australian
and New Zealand populations, with adequate follow-up time.
The 18 cohort studies have breadth in the range of variables
collected, not seen in any other pooled cancer studies,
thus allowing adjustment for confounding factors such as
physical activity and smoking. Lastly, the use of high-quality
national registers for follow-up of subjects is an additional
strength. Limitations of the project are a lack of detailed data
on tumour characteristics and cancer treatment, and that
measurements of risk factors differ between cohorts.

Further information about cohorts in ANZDCC can be found
in the reference list.
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CHAPTER 3
Contemporary Trends in Mortality Among People with Diabetes

Diabetes increases mortality, with evidence suggesting that this excess risk is mainly attributable to
cardiovascular disease (CVD). However, patterns of mortality may be changing. Marked declines in mortality
among the general population, primarily from CVD, have been noted in the past four decades, with some
evidence that mortality in type 2 diabetes may be approaching that of the general population, particularly at
older ages. However, little is known about the extent to which mortality from different causes of death (COD) in
people with diabetes have changed over time, or which age groups have primarily been affected.
The following Chapter explores contemporary total and cause-specific mortality patterns among people with
type 1 and type 2 diabetes.
Chapter 3.1 examines secular trends in excess all-cause mortality rates in type 1 and type 2 diabetes compared
with the general population in Australia and assesses the change in the proportion of cause-specific deaths
over time. Key findings include a decrease in all-cause mortality rates among both type 1 and type 2 diabetes
and a narrowing of the mortality gap between people with diabetes and the general population. However,
there is still a 3 and 1.2 relative excess risk for all-cause mortality in people with type 1 and type 2 diabetes,
respectively, compared with the general population. This chapter also reports a shift in the distribution of COD
among people with diabetes: the proportion of deaths from CVD has decreased over time and consequently, the
proportion of deaths attributed to cancer has increased. Last, this Chapter also reports that a large proportion
of CVD deaths are potentially underestimated using standard underlying COD coding methods and this has
direct implications for the interpretation of CVD mortality among people with diabetes.
This work was published in Diabetes Care in June 2014. An erratum to this work was published thereafter
and this is also included at the end of this chapter. In addition, a comment on limitations of using death
certificate data in diabetes was published in the New England Journal of Medicine (NEJM), 2015, Appendix
2. This commentary was written in response to a paper that was published in the NEJM by Lind et al. entitled
‘Glycaemic control and excess mortality in type 1 diabetes’. Here, myself and co-authors highlight that Lind et
al. may not have adequately captured the true burden of deaths due to CVD as their categorisation of deaths
was based on the underlying COD only.
Chapter 3.2 builds upon this work by exploring mortality rates of cause-specific death over time, by age
group. Examining age-specific trends in mortality identifies which age groups are driving observed changes
in mortality. This is important data to inform government to prioritise where prevention and treatment efforts
are most needed. This original research article was accepted for publication in Diabetes Care in February 2016.
Overall findings presented in Chapter 3.2 show declines in age-standardised rates of mortality from all-cause,
CVD and diabetes, while cancer mortality remains unchanged. These trends suggest continued success in the
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treatment of diabetes and its complications. However, improvements in mortality are not consistently seen
across the age spectrum, with younger ages (<40) not experiencing the same declines in mortality as older
populations and even more concerning, for type 2 diabetes, increases in all-cause and cancer mortality rates
was noted in age-groups 0–40. Efforts to rectify this disparity are needed. In addition, the absence of a decline
in cancer mortality among people with diabetes is likely to lead a higher burden of cancer among people with
diabetes. This warrants urgent attention.
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OBJECTIVE

With improvements in cardiovascular disease (CVD) rates among people with diabetes, mortality rates may also be changing. However, these trends may be inﬂuenced by coding practices of CVD-related deaths on death certiﬁcates. We analyzed
trends of mortality over 13 years in people with diabetes and quantiﬁed the potential
misclassiﬁcation of CVD mortality according to current coding methods.
RESEARCH DESIGN AND METHODS

A total of 1,136,617 Australians with diabetes registered on the National Diabetes
Services Scheme between 1997 and 2010 were linked to the National Death Index.
Excess mortality relative to the Australian population was reported as standardized mortality ratios (SMRs). Potential misclassiﬁcation of CVD mortality was determined by coding CVD according to underlying cause of death (COD) and then
after consideration of both the underlying and other causes listed in part I of the
death certiﬁcate.
RESULTS

For type 1 diabetes, the SMR decreased in males from 4.20 in 1997 to 3.08 in 2010
(Ptrend < 0.001) and from 3.92 to 3.46 in females (Ptrend < 0.01). For type 2 diabetes,
the SMR decreased in males from 1.40 to 1.21 (Ptrend < 0.001) and from 1.56 to 1.22
in females (Ptrend < 0.001). CVD deaths decreased from 35.6 to 31.2% and from 31.5
to 27.2% in males and females with type 1 diabetes, respectively (Ptrend < 0.001 for
both sexes). For type 2 diabetes, CVD decreased from 44.5 to 29.2% in males and
from 45.5 to 31.6% in females (Ptrend < 0.001 for both sexes). Using traditional
coding methods, ∼38 and 26% of CVD deaths are underestimated in type 1 diabetes
and type 2 diabetes, respectively.
CONCLUSIONS

All-cause and CVD mortality has decreased in diabetes. However, the total CVD
mortality burden is underestimated when only underlying COD is considered. This
has important ramiﬁcations for understanding mortality patterns in diabetes.
Diabetes increases mortality, with this excess mainly being attributable to cardiovascular disease (CVD) (1). However, patterns of mortality may be changing (2,3).
Marked declines in mortality among the general population, primarily from CVD,
have been noted in the past 4 decades (4), with some evidence that mortality in type
2 diabetes may be approaching that of the general population, particularly at older
ages (2,3,5). Studies of type 1 diabetes are, however, inconsistent, with some
reporting a decrease in all-cause mortality over time (6–8), while others report no
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change (9–11). Furthermore, little is
known about the extent to which mortality from different causes of death
(CODs) in people with diabetes has
changed over time. Evidence suggests a
reduction in mortality from complications
of diabetes (6,12,13), an increase in cancer mortality (3), and no change in mortality from acute complications of
diabetes (3,14). However most of these
studies are based on small sample sizes
and do not distinguish between type 1
and type 2 diabetes.
Although examining cause-speciﬁc
mortality is of signiﬁcant value, limitations in using death certiﬁcate data are
well recognized (15–17). Most of the attention in this area has focused on
whether or not death certiﬁcates in people with diabetes refer to diabetes at all
(17–19). It is also possible that due to an
increasing recognition of the role of diabetes, the underlying COD may be
given as diabetes when the death was
primarily caused by CVD. This may lead
to misclassiﬁcation, whereby deaths
due to CVD in people with diabetes are
not classiﬁed as CVD deaths, but as diabetes deaths, leading to an underestimate of the impact of CVD.
The aims of the current study, using a
cohort of Australians registered on the
National Diabetes Services Scheme
(NDSS) followed from 1997–2010, are to
i. examine secular trends in excess allcause mortality in type 1 and type 2
diabetes compared with the general
population,
ii. examine secular trends in proportions
of cause-speciﬁc deaths in type 1 and
type 2 diabetes, and
iii. explore the potential underestimation of CVD deaths in people with
diabetes.
RESEARCH DESIGN AND METHODS

The NDSS was set up in 1987 to deliver
diabetes-related products at subsidized
prices and provide information to people with diabetes. Registration of patients is free and is completed by a
medical practitioner or credentialed diabetes nurse educator. The NDSS captures 80–90% of all Australians with
known diabetes (20).
We included all people with type 1 or
type 2 diabetes who were on the NDSS
between 1997 and 2010. 1997 was chosen as the start date, as this time period
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followed a uniﬁcation of state-based
registries as well as an improvement
in data quality. After excluding 944
registrants, because registration date
and date of death were the same, the
sample size for these analyses was
1,136,617. Diabetes type is classiﬁed
by the health practitioner completing
registration. However, for the current
study, type 1 diabetes status was assigned to registrants who were classiﬁed as type 1 on the NDSS and were
diagnosed before the age of 30 years,
and the time between diagnosis date
and date of ﬁrst insulin use was less
than 1 year. For those missing data on
date of diagnosis or insulin initiation
date (many of whom registered in the
early years of the operation of the NDSS
and had had diabetes for a number of
years), we classiﬁed people as type 1
diabetes if they were recorded as type
1 on the registry, were taking insulin,
and were registered at #45 years of
age. We chose 45 years as the cutoff
to minimize the number of people
with type 1 diabetes that we would
miss, without misclassifying signiﬁcant
numbers of people with type 2 as type 1
(21). All others were classiﬁed as type 2
diabetes.
The NDSS was linked to the National
Death Index (NDI) using data up to and
including 31 December 2010, and the
general framework of Fellegi and Sunter
(22) was used. First name, second name,
third name, sex, and date of birth were
used to conduct the linkage. The record
linkage methodology assigns each compared pair of records a record pair comparison weight. Based on clerical review
of a sample of these links, it is expected
that links with a weighting of low, medium, and high correspond to a link accuracy (positive predictive value) of
96.75, 98.97, and 99.90%, respectively
(23). For this study, we chose a medium
cutoff point with a predictive value of
98.97%. Sensitivity analyses were
also conducted using the high and low
cutoffs.
Statistical Analysis

Individuals were followed from 1 January 1997, or registration date if thereafter, to 31 December 2010 or date of
death, whichever occurred ﬁrst. Annual mortality rates were calculated
by direct standardization. In brief,
5-year age-speciﬁc mortality rates of

those with diabetes were applied to
the equivalent age strata from the Australian population of 2001, obtained
from the Australian Institute of Health
and Welfare. For type 1 diabetes, this
was 0–75 years of age, and for type 2, it
was all ages. Among the general population, mortality rates were also agestandardized to the 2001 Australian
population.
All-cause mortality by year, 5-year
age group (0–85+ years), and sex was
calculated among people with diabetes.
Year-, age-, and sex-speciﬁc mortality
rates from the general Australian population, obtained from the Australian Institute of Health and Welfare, were
applied to the diabetes population.
The number of people in each age group
of the diabetes population was multiplied by the age (in 5-year age groups),
sex, and year-speciﬁc mortality rates in
the general population to obtain the expected number of deaths and then
summed to give a total expected number of deaths. Standardized mortality
ratios (SMRs) were calculated by comparing the observed and expected mortality. An SMR of 1 indicates equivalent
mortality risk to the age-matched general population, and 95% CIs were calculated using limits for a Poisson
distributed variable.
For the assessment of changes in allcause mortality over time, annual SMRs
were ﬁtted separately for each type of
diabetes using a Poisson regression
model using age as the time scale and
including sex and calendar year as covariates, with Ptrends reported. To examine
changes in all-cause mortality over time
by age group, we grouped data from the
calendar years 1997–2003 and 2004–
2010 together.
COD was classiﬁed according to underlying COD codes as follows: CVD
I10-I25, I60-I69; diabetes E10-E14; cancer C00-C97; respiratory J00-J99; infections A00-B99; renal diseases N00-N21,
N25-N26; and all remaining “other” codes. In a second analysis, deaths with an
underlying COD corresponding to “uncomplicated diabetes” (E10.9, E11.9,
E12.9, E13.9, E14.9) or “diabetes with
circulatory complications” (E105,
E11.5, E12.5, E13.5, E14.5) where a
CVD code also appeared in the ﬁrst
part of the death certiﬁcate were reclassiﬁed to CVD. These recoded deaths are
thought to be reﬂective of real CVD
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deaths, as it is unlikely that people die
of “uncomplicated diabetes” or “diabetes with circulatory complications,” but
rather, the CVD death, as described in
part I of the death certiﬁcate, is a consequence of diabetes.
Binary outcomes were created for
each cause-speciﬁc death, categorized
into, for example, CVD or “other death”
and individual logistic regression analyses (crude and age-adjusted) were
performed to observe trends in the proportion of deaths attributed to each category, with Ptrends reported. Trends in
the proportions of underestimated CVD
deaths over time were also reported
using logistic regression with the binary
outcome “misclassiﬁed” or “not misclassiﬁed.” Statistical signiﬁcance was established at P , 0.05. All analysis used STATA
version 12.1 (StataCorp, College Station,
TX). This study was approved by the
Alfred Health Human Ethics Committee
and the Australian Institute of Health
and Welfare Ethics Committee.
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RESULTS

This study included 1,136,617 (7.6%
type 1) individuals with type 1 or type
2 diabetes who were registered on the
NDSS between 1997 and 2010. In brief,
there were a greater proportion of
males with type 1 and type 2 diabetes
compared with females, 52.4 and 53.8%,
respectively; median age at diagnosis
was 21.1 and 60.0 years for type 1 and
type 2 diabetes, respectively; average
follow-up time was 10.5 and 6.9 years
for type 1 and type 2 diabetes, respectively; and 21.7% of people with type 2
diabetes were on insulin.
Among 86,250 people with type 1
diabetes, a total of 6,134 deaths occurred during 908,730 person-years
(PY) of follow-up between 1997 and
2010; crude mortality rate was 6.8 per
1,000 PY. Age-standardized (0–75 years)
mortality rates decreased among the
type 1 diabetes population from 9.5
per 1,000 to 6.3 per 1,000 PY over the
follow-up period, and from 3.3 per 1,000

to 2.3 per 1,000 among the general population for the same age group. The SMR
for males decreased from 4.20 (95%
CI 3.66–4.82) in 1997 to 3.08 (95% CI
2.77–3.42) in 2010 (Ptrend , 0.001) and
for females from 3.92 (95% CI 3.19–
4.82) to 3.46 (95% CI 3.01–3.97; Ptrend ,
0.01) (Fig. 1).
Among 1,060,367 people with type 2
diabetes, a total of 211,082 deaths occurred during 7,263,618 PY of follow-up
for the same time period; crude mortality
rate was 29 per 1,000 PY. Age-standardized (0–75 years) mortality rates decreased among the type 2 diabetes
population from 9.4 per 1,000 to 5.5 per
1,000 PY over the follow-up period. The
SMR for males decreased from 1.40 (95%
CI 1.36–1.44) in 1997 to 1.21 (95% CI
1.19–1.23) in 2010 (Ptrend , 0.001) and
for females from 1.56 (95% CI 1.51–1.61)
to 1.22 (95% CI 1.19–1.24; Ptrend , 0.001)
(Fig. 2).
Age-speciﬁc SMRs in 1997–2003 and
2004–2010 are presented in Table 1. In
general, SMRs for type 1 diabetes were

Figure 1—All-cause SMRs in males (A) and females (B) with type 1 diabetes compared with the general population between 1997 and 2010.
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Figure 2—All-cause SMRs in males (A) and females (B) with type 2 diabetes compared with the general population between 1997 and 2010.

almost double across all age groups
compared with those for type 2 diabetes
in 1997–2003 and 2004–2010. Females
generally had higher SMRs compared
with males, and SMRs generally decreased from 1997–2003 to 2004–2010
for males and females with type 2, but
not type 1, diabetes.
COD data were available for 85.8%
(n = 5,261) of all deaths among type 1
diabetes and for 95.3% (n = 201,156)
among type 2 diabetes. Using the standard underlying COD data, Fig. 3 shows
that in type 1 diabetes, the percentage
of crude deaths due to CVD fell between
1997 and 2010 (signiﬁcant only for females), while the percentage due to
cancer increased. Age-adjustment resulted in the CVD decline between
1997 and 2010 becoming signiﬁcant in
males also. Figure 3 also shows that
there were similar ﬁndings for type 2
diabetes, both crude and age-adjusted
(signiﬁcant in males and females).
After recoding relevant “uncomplicated diabetes” deaths and “diabetes

with circulatory complications” deaths
to CVD, the proportion of deaths for
the total time period among those
with type 1 diabetes attributed to CVD
increased from 22.3 to 35.7% in males
and from 18.9 to 31.6% in females
(Table 2). For both males and females,
the amount of underestimation increased over time (Ptrend , 0.05), and
subsequently, decreases in the proportion of deaths attributed to CVD over
time were overestimated. Similar ﬁndings were seen for type 2 diabetes.
Separate sensitivity analyses using
NDI cutoffs with linkage rates of 99.9
and 96.75% and using a cutoff date of
age ,40 at registration for classiﬁcation
as type 1 diabetes among those missing
data on age at diagnosis did not change
the overall pattern of results (data not
shown).
CONCLUSIONS

Our ﬁndings of an analysis of mortality
trends among Australians with diabetes are threefold. First, we observed

a signiﬁcant decline in excess all-cause
mortality among both males and females for type 1 and type 2 diabetes
between 1997 and 2010. This decrease
in excess risk over time was underpinned by decreases in mortality
for both the diabetes and general population groups, though decreases
in mortality were greater among the
diabetes population, making the relative difference between the two
groups smaller over time. However,
people with type 1 and type 2 diabetes
still experience a 3 and 1.2 times increased risk of excess all-cause mortality, respectively, compared with the
general population. Second, we observed a decline in the proportion of
deaths attributed to CVD among type
1 diabetes and type 2 diabetes and for
both males and females. Finally, we
observed that a large proportion of
deaths from CVD are potentially
underestimated using standard underlying COD coding methods, and this
proportion has increased over time.
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Table 1—Age group– and sex-speciﬁc SMRs (95% CI) from 1997–2003 and 2004–2010 in type 1 and type 2 diabetes
1997–2003
Age group,
years

Male

2004–2010
Female

Deaths (n)

SMR

95% CI

Deaths (n) SMR

Type 1 diabetes
0–9
10–19
20–29
30–39
40–49
50–59
60–69
70–79
80–89

2
37
101
258
582
533
55
47
23

0.75
3.26
2.56
4.09
4.69
3.75
2.01
2.10
2.42

0.19–2.99
2.36–4.49
2.11–3.11
3.62–4.62
4.33–5.09
3.45–4.08
1.54–2.62
1.58–2.41
1.61–3.64

1
41
80
159
315
284
30
28
18

Type 2 diabetes
0–9
10–19
20–29
30–39
40–49
50–59
60–69
70–79
80–89

d
4
10
134
650
3,491
9,504
17,441
12,501

d
14.26
2.06
3.16
2.26
2.14
1.69
1.40
0.98

d
5.35–38.0
1.11–3.84
2.67–3.74
2.09–2.44
2.07–2.21
1.66–1.73
1.38–1.42
0.96–1.00

d
2
15
99
407
1787
5224
11,726
13,694

Male
95% CI

0.56 0.08–4.00
7.77 5.72–10.56
5.91 4.75–7.36
4.57 3.92–5.34
4.72 4.23–5.27
4.36 3.88–4.89
2.52 1.76–3.60
2.81 1.99–3.95
2.25 1.42–3.57
d
7.75
1.82
1.60
2.43
2.51
2.07
1.70
1.08

d
1.94–31.0
1.10–3.02
1.32–1.95
2.20–2.67
2.40–2.63
2.02–2.13
1.67–1.73
1.05–1.09

Deaths (n) SMR

Female
95% CI

Deaths (n) SMR

3
32
95
236
505
780
402
80
46

1.21 0.39–3.74
3.06 2.16–4.32
2.95 2.41–3.61
4.08 3.59–4.653
4.39 4.02–4.79
3.37 3.14–3.61
2.60 2.36–2.87
2.25 1.81–2.80
2.13 1.59–2.84

3
20
81
137
313
467
237
64
34

d
2
23
192
1,250
4,890
13,724
25,562
29,917

d
d
3.57 0.89–14.28
4.00 2.66–6.02
3.02 2.62–3.48
2.65 2.51–2.80
1.97 1.91–2.02
1.63 1.60–1.65
1.36 1.34–1.37
0.99 0.98–1.00

d
1
21
164
793
2,527
7,122
16,361
31,844

1.73
3.98
6.91
4.95
4.22
4.02
3.40
3.12
2.53

95% CI
0.56–5.36
2.57–6.17
5.56–8.59
4.19–5.85
3.77–4.71
3.67–4.40
3.00–3.87
2.44–3.98
1.81–3.54

d
d
2.40 0.34–17.02
4.59 3.00–7.04
2.93 2.52–3.42
2.63 2.45–2.82
2.23 2.14–2.32
1.90 1.86–1.95
1.56 1.54–1.59
1.03 1.02–1.04

The dash indicates that there were no deaths among people with diabetes for this age group.

Comparison With the Literature

Our results for the risk of excess allcause mortality are consistent with
other studies. Lind et al. (2) show that
in a large diabetes population in Ontario, Canada, the mortality rate ratios
decreased from 1.90 in 1996 to 1.51 in
2009 compared with people without diabetes and from 2.14 to 1.65 in a diabetes population from the U.K. for the
same time period. However, this study
did not distinguish diabetes type and

may explain why the rate ratios lie
somewhere between our estimates
for type 1 and type 2 diabetes. Gregg
et al. (13) showed that between 1997
and 2006, all-cause and CVD death
rates declined by 23 and 40%, respectively, in a population of U.S. adults
with diabetes, and there were no differences between males and females. This
study also did not discriminate between type 1 diabetes and type 2 diabetes. Allemann et al. (6) examined

type 1 and type 2 diabetes separately
and showed that SMRs for all-cause and
CVD mortality decreased signiﬁcantly
over 30 years of follow-up in Switzerland. In that study, SMRs for type 1 and
type 2 diabetes from 1974 to 2005 were
4.5 and 3.5, respectively, and were
higher for females than males. These
SMRs are much higher than those reported here, most likely due to the
fact that the Swiss study began in the
1970s when mortality from diabetes

Figure 3—Cause-speciﬁc mortality in males (A) and females (B) with type 1 diabetes and males (C) and females (D) with type 2 diabetes using
traditional coding between 1997 and 2010. *crude Ptrend ,0.001; †age-adjusted Ptrend , 0.001.
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Table 2—Proportion of CVD deaths misclassiﬁed using traditional coding in males and females with type 1 and type 2 diabetes
Men
Year of death
Type 1 diabetes
1997
1998
1999
2000
2001
2002
2003
2004
2005
2006
2007
2008
2009
2010
Total
Type 2 diabetes
1997
1998
1999
2000
2001
2002
2003
2004
2005
2006
2007
2008
2009
2010
Total

Women

% of CVD
deathsa

% of CVD deaths
after recodingb

% of CVD deaths
underestimated

% of CVD
deathsa

% of CVD deaths
after recodingb

% of CVD deaths
underestimated

25.3
23.2
24.5
23.2
23.2
21.7
22.9
22.1
23.6
18.4
18.5
21.6
25.7
17.1
22.3

34.7
34.1
33.9
38.0
36.3
33.6
35.5
35.3
37.4
30.8
34.6
35.8
41.6
31.2
35.3

27.1
31.7
27.8
39.0
36.1
35.3
35.5
37.5
36.9
40.4
46.5
39.8
38.1
45.3
36.8c

14.6
21.4
21.0
23.2
24.8
21.9
20.2
19.4
21.7
12.2
16.6
15.7
20.6
9.9
18.9d

28.1
32.1
33.1
34.1
39.4
29.0
28.6
32.8
32.9
24.5
33.1
26.4
31.5
26.5
30.9

48
33.3
36.6
31.9
54.0
24.4
29.2
40.7
34.0
50.0
50.0
40.5
34.6
62.5
38.7c

33.8
32.7
33.3
31.7
30.5
29.4
28.8
27.7
26.6
24.6
23.5
23.2
22.6
21.1
26.7

43.8
42.2
42.7
40.8
39.4
37.6
37.8
36.6
35.8
32.8
31.5
31.6
30.5
28.2
35.3d

22.7
22.5
22.0
22.2
22.6
21.7
23.9
24.3
25.6
24.8
25.3
26.7
25.7
25.2
24.1c

33.7
34.3
32.0
32.2
33.1
30.0
28.9
28.5
26.6
24.1
23.5
23.9
23.3
22.8
27.2d

44.6
44.8
42.1
40.9
42.3
38.7
38.4
37.8
37.0
33.0
32.2
32.3
32.0
30.9
36.3d

24.3
23.3
23.9
21.3
21.7
22.5
24.6
24.5
28.1
27.1
27.1
25.9
27.3
26.1
25.1c

a
Proportion of deaths using traditional ICD coding using underlying COD only. bProportion of deaths after recoding diabetes to CVD where it was
suspected CVD was the true underlying COD. cSigniﬁcant increase between 1997 and 2010 (Ptrend , 0.05). dSigniﬁcant decrease between 1997 and
2010 (Ptrend , 0.05).

was much higher compared with the
general population.
In our study, we show that the second
largest contributor to mortality among
people with diabetes is now cancer,
which increased substantially between
1997 and 2010. While there is now a
plethora of epidemiological evidence
supporting a strong association between diabetes and many types of cancer (24), only one other study that we
are aware of has shown increasing
trends of mortality from cancer over
time in people with diabetes. In this
study, the proportion of deaths attributed to cancer increased from ;23% in
1970 to 27% in 1990 (3). This is similar to
our results where we show that the proportion of deaths attributed to cancer
among type 1 diabetes is now 27%, but
we show a higher proportion among
people with type 2 diabetes, with 33%

of all deaths in people with diabetes attributed to cancer in 2010. This is of signiﬁcant importance in light of the
increasing prevalence of diabetes, coinciding with an ageing population, an inherent risk factor for both diabetes and
cancer.
Mortality ICD codes are widely used
in epidemiological research to assess
the health of populations, direct the allocation of funds, and inform appropriate health care policy. But as we, and
others, have shown, misclassiﬁcation of
COD can have major implications for
the conclusions drawn from epidemiological research (25). In this study, we
show that the proportion of CVD deaths
potentially underestimated by using
underlying COD was ;39 and 26% for
type 1 and type 2 diabetes, respectively. We also show that the proportion has increased over time. It is most

likely that this reﬂects an increasing
awareness among doctors that diabetes is a key etiological factor in the development of CVD. Our ﬁndings are
supported by a study by Harriss et al.
(26), which adjudicated 750 deaths
from an Australian longitudinal cohort
and found that of 54 deaths with an
underlying ICD code listed as “diabetes,” almost 60% were primarily due
to CVD. Our somewhat lower estimates
are most likely explained by our conservative approach, whereby only those
diabetes cases that were “diabetes
with circulatory complication” or “uncomplicated diabetes” were recoded.
Additionally, our study distinguished
between diabetes types and had a different age distribution. Our data show
that when death from CVD is attributed
to diabetes (often correctly) on the
death certiﬁcate, it can signiﬁcantly
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obscure patterns of CVD mortality if
only underlying COD is used to attribute COD. Similar issues may also apply
to other chronic diseases and their
complications. We suggest that when
considering mortality data, particularly
for diabetes populations, the current
reliance on the underlying COD coding
may be misleading.
Strengths and Limitations

The main strength of this study is that it
is population based with a large sample
size, a long follow-up time, and the ability to distinguish between type 1 and
type 2 diabetes. There are several limitations, however, that should be acknowledged. Firstly, the NDSS is an
administrative database, and there are
inherent limitations with using administrative databases for research purposes
(27). Namely, for our study, the lack of
precise information about type of diabetes for all registrants was not available.
The classiﬁcation of diabetes, particularly in young patients, is challenging,
and misclassiﬁcation can occur. However, the proportions of type 1 and
type 2 diabetes in this study (7.6 vs.
92.4%) are similar in other Australian
data (28). Further, the proportion of
type 2 diabetic patients who were also
on insulin is consistent with other studies (29). Given these well-known demographics and our very large sample size,
we believe that any misclassiﬁcation in
this study will not alter our results.
The NDSS is considered among the
best available national data sources
for estimating overall prevalence of diagnosed diabetes in Australia (20).
However, the NDSS does not capture
those with undiagnosed diabetes. Recent Australian data show that for every
four cases of known diabetes, there is
one undiagnosed case (30). The NDSS
also may underestimate the total number of people with diet-controlled diabetes, as the diabetes-related products
provided through the scheme may not
be needed (30). In Australia, the proportion of known diabetes controlled by
diet only was estimated to be 28% in
2000 (31). It is possible, therefore, that
using the NDSS is reﬂective of the more
serious diabetes cases. However, the
NDSS coverage of type 1 diabetes is
known to be very high as access to
insulin-related products is through
the NDSS (20). Further, we believe the
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coverage of type 2 diabetes is adequately reﬂective of people with type 2
diabetes in Australia given that the age
distribution and the median age at diagnosis are similar to that seen in other
populations (29). We therefore do not
believe this potential source of bias will
signiﬁcantly impact our ﬁndings. Obtaining vital status and COD information can
also be difﬁcult for large-scale studies
such as this in Australia where unique
health identiﬁers are not available.
Therefore, linkage is based on probabilistic algorithms that a given name,
address, and date of birth will correctly
link records belonging to the same individual. Again, this may introduce misclassiﬁcation. However, for all primary
analyses, we applied cutoffs that have a
98.97% positive match rate. Further, we
performed sensitivity analyses using cutoffs with positive match rates of 99.9 and
96.75%, respectively, and our conclusions regarding patterns of mortality
over time were unchanged.
Lastly, although the NDSS provides
the largest data set for people with diagnosed diabetes, our ﬁndings are limited by a lack of covariates in the data
set. Therefore, we were unable to explore the extent to which improvements
in quality of care, medical treatments,
and/or self-management behaviors
contributed to the reductions in mortality over time. Furthermore, ethnicity is
known to have a strong association with
type 2 diabetes such that migrant populations have a higher prevalence of diabetes compared with Australian-born
individuals (32,33). It is not known if
ethnicity would impact on SMR estimates. Unfortunately, we were not
able to explore this further due this information not being available in the
general population.

proportion of deaths attributed to cancer
among people with diabetes. One of our
most important and novel ﬁndings is
that a substantial and increasing proportion of CVD deaths among people with
diabetes are attributed to diabetes on
death certiﬁcates, leading to underestimates in the CVD mortality burden among
people with diabetes. If conﬁrmed in
other data collections, this has important
ramiﬁcations for the understanding of
mortality patterns.
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Erratum
Mortality Trends Among People With Type 1 and Type 2 Diabetes in
Australia: 1997–2010. Diabetes Care 2014;37:2579–2586

DOI: 10.2337/dc15-er04

The authors of the article cited above noticed an error in the way they had described
their deﬁnitions of type 1 and type 2 diabetes in the RESEARCH DESIGN AND METHODS
section.
The description as published is as follows:
Diabetes type is classiﬁed by the health practitioner completing registration.
However, for the current study, type 1 diabetes status was assigned to registrants
who were classiﬁed as type 1 on the NDSS and were diagnosed before the age of 30
years, and the time between diagnosis date and date of ﬁrst insulin use was less than
1 year. For those missing data on date of diagnosis or insulin initiation date (many of
whom registered in the early years of the operation of the NDSS and had had diabetes
for a number of years), we classiﬁed people as type 1 diabetes if they were recorded
as type 1 on the registry, were taking insulin, and were registered at #45 years of age.
We chose 45 years as the cutoff to minimize the number of people with type 1
diabetes that we would miss, without misclassifying signiﬁcant numbers of people
with type 2 as type 1 [Kenny et al., 1995]. All others were classiﬁed as type 2 diabetes.

Amended description is as follows:
Diabetes type is classiﬁed by the health practitioner completing registration.
However, for the current study, type 1 diabetes status was assigned to registrants
who were recorded as type 1 on the NDSS registry, were registered at ,45 years of
age, and were taking insulin. Registration date was used as a proxy for diagnosis date
as a large proportion of registrants (59.1% with type 1 diabetes and 36.1% with type 2
diabetes) were missing date of diagnosis, many of whom registered in the early years
of the operation of the NDSS and had had diabetes for a number of years. We chose
45 years as the cutoff to minimize the number of people with type 1 diabetes that we
would miss, without misclassifying signiﬁcant numbers of people with type 2 diabetes
as type 1 diabetes [Kenny et al., 1995]. In addition, registrants who were recorded as
having type 2 diabetes on the registry, were diagnosed before the age of 30 years, and
were taking insulin within 1 year of diagnosis date were reclassiﬁed as having type 1
diabetes. All others were classiﬁed as having type 2 diabetes.

Had the authors analyzed the data according to how the deﬁnition reads in the
article, they would have excluded approximately 13% of those with type 1 diabetes.
These patients were all insulin treated and were all registered on the NDSS before
the age of 45 years, and the majority were registered with the NDSS in the early
years of its existence and therefore did not have an age at diagnosis available. The
authors believe that the most appropriate classiﬁcation of these patients is type 1
diabetes and that the published results, in which they were classiﬁed as type 1
diabetes, are therefore the appropriate ones. Nevertheless, the authors have examined the effect of differential coding by conducting some analyses using both the
method that appeared in the RESEARCH DESIGN AND METHODS section and the amended
method. These results and comparisons are shown in Supplementary Tables 1 and 2.
Supplementary Table 1 highlights the all-cause standardized mortality ratios
(SMRs), by year, for type 1 and type 2 diabetes. The authors show a magnitude of
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difference between the two sets of results of less than 10% for type 1 diabetes and
even less for type 2 diabetes, with overlapping 95% CI suggesting that the two
versions of results are not statistically different. The proportions of cause-speciﬁc
deaths attributed to cardiovascular disease, diabetes, and cancer are also immaterially different between the two deﬁnitions (Supplementary Table 2).
Changing the description of the deﬁnition does not require any change to the
results.
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Sex

Men

Year

Correct DM definition*

Type 1 diabetes

Supplementary Table 1. All-cause SMRs in men and women with type 1 and type 2 diabetes compared to the general population; comparing the two different
definitions of diabetes
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definitions of diabetes
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*These are the results as presented in the current published paper
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ABSTRACT
Background
We analysed changes in all-cause and cause-specific mortality rates from 2000-2011 in people with diabetes,
by age-group.
Methods
1,189,079 (7.3% type 1) Australians with diabetes registered on the National Diabetes Service Scheme between
2000 and 2011 were linked to the National Death Index. Mortality rates in the total population were agestandardised to the 2001 Australian population. Mortality rates were calculated for the following age-groups: 0
to <40; ≥40 to <60; ≥60 to ≤85. Annual mortality rates were fitted using a Poisson regression model including
calendar year as a covariate and age and sex where appropriate, with ptrends reported.
Results
For type 1, all-cause, CVD, and diabetes age-standardised mortality rates (ASMR) decreased each year by
0.61, 0.35 and 0.14 per 1,000 person-years (PY), respectively, between 2000 and 2011, ptrend<0.05, while cancer
mortality remained unchanged. By age, significant decreases in all-cause, CVD and diabetes mortality rates
were observed in all age-groups, excluding diabetes mortality in age-group 0-40. For type 2, all-cause, CVD and
diabetes ASMRs decreased per year by 0.18, 0.15 and 0.03 per 1,000 PY, respectively, ptrend<0.001, while cancer
remain unchanged. By age these decreases were observed in all age-groups, excluding 0-40 where significant
increases in all-cause and cancer mortality were noted and no change for CVD and diabetes mortality.
Conclusion
All-cause, CVD and diabetes ASMRs in type 1 and type 2 diabetes decreased between 2000 and 2011, while
cancer mortality remains unchanged. However, younger populations are not benefiting from the same
improvements as older populations. The absence of a decline in cancer mortality warrants urgent attention.
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People with diabetes have higher
all-cause mortality rates compared
to people without diabetes, mainly
attributable to cardiovascular
disease (CVD).1 However, some
evidence suggests that patterns
of mortality may be changing.2,3
Declines in age-standardised allcause and CVD mortality rates
have been noted among people
with type 2 diabetes with some
evidence that mortality may be
approaching that of the general
population, particularly at older
ages.2-4 For type 1 diabetes, data
are inconsistent, with some studies
reporting a decrease in all-cause
and CVD mortality over time,5-8
while others report no change.9-11
Data on the effects of
diabetes on other causes of
death over time is mixed with
studies
reporting
increased,
unchanged or reduced mortality
for complications of diabetes,5,12,13
cancer mortality,3,8 and acute
complications
of
diabetes.3,14
Many of these studies are based
on small sample sizes and do
not distinguish between type
1 and type 2 diabetes. To date,
there have been no age-specific
analyses of trends in cause-specific
mortality among people with
diabetes. Examining age-specific
trends in mortality identifies which
age-groups are driving observed
changes in mortality. These
are important data to inform
public health to prioritise where
prevention and treatment efforts
are most needed.
Using a large cohort of
Australians registered on the
National Diabetes Service Scheme
(NDSS), we examine trends in
age-specific mortality rates for allcause, and the three most common
causes of death, CVD, diabetes and
cancer, among people with type 1
and type 2 diabetes.
Research Design & Methods
The NDSS was set up in 1987 to
deliver diabetes-related products
at subsidised prices and provide
information to people with
diabetes. Registration of patients is
free, and is completed by a medical
practitioner
or
credentialed
diabetes nurse educator. The NDSS

captures 80-90% of all Australians
with known diabetes.15
We included all people
with type 1 or type 2 diabetes
who were registered on the NDSS
between 2000 and 2011 (including
all those registered before 2000,
and still alive on January 1 2000).
2000 was chosen as the start date,
as it followed a unification of
state-based registries, as well as
an improvement in data quality.
After excluding 833 registrants,
because registration date and
date of death were the same, the
sample size for these analyses
was 1,189,079. Diabetes type is
classified by the health practitioner
completing registration. However,
for the current study, type 1
diabetes status was assigned to
registrants who satisfied all three
of the following conditions: were
recorded as type 1 on the NDSS
registry, were diagnosed <45
years of age and were taking
insulin. Registration date was used
as a proxy for diagnosis date as
a large proportion of registrants
(54.4% type 1 diabetes and 32.8%
type 2 diabetes) were missing
date of diagnosis, many of whom
registered in the early years of
the operation of the NDSS and
had had diabetes for a number of
years. We chose 45 years as the
cut-off to minimize the number
of people with type 1 diabetes
that we would miss, without
misclassifying significant numbers
of people with type 2 as type 1.16
Additionally, registrants who were
recorded as type 2 on the registry,
were diagnosed before the age of
30 and were taking insulin within
1 year of diagnosis date were
reclassified as type 1 diabetes. All
others were classified as type 2
diabetes.
The NDSS was linked to
the National Death Index (NDI)
using data up to and including
31 December 2011, and used the
general framework of Fellegi and
Sunter.17 First name, second name,
third name, gender, and date of
birth were used to conduct the
linkage. We set a match link rate
of 98.63% (true matches/correct
links) with link accuracy of 98.97%
(1.03% expected to be false

positive links).
Cause of death (COD)
was classified according to the
International Classification of
Diseases 10th revision (ICD-10).
Deaths were attributed to CVD if
the underlying COD was coded
I10-I25 or I60-I69. In addition,
participants with a COD of
‘uncomplicated diabetes mellitus’
(ICD-10 codes E109, E119, E12.9,
E13.9 or E149) or ‘diabetes with
circulatory complications’ (E105,
E11.5, E12.5, E13.5, E14.5), and
where a CVD code also appeared
in the first line of the death
certificate, were attributed a
CVD code for COD. Diabetes and
cancer deaths were defined by
underlying ICD-10 codes E10-E14
and C00-C97, respectively.
Statistical Analysis
Individuals were followed from 1
January 2000, or registration date if
thereafter, to 31 December 2011 or
date of death, whichever occurred
first. Age-specific mortality rates
and 95% confidence intervals
(95%CI) were calculated using a
Poisson regression model, with a
Poisson error distribution, a log
link function and the natural log of
population treated as an ‘offset’.18
This was done for the following
age-groups: 0 to <40; ≥40 to <60;
≥60 to ≤85 in the total population
and in men and women separately.
We also examined smaller agegroups of: 0 to <40; ≥40 to <50;
≥50 to <60; ≥60 to <70; ≥70 to ≤85
in the total population to tease out
mortality patterns in more specific
age groups. For analyses of the
total population, we calculated
age-standardised mortality rates
(ASMR), standardised to the 2001
Australian population, obtained
from the Australian Institute of
Health and Welfare.
For the assessment of
changes in all-cause, and causespecific mortality over time,
annual mortality rates were
fitted using a Poisson regression
model including calendar year
as a covariate and age and sex
where appropriate, with ptrends
reported.
For
each
annual
percentage change estimate,
the corresponding 95%CI was
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calculated. Statistical significance
was established at p<0.05.
All analysis used STATA
version 12.1 (StataCorp, College
Station, TX, USA). Graphs were
generated using GraphPad Prism
version 6.0 for Windows (GraphPad
Software, La Jolla California USA,
www.graphpad.com). This study
was approved by the Alfred Health
Human Research Ethics Committee
(HREC) and the Australian Institute
for Health and Welfare HREC.
Results
This study included 1,189,049
(7.3% type 1) individuals with
type 1 or type 2 diabetes who
were registered on the NDSS
between 2000 and 2011. There
was a greater proportion of males
with type 1 and type 2 diabetes
compared to females, 52.6% and
53.9% respectively; median age
at diagnosis was 20.1 years (inter
quartile range (IQR): 11.1―30.4)
and 58.5 years (IQR: 49.3―67.8)
for type 1 and type 2 diabetes,
respectively; median follow-up
time was 15.2 years and 7.2 years
for type 1 and type 2 diabetes,
respectively; and 27.9% of people
with type 2 diabetes were on
insulin.
Among 87,047 people with
type 1 diabetes, a total of 5,578
deaths occurred during 825,777
person years (PY) of follow-up
between 2000 and 2011; ASMR
was 16.2 per 1,000 PY. In the total
type 1 diabetes population, allcause, CVD, and diabetes ASMRs
significantly decreased each year
by 0.61, 0.35 and 0.14 per 1,000
PY, respectively, between 2000
and 2011 (ptrend<0.05, Figure 1A
and Supplementary Table 1), while
cancer ASMRs remain unchanged.
When examined by age, significant
decreases in all-cause, CVD and
diabetes mortality rates were
observed in all age-groups,
excluding diabetes mortality in
age-group 0-40 years (Table 1). No
declines in cancer mortality rates
were observed in any age-group.
The largest declines in mortality
rates were consistently observed
in the 60-85 year age-groups with
declines per year of 0.08, 0.11 and
0.10 per 1,000 PY for all-cause,

CVD and diabetes, respectively.
Similar patterns were observed in
men and women.
When examined in smaller
age-groups, all-cause mortality
significantly decreased in all agegroups, excluding 70-85 with a
borderline significant 0.03 per
1,000 PY decrease in the annual rate
(ptrend =0.098, Table 2). Significant
improvements in CVD mortality
were noted in all age-groups with
annual rate declines between 0.05
and 0.09 per 1000 PY. For diabetes
mortality, significant decreases
in mortality were observed in
age-groups 50-60 and 60-70 and
no change in mortality for agegroups 0-40, 40-50 and 70-85 .
Significant decreases in cancer
mortality rates were observed in
age-group 40-50, ptrend =0.023, but
this trend was not observed in any
other age-group.
Among 1,102,002 people
with type 2 diabetes, a total of
206,974 deaths occurred during
7,309,921 PY of follow-up between
2000 and 2011; ASMR was 8.6 per
1000 PY. In the total population
with type 2 diabetes, all-cause, CVD
and diabetes ASMRs significantly
decreased per year by 0.18, 0.15
and 0.03 per 1000 PY, respectively,
between 2000 and 2011 (Figure
1B and Supplementary Table 1),
while cancer ASMRs remained
unchanged. By age, significant
decreases in all-cause, CVD,
diabetes and cancer mortality
rates were observed in all agegroups, excluding age-group
0-40 where significant increases
in mortality were observed for allcause and cancer, and no change
for CVD and diabetes mortality
(Table 3). The largest declines in
mortality rates were consistently
observed in the 40-60 year agegroups with annual rate declines
of 0.02, 0.05, 0.05 and 0.03 per
1000 PY for all-cause, CVD,
diabetes and cancer, respectively.
Similar patterns were observed
in men and women , however
diabetes mortality in women aged
0-40 could not be estimated due
to too few observations to derive
meaningful trends. By smaller agegroups, in those aged 40-50 there
was no change in mortality rates

61

from all-cause and diabetes, while
significant increases in cancer
mortality rates were noted (Table
4). Significant declines in mortality
from all-cause, CVD, diabetes
and cancer were noted in all agegroups >50 with the greatest
declines consistently observed in
the 50-60 and 60-70 age-groups.
Discussion
Summary
Our findings of an analysis of agespecific mortality trends among
Australians with diabetes are
three-fold. First, ASMRs for allcause, CVD, and diabetes mortality
have decreased in people with
type 1 and type 2 diabetes in the
last decade, while cancer ASMRs
remains
unchanged.
Second,
improvements in mortality are not
consistently seen across the age
spectrum, with younger ages (<40)
not experiencing the same declines
in mortality as older populations
and even more concerning, for
type 2 diabetes, increases in allcause and cancer mortality rates
was noted in age-groups 0-40.
Last, declines in cancer mortality
rates were observed for older agegroups in type 2, but not in type 1
diabetes.
Comparison to the literature
Our observed declines in allcause and CVD mortality are
consistent with trends in other
developed nations. For example,
in a population of U.S. adults with
diabetes, Gregg et al. showed that
between 1997 and 2006, all-cause
and CVD death rates declined
by 23% and 40%, respectively,
comparable to our observed
declines of 17.9% and 51.7% in type
2 diabetes, respectively. Declines in
all-cause and CVD mortality have
also been noted in non-diabetes
populations with declines of 40%
and 62% between 1950 and 2005,
respectively, though evidence
suggests the rate of decline is
greater in diabetes with declines of
48% and 69%, respectively, for the
same time period.4 These declines
in mortality may be explained, at
least in part, by earlier detection
and by improvements in diabetes
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care, and in CVD treatments and
risk factors.19-21 However, previous
work by our group using the
NDSS data, has shown that people
with type 1 and type 2 diabetes
still experience a 200% and 20%
increased risk of excess all-cause
mortality, respectively, compared
to the general population8,
similar to findings in the UK and
Canada.2,22 Excess CVD mortality
is in the realm of 50-110%, and
300-400% for type 223,24 and type 1
diabetes22, respectively, compared
with non-diabetes populations.
Therefore, while data presented
here suggest improvements in
the mortality experience among
diabetes, much room exists for
additional improvements.
Previous
studies
on
mortality from diabetes and cancer
are conflicting. For diabetes,
we report overall declines of
18.5% and 38.5% in type 1 and 2
diabetes, respectively. National
data from the USA recently
reported relative declines of
64% between 1990 and 2010 for
mortality due to hyperglycaemic
crisis among type 2 diabetes.25
These estimates are higher than
those reported here most likely
due to the longer time frame of
the US study and the specific
exploration of hyperglycaemic
crisis. For type 1 diabetes, a Finnish
study found increases in mortality
due to (all) acute complications
of diabetes between 1970198926, while a Japanese study of
patients with diabetes diagnosed
before 18 years of age observed
an 80% decrease (from 421 to
83 deaths per 100,000 persons)
between 1965-198027, though
more contemporary estimates
for type 1 diabetes are lacking.
Improvements in mortality from
diabetes may be attributed to
changes to practice guidelines for
diabetes management over the last
decade which have emphasised
the need for aggressive control
of blood pressure, lipid levels and
hyperglycaemia in patients with
diabetes.28
For cancer, we observed
no change in ASMRs between 2000
and 2011 among people with type
1 and type 2 diabetes. However,

among type 2 diabetes, we did
observe significant decreases in
cancer mortality among 40-60 and
60-85 age-groups, though these
improvements were not noted for
younger age-groups, and in fact,
we noted an increase in cancer
mortality in those aged 0-40.
One of the key reasons for our
findings is likely to be competing
mortality. We have previously
reported that the proportion of
deaths attributed to cancer is
increasing over time, in part due
to improvements in treatment of
CVD. Thus, people with diabetes
are surviving longer and not dying
from diseases such as CVD and
then develop other outcomes such
as cancer.29 Cancer is now a leading
cause of death among diabetes,
accounting for 27 and 33% of all
deaths in people with type 1 and
type 2 diabetes, respectively.29
Only one other study that we are
aware of has also shown that the
proportion of deaths attributed to
cancer among people with type
2 diabetes has increased from
23% in 1970 to 27% in 1990.3
This increase in the proportion
of deaths attributed to cancer is
similar to what is being observed in
the general population.30 However,
the increase in the proportion
of deaths attributed to cancer
among the general population
coincides with decreases in
absolute mortality rates from
cancer.31,32 declines in cancer
mortality rates among the general
population may be attributed to
increased uptake of screening and
improved treatments. The absence
of a decline in cancer mortality
rates among those with diabetes
may to be due to a range of
reasons including a rise in cancer
incidence, later presentations and
diagnosis and poorer responses to
therapy..33
To our knowledge, this
is the first time that trends in
absolute cause-specific mortality
rates in diabetes have been
explored by age-group. This is
possibly because large study
sizes are needed to obtain precise
estimates,
especially
among
younger age-groups where fewer
deaths occur. We show significant

declines in mortality from allcause, CVD and diabetes in older
age-groups, but this is not seen
in those less than 40 years old.
In fact, significant increases in
mortality were observed for allcause and cancer among younger
people with type 2 diabetes and
no change for CVD or diabetes
mortality. There are several
potential explanations for no
improvement, and an increase in
mortality rates among younger
age-groups. These include a low
number of CVD and diabetes
events in these age groups which
may result in a Type II error, the
worsening or lack of improvement
in risk factors, as well as possible
misclassification of type 1 and type
2 diabetes which may differ over
time. For example, the incidence
of young-onset type 2 diabetes is
increasing, and it is possible, that
young people with type 2 diabetes
are being incorrectly misclassified
as type 1 diabetes and this may
drive the higher mortality rates in
this age-group. However, in those
with type 1 diabetes, we show
mortality is decreasing. Therefore,
we believe that the more likely
explanation is that young-onset
type 2 diabetes represents a
more severe form of diabetes.
Our
data
support
recently
published studies suggesting
that young-onset type 2 diabetes
is the more lethal phenotype of
diabetes and is associated with a
greater mortality, more diabetes
complications,
unfavourable
cardiovascular disease risk factors
and greater difficulty in achieving
glycaemic control, even compared
with type 1 diabetes.34-37 Given the
increasing incidence of youngonset type 2 diabetes and its
severity, there is an urgent need
for diabetes prevention efforts to
be targeted toward youth.
Strengths and limitations
The main strength of this study
is that it is disease-registry based
with a large sample size, long
follow up time and the ability to
distinguish between type 1 and
type 2 diabetes. There are several
limitations, however, that should
be acknowledged. Firstly, the NDSS
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is an administrative database and
there are inherent limitations with
using administrative databases
for research purposes.38 Namely,
for our study, the lack of precise
information
about
type
of
diabetes for all registrants was
not available. The classification
of
diabetes,
particularly
in
young patients, is challenging
and misclassification can occur.
However, the proportions of type
1 and type 2 diabetes in this study
(7.3% vs. 92.7%) are similar in
other Australian data.39 Further, the
proportion of type 2 diabetes who
were also on insulin is consistent
with other studies.40 Given these
well known demographics, and our
very large sample size, we believe
that any misclassification in this
study will not alter our results.
Second, the NDSS is
considered among the best
available national data sources for
estimating overall prevalence of
diagnosed diabetes in Australia.15
However, the NDSS does not
capture those with undiagnosed
diabetes. Recent Australian data
show that for every five cases of
known diabetes, there are four
undiagnosed cases.41 The NDSS
also may underestimate the total
number of people with dietcontrolled diabetes as the diabetesrelated products provided through
the scheme may not be needed.41
In Australia, the proportion of
known diabetes controlled by diet
only was estimated to be 28% in
2000.42. It is possible, therefore,
that using the NDSS is reflective of
the more serious diabetes cases.
However, the NDSS coverage of
type 1 diabetes is known to be very
high as access to insulin-related
products is through the NDSS
scheme.15 Further, we believe the
coverage of type 2 diabetes is
adequately reflective of people
with type 2 diabetes in Australia
given that the age distribution and
median age at diagnosis is similar
to that seen in other populations.40
We therefore do not believe
this potential source of bias will
significantly impact our findings.
Last, although the NDSS
provides the largest dataset for
people with diagnosed diabetes,
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our findings are limited by a
lack of covariates in the dataset.
Therefore, we were unable to
explore the extent to which
improvements in quality of
care, medical treatments, and/
or self-management behaviours
contributed to the reductions in
mortality over time.

of the Australian Government
administered by Diabetes Australia
since 1987. Mortality data were
sourced from the National Death
Index, a database, housed at the
Australian Institute of Welfare,
which contains records of all
deaths registered in Australia since
1980.
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Figure Legends
Figure
1
Age-standardised
mortality rates in people with
type 1 (A) and type 2 (B) diabetes
between 2000 and 2011. Note:
Rates were standardised to the
2001
Australian
population.
*ptrend<0.05
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%
change
20002011†

CVD

All-cause

Men

Cancer

Diabetes

CVD

3.41

5.15

0.11
1.17
7.49

0.23
1.27
5.14

0.17
1.63
7.33

0.14
1.23

5.37

0.68
1.74

0.14
2.94

0.23
3.29

5.12

0.21
1.47

4.72

0.64
2.27

5.92

0.13
1.23

5.10

0.75
2.15

11.42 8.06

0.27
2.75

4.46

0.25
1.51

4.88

0.69
1.73

7.81

0.10
2.32

3.76

0.13
1.21

4.24

0.55
1.65

9.09

0.25
1.77

-48.00

-27.80
-16.60

-0.03 (-0.05, -0.02) -8.30
-0.02( -0.03, -0.01) -21.60

-0.03 (-0.08, 0.02)

-0.05 (-0.11, 0.01)
-0.01 (-0.03, 0.02)

-0.10 (-0.14, -0.05) -70.70

-0.01 (-0.04, 0.03) -16.70
-0.02 (-0.05, -0.00) -27.00

-0.11 (-0.14, -0.08) -64.10

-0.08 (-0.13, -0.03) -40.10
-0.04 (-0.06, -0.02) -49.40

0.36
4.04

0.46
3.55

0.22
4.46

0.49
3.38

0.11
4.19

25.30 22.94 27.69 25.34 18.03 12.98 12.83 8.46

0.36
4.05

60-85

0.56
5.17

0.44
4.32

0-40
40-60

0.40
4.11
14.01 8.60

0.21
3.94

9.72

0.15
3.21

-0.06 (-0.12, 0.01) -13.60
-0.03 (-0.06, -0.01) -43.30
10.19 -0.10 (-0.14, -0.06) -59.70

0.38
2.45

75.91 40.79 55.37 64.10 44.07 38.23 32.90 29.19 31.44 24.95 27.95 29.07 -0.08 (-0.10, -0.05) -61.80

4.97

0.29
1.42

4.50

0.55
2.06

0.36
2.35

60-85

1.47

0.41
1.56

0.51
2.11

10.30 5.83

0.57
2.23

0.23
3.28

2.65 3.89 3.21 2.25 3.28 2.47 2.69 2.08 2.68 2.90 2.29 2.43
11.86 13.67 12.02 12.25 11.03 12.66 11.98 11.75 12.45 10.61 11.22 9.30

7.23

60-85

0.24
1.43

8.53

0.64
2.31

0.37
3.02

0-40
40-60

0.18
1.45

0-40
40-60

14.45 11.74 9.95

0.77
2.12

60-85

0.69
2.55

0.66
2.26

0-40
40-60

0.29
3.31

25.29 26.41 26.12 20.47 16.02 12.48 12.85 9.77

0.27
3.17

60-85

0.48
3.82

0.42
3.50

61.43 46.96 52.23 51.18 42.34 33.71 31.49 28.82 27.75 24.35 25.95 26.31 -0.08 (-0.09, -0.06) -57.20

0-40
40-60

60-85

Age
Annual change in
group 2000 2001 2002 2003 2004 2005 2006 2007 2008 2009 2010 2011
rate (95%CI)
Men and women combined
All-cause 0-40
2.48 2.71 2.54 2.15 2.52 2.11 2.30 1.85 2.33 2.36 1.88 1.96 -0.03 (-0.04, -0.01) -21.00
40-60
10.00 10.94 10.21 10.41 9.79 10.03 9.55 9.36 10.16 9.24 8.73 7.41 -0.02 (-0.09, -0.06) -25.90

Year

<0.001

0.098
0.002

<0.001

0.032
0.006

0.247

0.116
0.541

<0.001

0.691
0.022

<0.001

0.003
<0.001

<0.001

0.006
<0.001

Ptrend

Table 1 All-cause, CVD, diabetes and cancer mortality rates between 2000 and 2011, by age group, among the total type 1 diabetes and in men and
women separately
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2.32
7.77

9.49

60-85

0-40
40-60

0.19
1.49

0-40
40-60

1.61
7.75

2.55

0.25
1.77

1.90
8.13

6.39

0.48
0.98

2.06
8.36

4.47

0.24
1.41

0.77
2.76

1.76
8.42

6.01

0.17
1.38

0.69
2.43

22.14 10.20 10.65 11.93 9.02

0.91
2.59

60-85

0.99
2.66

0.69
2.59

0-40
40-60

1.75
7.21

8.66

0.28
1.36

6.49

0.62
2.84

1.90
6.98

5.58

0.22
1.72

4.46

0.55
2.55

1.61
6.89

7.62

0.11
1.33

6.77

0.90
1.65

1.97
7.85

5.13

0.21
1.52

5.81

0.88
2.79

1.78
7.86

6.31

0.05
1.07

5.45

0.95
2.46

1.44
6.26

5.35

0.24
1.95

4.86

0.88
1.95

1.43
5.55

4.88

0.14
1.26

4.03

0.62
2.14

-10.10
-17.40

-48.60

-26.30
-15.40

-0.03 (-0.05, 0.00) -39.70
-0.02 (-0.04, -0.01) -28.80

-0.03 (-0.09, 0.03)

-0.07 (-0.15, 0.02)
0.00 (-0.03, 0.04)

-0.11 (-0.17, -0.06) -8.20

-0.00 (-0.04, 0.04)
-0.02 (-0.05, 0.01)

0.085
0.004

0.366

0.121
0.918

<0.001

0.948
0.124

60-85
42.13 55.33 47.83 33.89 40.02 27.54 29.56 28.31 22.75 23.55 23.25 22.64 -0.07 (-0.10, -0.04) -46.30
<0.001
CVD
0-40
0.41
0.40
0.17
0.23
0.28
0.23
0.22
0.17
0.33
0.05
0.05
0.11
-0.12 (-0.20, -0.03) -73.20
0.008
40-60
2.53
2.24
2.15
2.48
2.45
2.01
1.28
1.64
1.54
2.47
1.44
1.11
-0.05 (-0.08, -0.02) -56.10
0.001
60-85
25.28 31.12 23.91 13.95 13.34 11.80 12.89 11.55 7.89
7.34
5.24
7.64
-0.14 (-0.18, -0.09) -69.80
<0.001
Diabetes
0-40
0.64
0.40
0.63
0.52
0.45
0.40
0.56
0.44
0.38
0.54
0.48
0.48
-0.02 (-0.07, 0.04)
-25.00
0.576
40-60
1.87
2.41
1.60
1.81
2.01
1.32
1.54
1.84
1.74
1.84
1.50
1.17
-0.03 (-0.06, 0.00)
-37.40
0.081
60-85
4.21
13.83 8.97
3.99
12.01 4.92
4.55
3.47
3.25
4.63
4.91
4.53
-0.07 (-0.14, 0.01)
7.60*
0.073
Cancer
0-40
0.17
0.23
0.35
0.34
0.06
0.17
0.11
0.17
0.22
0.22
0.27
0.11
-0.03 (-0.12, 0.06)
-78.70
0.511
40-60
1.41
1.03
2.23
1.43
0.94
1.18
1.54
1.12
1.42
1.39
1.06
1.17
-0.02 (-0.06, 0.02)
-17.00
0.311
60-85
4.21
0.00
2.99
1.99
4.00
5.90
4.55
6.93
5.11
5.41
3.27
2.26
-0.03 (-0.11, 0.05)
-46.30
0.467
†% change is calculated as: (2000 rate– 2011 rate)/2000 rate*100. A nega ve percent change indicates a decline in rate between 2000 and 2011. *Indicates an
increase in mortality rate between 2000 and 2011

All-cause

Women

Cancer

Diabetes
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2.48
7.69

14.60

53.41

78.20
0.42
2.18

6.15

18.69

39.10
0.66
1.73

3.33

16.02

11.17
0.18
1.47

1.41

10.68

All-cause 0-40
40-50

50-60

60-70

70-85
0-40
40-50

50-60

60-70

70-85
Diabetes 0-40
40-50

50-60

60-70

70-85
0-40
40-50

50-60

60-70

0.00

1.97

22.96
0.24
1.12

6.47

3.94

45.92
0.69
1.75

17.25

6.01

87.25
0.48
2.56

28.04

16.18

2.71
7.94

2001

3.66

2.77

15.50
0.41
0.79

7.33

2.87

58.12
0.77
1.65

10.99

4.21

112.3
0.27
2.50

23.81

14.44

2.54
7.51

2002

3.37

1.82

21.21
0.29
1.14

4.50

2.78

45.96
0.64
1.99

12.37

5.12

120.1
0.29
2.05

29.23

14.23

2.15
7.76

2003

2.76

1.46

16.85
0.11
0.95

8.96

3.17

33.70
0.57
1.54

12.40

4.72

94.37
0.37
1.78

31.70

13.34

2.52
7.19

2004

5.73

2.00

22.79
0.23
0.71

3.34

2.00

35.81
0.51
2.18

9.07

4.93

113.9
0.23
2.01

21.95

13.25

2.11
7.56

2005

5.01

2.43

12.50
0.17
1.00

3.58

2.35

46.86
0.55
1.83

8.95

3.67

87.48
0.36
1.30

25.07

12.79

2.30
6.95

2006

6.65

1.79

17.91
0.14
0.76

4.26

2.22

32.84
0.68
1.35

7.71

4.09

89.56
0.14
2.00

23.41

12.19

1.85
7.04

2007

4.23

2.32

22.90
0.21
0.76

3.38

3.09

28.63
0.64
1.58

10.15

4.14

77.29
0.27
1.58

24.10

14.46

2.33
6.57

2008

4.90

1.58

22.25
0.13
0.94

4.02

2.82

30.59
0.75
1.58

6.65

4.53

86.22
0.23
2.23

20.46

12.71

2.36
6.27

2009

4.42

2.23

18.39
0.25
0.88

4.12

1.76

34.15
0.69
1.70

6.33

3.51

89.32
0.10
1.29

22.39

11.68

1.88
6.17

2010

3.83

1.93

21.71
0.13
0.59

3.32

2.13

24.12
0.55
1.23

8.30

2.66

69.96
0.25
1.00

24.00

9.77

1.96
5.33

2011

-0.01 (-0.07, 0.04)

0.00 (-0.03, 0.04)

0.02 (-0.05, 0.09)
-0.05 (-0.11, 0.01)
-0.05 (-0.09, -0.01)

-0.08 (-0.13, -0.03)

-0.04 (-0.08, -0.01)

-0.06 (-0.10, -0.01)
-0.01 (-0.04, 0.03)
-0.02 (-0.05, 0.01)

-0.09 (-0.12, -0.06)

-0.05 (-0.07, -0.02)

-0.03 (-0.06, 0.00)
-0.08 (-0.13, -0.03)
-0.05 (-0.08, -0.03)

-0.05 (-0.07, -0.03)

-0.03 (-0.04, -0.01)

-0.03 (-0.04, -0.01)
-0.03 (-0.04, -0.01)

Annual change in
rate (95%CI)

-64.14

36.78*

94.33*
-27.78
-60.28

-79.28

-36.15

-38.31
-16.67
-28.94

-55.60

-56.77

-10.54
-40.48
-54.32

-55.05

-33.10

-20.97
-30.72

%
change
20002011†

0.646

0.818

0.576
0.116
0.023

0.003

0.006

0.03
0.691
0.252

<0.001

<0.001

0.098
0.003
0.001

<0.001

<0.001

0.006
0.001

Ptrend

70-85
0.00
4.59
7.75
3.54 16.85 19.53 6.25 14.93 17.18 22.25 5.25
2.41
0.03 (-0.06, 0.13)
0.00
0.511
†% change is calculated as: (2000 rate– 2011 rate)/2000 rate*100. A negative percent change indicates a decline in rate between 2000 and 2011. *Indicates
an increase in mortality rate between 2000 and 2011

Cancer

CVD

2000

Age
group

Year

Table 2 All-cause, CVD, diabetes and cancer mortality rates between 2000 and 2011 among type 1 diabetes in smaller age-groups
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Diabetes

CVD

Men
All-cause

Cancer

Diabetes

CVD

5.03
8.59

3.28
8.53

3.59
8.17

3.99
7.54

3.10
8.14

2.49
7.92

4.07
7.76

2.89
8.02

4.87
7.17

0.00
0.90

4.33

0-40
40-60

60-85

4.37

0.17
0.81

4.17

0.31
0.46

3.95

0.98
0.49
3.88

0.39
0.50
3.55

0.37
0.43

3.60

0.35
0.47

3.65

0.55
0.48

3.66

0.21
0.43

3.46

0.49
0.49

2.86

0.09
0.44

2.71

0.34
0.31

-0.04 (-0.04, -0.03)

-0.01 (-0.11, 0.08)
-0.06 (-0.09, -0.04)

<0.001
0.775
<0.001

-47.10
n/a
-65.90

<0.001

<0.001

-48.93

-37.41

0.058

<0.001

0.425
<0.001

<0.001

<0.001
0.004
<0.001

<0.001
0.922
<0.001

0.558
<0.001

-25.09

-23.06

3.98
8.55

-13.53

-36.21
179.38*
-23.62

-45.13
252.82*
-58.51

32.34*
-51.28

60-85 48.18 46.49 45.77 44.57 43.78 42.84 42.30 42.21 42.45 41.52 39.97 37.07 -0.02 (-0.02, -0.02)
0-40
-0.09 (-0.018,
0.57 0.68 1.07 0.42 0.26 0.37 0.23 0.44 0.31 0.19 0.27
0.43
0.00)
40-60 3.15 2.86 2.59 2.46 2.29 2.16 2.01 1.96 2.04 1.84 1.97
1.61 -0.05 (-0.06, -0.04)
60-85 17.91 16.85 16.07 15.78 14.93 13.92 13.17 12.60 12.64 12.13 10.90 9.47 -0.05 (-0.05, -0.05)

2.72
8.83

-0.02 (-0.08, 0.05)
-0.05 (-0.06, -0.04)

82.96*
-25.07

2.66
9.57

0.19
1.38

0.01 (-0.02, 0.04)
-0.02 (-0.02, -0.01)

0-40
40-60

0.31
1.42

-0.01 (-0.01, -0.00)

0.35
1.36

9.03

0.27
1.49

-0.03 (-0.03, -0.03)
0.08 (0.03, 0.14)
-0.03 (-0.04, -0.02)

0.23
1.63

2.78
0.71
2.02

0.16
1.65

-0.05 (-0.05, -0.05)
0.00 (-0.07, 0.08)
-0.05 (-0.07, -0.03)

0.31
1.86
9.17
0.15
0.31

0.40
1.84

60-85 16.72 16.36 15.14 14.90 14.26 13.09 12.43 12.00 12.14 11.57 10.83
0-40
0.04 0.04 0.08 0.35 0.19 0.27 0.31 0.19 0.16 0.27 0.08
40-60 0.75 0.71 0.42 0.37 0.41 0.40 0.41 0.46 0.42 0.40 0.42
60-85 4.35 4.09 4.01 3.82 3.92 3.72 3.70 3.75 3.89 3.60 3.09
0-40
0.26 0.25 0.24 0.47 0.12 0.19 0.50 0.19 0.54 0.58 0.46
40-60 2.65 2.70 2.82 2.76 2.72 2.53 2.41 2.49 2.36 2.34 2.08
60-85 10.44 10.56 10.37 10.55 10.52 10.52 10.71 10.59 10.61 10.57 10.44

0.21
2.28

0.23
1.16

0.17
2.38

0.23
1.43

0-40
40-60

Table 3 All-cause, CVD, diabetes and cancer mortality rates between 2000 and 2011, by age-group, among the total type 2 diabetes and in men and
women separately
%
Year
Annual change in change
ptrend
Age 2000 2001 2002 2003 2004 2005 2006 2007 2008 2009 2010 2011
rate (95%CI)
2000 and
group
2011†
Men and women combined
All-cause 0-40
1.49 1.19 1.72 2.20 1.83 2.09 2.48 1.90 2.13 2.48 2.48
3.50
0.05 (0.02, 0.07)
134.40*
<0.001
40-60 8.25 7.73 7.20 7.20 6.90 6.67 6.53 6.79 6.51 6.54 6.50
6.08 -0.02 (-0.02, -0.01) -26.29
<0.001
60-85 44.29 43.00 42.20 41.58 41.00 39.84 40.09 40.02 40.82 39.34 38.66 35.31 -0.01 (-0.02, -0.01) -20.27
<0.001
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0-40
40-60

1.15
6.57

0.71
6.35

0.92
5.52

1.09
5.52

0.84
2.98

1.22
4.95

0.13
3.08

1.41
4.88

0.37
2.89

1.73
5.36

0.82
2.51

1.25
5.23

0.22
2.75

1.92
4.90

0.41
2.69

1.42
5.13

1.07
2.46

2.18
4.76

0.63
2.31

2.42
4.82

0.09 (0.05, 0.12)
-0.02 (-0.03, -0.01)

-0.01 (0.01, -0.01)

0.61
3.10

60-85 12.61 12.81 12.54 12.30 12.44 12.69 12.40 12.46 12.42 12.42 12.36 10.68

0.34
2.78

0.08 (-0.00, 0.16)
-0.03 (-0.04, -0.02)

0.38
2.95

1.03
2.21

0-40
40-60

109.49*
-26.68

-15.33

169.65*
-24.82

<0.001
<0.001

<0.001

0.051
<0.001

60-85 40.08 39.22 38.31 38.33 37.97 36.55 37.66 37.58 38.99 36.87 37.18 33.29 -0.01 (-0.01,-0.01)
-16.95
<0.001
CVD
0-40
0.05 0.05 0.16 0.27 0.11 0.17 0.29 0.30 0.31 0.19 0.20
0.07
0.06 (-0.04, 0.15)
22.22*
0.254
40-60 1.40 1.56 0.92 1.13 0.89 1.01 0.87 0.66 0.71 0.85 0.82
0.64 -0.06 (-0.08, -0.04) -54.42
<0.001
60-85 15.43 15.84 14.13 13.95 13.53 12.18 11.61 11.33 11.58 10.93 10.74 8.82 -0.05 (-0.05, -0.04) -42.80
<0.001
Diabetes
0-40
0.05 0.00 0.00 0.11 0.11 0.23 0.29 0.00 0.12 0.13 0.07
0.00
0.03 (-0.09, 0.17)
-100.00
0.580
40-60 0.57 0.57 0.36 0.24 0.30 0.37 0.34 0.45 0.40 0.31 0.40
0.32 -0.02 (-0.05, 0.01)
-43.85
0.129
60-85 4.38 3.80 3.83 3.68 3.96 3.92 3.81 3.87 4.14 3.75 3.36
2.86 -0.02 (-0.03, -0.01) -34.82
<0.001
Cancer
0-40
0.22 0.22 0.11 0.33 0.11 0.11 0.35 0.18 0.62 0.26 0.33
0.47
0.09 (0.01, 0.16)
113.89*
0.030
40-60 2.27 2.59 2.46 2.49 2.30 2.10 2.29 2.19 1.99 2.21 1.80
1.80 -0.03 (-0.04, -0.02) -20.69
<0.001
60-85 8.09 8.12 8.02 8.63 8.43 8.13 8.86 8.51 8.57 8.49 8.24
7.13 -0.01 (-0.01, -0.00) -11.92
0.018
†% change is calculated as: (2000 rate– 2011 rate)/2000 rate*100. A negative percent change indicates a decline in rate between 2000 and 2011. *Indicates an increase in mortality rate between 2000 and 2011; n/a: % change cannot be estimated

Women
All-cause

Cancer
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6.79

6.64

6.36

3.18

0.19
1.19

5.56

6.18

2.89

0.50
1.42

5.49

1.24

6.45

3.05

0.19
1.35

5.56

1.27

0.54

6.24

2.96

0.54
1.15

5.89

1.13

0.47

0.16
0.31

6.00

2.97

0.58
1.07

5.35

1.19

0.46

0.27
0.28

5.76

2.56

0.46
1.08

4.77

0.77

0.50

0.08
0.27

5.31

2.47

0.71
1.09

4.21

0.78

0.34

0.15
0.25

2.84

13.21 13.67 13.38 13.39 13.42 13.58 14.01 13.61 13.79 13.90 13.81 11.70

6.46

3.35

0.12
1.44

5.80

1.23

0.46

0.19
0.30

3.35

70-85

6.59

3.39

0.47
1.47

5.59

1.41

0.49

0.31
0.30

3.63

1.44

6.98

3.53

0.24
1.35

5.83

1.48

0.47

0.27
0.23

3.89

1.78

60-70

3.27

0.25
1.49

5.93

1.63

0.46

0.19
0.28

4.10

1.67

0.23
0.58

3.43

6.07

70-85

1.74

0.51

0.35
0.19

4.02

1.73

0.23
0.72

50-60

2.21

60-70

0.93

0.08
0.21

4.71

1.62

0.19
0.78

0.26
0.98

0.99

50-60

0.04
0.24

5.05

1.68

0.31
0.79

0-40
40-50

0.04
0.25

0-40
40-50

5.59

1.91

0.35
0.82

24.43 24.22 22.37 21.95 21.14 19.27 18.54 17.75 18.14 17.34 16.22 13.72

5.74

1.97

0.27
1.10

70-85

6.33

2.25

0.23
1.06

7.10

2.32

0.16
1.01

7.18

60-70

3.00

0.31
1.06

7.64

3.50
3.79

3.00

0.40
0.86

7.64

2.48
4.18

2011

50-60

0.21
0.78

7.68

2.48
4.29

2010

0.17
1.06

8.02

2.13
4.14

2009

0-40
40-50

7.33

1.90
4.31

2008

62.76 61.49 60.43 59.07 58.48 56.96 57.62 57.13 59.09 56.93 56.33 51.09

7.89

2.48
4.90

2007

70-85

8.10

2.09
4.16

2006

21.28 19.38 18.46 18.44 17.59 16.62 15.99 16.53 15.70 15.14 14.22 13.37

8.51

1.83
4.46

2005

60-70

8.74

2.20
4.54

2004

10.29 9.55

1.72
4.04

2003

50-60

1.19
3.94

2002

1.49
3.89

2001

0-40
40-50

2000

% change
20002011†

-0.02 (-0.02, -0.02) -23.98
-0.00 (-0.01, -0.00) -11.47

0.08 (0.03, 0.14) 179.38*
-0.02 (-0.04, -0.00) -11.43*
-0.03 (-0.04, -0.02) -27.94

-0.08 (-0.08, -0.07) -64.70
-0.02 (-0.03, -0.02) -30.67

0.00 (-0.07, 0.08) 252.82*
0.02 (-0.03, 0.06) -2.58
-0.06 (-0.08, -0.04) -65.12

-0.08 (-0.09, -0.08) -60.07
-0.05 (-0.05, -0.04) -43.83

-0.02 (-0.08, 0.05) 32.34*
-0.04 (-0.06, -0.02) -45.80
-0.06 (-0.07, -0.05) -51.93

-0.04 (-0.04, -0.04) -37.18
-0.01 (-0.01, -0.01) -18.61

0.05 (0.02, 0.07) 134.40*
-0.00 (-0.01, 0.01) -2.58
-0.02 (-0.03, -0.02) -30.19

Annual change in
rate (95%CI)

0.001

<0.001

<0.001

0.004
0.023

<0.001

<0.001

<0.001

0.922
0.461

<0.001

<0.001

<0.001

0.558
0.001

<0.001

<0.001

<0.001

<0.001
0.64

Ptrend

†% change is calculated as: (2000 rate– 2011 rate)/2000 rate*100. A negative percent change indicates a decline in rate between 2000 and 2011. *Indicates
an increase in mortality rate between 2000 and 2011

Cancer

Diabetes

CVD

All-cause

Age
group

Year

Table 4 All-cause, CVD, diabetes and cancer mortality rates between 2000 and 2011 among type 2 diabetes in smaller age-groups
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17.7 (12.5, 22.8)

19.4 (14.2, 24.7)

20.0 (14.7, 25.3)

19.5 (14.3, 24.7)

18.7 (14.2, 23.3)

16.7 (12.2, 21.1)

17.7 (13.2, 22.3)

15.3 (11.1 19.2)

12.1 (9.6, 14.6)

15.2 (11.7, 18.7)

12.7 (9.5, 15.8)

2001

2002

2003

2004

2005

2006

2007

2008

2009

2010

2011

0.001

ptrend

0.001

-51.41

(-0.52, -0.19)

-0.35

3.4 (1.8, 5.0)

5.2 (2.8, 7.6)

3.8 (2.4, 5.3)

5.6 (2.6, 8.7)

6.1 (3.0, 9.3)

7.1 (4.0, 10.2)

6.4 (3.5, 9.3)

6.0 (2.8, 9.1)

6.4 (3.3, 9.5)

7.4 (4.0, 10.8)

9.0 (4.7, 13.3)

6.9 (3.3, 10.6)

CVD

0.014

-18.51

(-0.24, -0.03)

-0.14

3.4 (1.6, 5.1)

2.8 (1.5, 4.1)

3.0 (1.7, 4.3)

3.8 (1.4, 6.2)

3.1 (1.5, 4.6)

3.9 (0.9, 6.8)

4.7 (1.7, 7.8)

4.6 (1.7, 7.6)

3.3 (1.4, 5.1)

4.7 (1.4, 8.0)

4.6 (1.8, 7.4)

4.1 (1.4, 6.9)

Diabetes

0.481

-34.97

(-0.09, 0.17)

0.04

0.8 (0.5, 1.2)

1.7 (0.4, 3.0)

2.8 (1.4, 4.3)

2.4 (1.1, 3.7)

2.3 (1.3, 3.4)

1.5 (0.5, 2.4)

2.8 (1.3, 4.4)

2.1 (0.7, 3.6)

1.5 (0.3, 2.7)

1.9 (0.4, 3.4)

0.9 (0.1, 1.6)

1.3 (0.5, 2.1)

Cancer

<0.001

-17.91

(-0.25, -0.11)

-0.18

7.9 (7.4, 8.5)

8.1 (7.8, 8.4)

8.3 (8.0, 8.5)

8.5 (8.2, 8.8)

8.3 (8.1, 8.6)

8.9 (8.3, 9.4)

8.9 (8.0, 9.7)

8.9 (8.4, 9.5)

9.1 (8.7, 9.4)

9.1 (8.8, 9.3)

10.6 (8.7, 12.5)

9.7 (9.4, 9.9)

All-cause

<0.001

-51.72

(-0.16, -0.13)

-0.15

1.7 (1.6, 1.7)

2.0 (1.9, 2.1)

2.1 (2.0, 2.2)

2.2 (2.2, 2.3)

2.2 (2.2, 2.3)

2.4 (2.3, 2.4)

2.5 (2.4, 2.6)

2.7 (2.6, 2.8)

2.9 (2.8, 3.0)

3.0 (2.9, 3.1)

3.3 (3.2, 3.4)

3.4 (3.3, 3.5)

CVD

<0.001

-38.53

(-0.03, -0.02)

-0.03

0.6 (0.4, 0.7)

0.6 (0.5, 0.6)

0.7 (0.6, 0.8)

0.7 (0.7, 0.8)

0.7 (0.7, 0.8)

0.8 (0.6, 1.0)

0.8 (0.7, 0.9)

0.8 (0.7, 0.8)

0.8 (0.7, 0.8)

0.8 (0.7, 0.8)

0.9 (0.8, 0.9)

0.9 (0.9, 1.0)

Diabetes

Type 2 diabetes

0.352

-10.3

(-0.04, 0.02)

-0.01

2.1 (1.9, 2.2)

2.2 (2.1, 2.4)

2.4 (2.2, 2.5)

2.4 (2.2, 2.6)

2.3 (2.2, 2.5)

2.6 (2.1, 3.0)

2.7 (1.8, 3.5)

2.3 (2.2, 2.4)

2.4 (2.3, 2.5)

2.3 (2.2, 2.4)

2.4 (2.3, 2.5)

2.3 (2.2, 2.4)

Cancer

†% change is calculated as: (2000 rate– 2011 rate)/2000 rate*100. A negative percent change indicates a decline in rate between 2000 and 2011.

-33.48

(-0.91, -0.31)

% change†

(95%CI)

Annual
-0.61
change in rate

19.0 (13.3, 24.8)

All-cause

2000

Year

Type 1 diabetes

Supplementary Table 1 Age-standardised all-cause, CVD, diabetes and cancer mortality rates (95%CI) between 2000 and 2011 according to type of diabetes
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CHAPTER 4
Cancer Risk in Type 1 and Type 2 Diabetes: Disentangling True Associations,
Detection Bias and Reverse Causation

In Chapter 3.1 we observed an increasing proportion of deaths attributable to cancer among people with
diabetes, likely due, at least in part, to large reductions in cardiovascular disease (CVD) mortality and smaller
reductions (and/or stability) in cancer mortality rates over time among people with type 1 and type 2 diabetes.
There is also a large body of research suggesting that people with type 2 diabetes are at increased risk for several
types of cancer including pancreas, liver, endometrium, breast and colorectal cancers. For type 1 diabetes, rare
cancer outcomes and cancer mortality, studies are often limited by small sample sizes that cannot reliably
explore associations between these rare diseases.
A number of potential explanations exist for the observed association between diabetes and cancer. Most
notable are shared risk factors such as smoking and obesity; and biologically plausible relationships, including
metabolic derangements such as insulin resistance. However, it is also possible that the observed risk for diabetes
and cancer may be due to challenges in the way previous research was conducted or interpreted. For example,
detection bias has been suggested as a plausible explanation, at least in part, for the observed associations
between diabetes and cancer risk. Detection bias may occur when cancer is more likely to be observed among
newly diagnosed diabetes compared with those without diabetes, simply due to more attention and interaction
with the health care system as a result of the new diagnosis. It is also possible, particularly for pancreatic
cancer, that reverse causation may explain some of this excess risk whereby dysfunction in insulin secretion as
a consequence of tumour growth may be sufficient to induce hyperglycaemia.
To explore associations of type 1 diabetes and type 2 diabetes with cancer while reducing the potential impact
of methodological challenges such as detection bias and reverse causation, we need extremely large population
datasets. Registry-based data, therefore, provides a unique opportunity to explore these associations.
Using the National Diabetes Service Scheme (NDSS) registry, we report here the excess risk of site-specific cancer
incidence and mortality among people with type 1 and type 2 diabetes, compared with the general Australian
population. Additionally, we explore the potential contribution of detection bias and reverse causation to these
observed risk estimates. This original research article was published in Diabetes Care in February 2015. An
erratum to this work, similarly mentioned in Chapter 3, was published thereafter and this is also included at the
end of this chapter. A detailed discussion pertaining to the unique association between diabetes and pancreatic
cancer was also published in Diabetes Management Journal, 2015, Appendix 1.
The main finding from this work is that people with type 1 and type 2 diabetes have similar increased risks for
a number of site-specific cancers, as compared with the general population. This is important as type 1 and
type 2 diabetes have different disease aetiologies with respect to insulin availability, yet similar risk estimates
for cancer, and this knowledge may therefore help disentangle underlying causal pathways. For example, data
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presented in this paper suggest that hyperglycaemia (common to both type 1 and type 2 diabetes) may be
the causal pathway linking diabetes and cancer and not endogenous hyperinsulinaemia (found only in type 2)
as has previously been hypothesised. This suggests that management of hyperglycaemia in diabetes patients
may be key to cancer prevention.
In addition, by comparing incidence and mortality risk in time segments within two years of diabetes diagnosis,
we were able to minimise the impact of detection bias and reverse causation on the excess risk of cancer
among people with diabetes. This finding is of particular relevance to other researchers in this field to ensure
they take into account other possible reasons for their findings. Collectively, these findings suggest that
screening for cancers in diabetes patients, according to standard protocols for the general population, should
be emphasised in clinical practice as early detection will be key to preventing premature mortality from cancer.
It is also likely that the prevention of key risk factors such as smoking, obesity, physical inactivity and poor diet
will be important in the prevention of cancer, though the extent to which these risk factors contribute to the
observed associations between diabetes and cancer could not be explored in this Chapter.
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OBJECTIVE

Evidence indicates an increased risk of certain cancers among people with type 2
diabetes. Evidence for rarer cancers and for type 1 diabetes is limited. We explored the excess risk of site-speciﬁc cancer incidence and mortality among people with type 1 and type 2 diabetes, compared with the general Australian
population.
RESEARCH DESIGN AND METHODS

Registrants of a national diabetes registry (953,382) between 1997 and 2008 were
linked to national death and cancer registries. Standardized incidence and mortality ratios (SIRs/SMRs) are reported.
RESULTS

For type 1 diabetes, signiﬁcant elevated SIRs were observed for pancreas, liver,
esophagus, colon and rectum (females only [F]), stomach (F), thyroid (F), brain (F),
lung (F), endometrium, and ovary, and decreased SIRs were observed for prostate
in males. Signiﬁcantly increased SMRs were observed for pancreas, liver, and
kidney (males only), non-Hodgkin’s lymphoma, brain (F), and endometrium. For
type 2 diabetes, signiﬁcant SIRs were observed for almost all site-speciﬁc cancers,
with highest SIRs observed for liver and pancreas, and decreased risks for prostate
and melanoma. Signiﬁcant SMRs were observed for liver, pancreas, kidney, Hodgkin’s lymphoma, gallbladder (F), stomach (F), and non-Hodgkin’s lymphoma (F).
Cancer risk was signiﬁcantly elevated throughout follow-up time but was higher in
the ﬁrst 3 months postregistration, suggesting the presence of detection bias and/
or reverse causation.
CONCLUSIONS

Type 1 and type 2 diabetes are associated with an excess risk of incidence and
mortality for overall and a number of site-speciﬁc cancers, and this is only partially
explained by bias. We suggest that screening for cancers in diabetic patients is
important.
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There is now a large body of evidence
indicating a strong and consistent increased risk of incident cancer associated
with diabetes (1). For type 2 diabetes, the
strength of the association depends on
the speciﬁc cancer site, with the strongest
relationships observed for liver and pancreatic cancers, followed by endometrial,
postmenopausal breast, colorectal, bladder, non-Hodgkin’s lymphoma, and kidney cancer (2). For stomach cancer,
there was an increased risk in a Japanese
population (3), but it is not known if this
extends to other populations, most of
which have a much lower incidence of
stomach cancer. The literature also consistently demonstrates a 10–20% decreased risk of prostate cancer among
men with diabetes, due, in part, to the
reduced levels of circulating testosterone levels in these individuals (4). For
other, rarer malignancies, the number
of studies is small, and more importantly, they usually lack adequate power
to reliably explore these associations.
Similarly, for studies of cancer mortality,
positive associations have been shown
for cancers of the pancreas, liver, colon
and rectum, and bladder (5). However
there is little data for mortality of rare
cancer outcomes.
For type 1 diabetes, evidence is limited and variable. Cohort studies have
shown a 10–37% increased risk for the
incidence of all cancers combined,
whereas case-control studies showed
no association (6). Studies are rarely
large enough to explore site-speciﬁc
cancer incidence. However, there is evidence to suggest an increased risk for
cancers of the pancreas, liver, and stomach (6). The evidence of cancer-speciﬁc
mortality among type 1 diabetic cohorts
is even more limited.
Hyperglycemia, insulin resistance,
hyperinsulinemia, and the effects of
treatment for diabetes have all been suggested as possible mechanisms for
cancer risk (7). Since insulin resistance
and hyperinsulinemia are much more
prominent in type 2 than type 1 diabetes, although hyperglycemia is more
similar between the two, investigating
both diabetes types may shed light on
the likely mechanistic pathway. It has
also been argued that the observed associations could be due to biases not
adequately addressed by the majority
of previous studies. Reverse causality is
possible, particularly for pancreatic cancer,
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whereby dysfunction in insulin secretion
as a consequence of tumor growth may
be sufﬁcient to induce hyperglycemia
(2). Detection bias might also exist due
to increased disease surveillance among
diabetic patients, particularly in the period shortly after diabetes diagnosis (8).
Finally, nonspeciﬁc systemic symptoms
from a cancer may lead to earlier detection of diabetes, which also contributes
to a relative overrepresentation of people with undiagnosed cancers among
newly diagnosed diabetic patients.
We used an Australian diabetes register to investigate associations of diabetes and cancer. We also explored whether
these estimates are impacted by reverse
causation and detection bias.
RESEARCH DESIGN AND METHODS
Data Sources

The National Diabetes Services Scheme
(NDSS) is an Australian government
initiative established in 1987 to deliver
diabetes-related products at subsidized
prices and provide information to people with diabetes. Registration of patients is free and is completed by a
medical practitioner or credentialed diabetes nurse educator. The NDSS captures 80–90% of all Australians with
known diabetes (9).
We included all individuals with type 1
or type 2 diabetes who were on the
NDSS between 1 January 1997 and 31
December 2008. The year 1997 was chosen as the start date, as this time
followed a uniﬁcation of state-based
registries as well as an improvement in
data quality. Diabetes type is classiﬁed
by the health practitioner completing
registration. However, for the current
study, type 1 diabetes status was assigned to registrants who were classiﬁed
as type 1 on the NDSS and were diagnosed before the age of 30 years, and
the time between diagnosis date and
date of ﬁrst insulin use was ,1 year.
For those missing data on date of diagnosis (59.1% type 1 diabetes and 36.1%
type 2 diabetes) or insulin initiation date
(many of whom registered in the early
years of the operation of the NDSS and
had had diabetes for a number of years),
we classiﬁed people as type 1 if they
were recorded as type 1 on the registry,
were taking insulin, and were registered
at #45 years of age. We chose 45 years
as the cutoff to minimize the number
of people with type 1 diabetes that we

would miss, without misclassifying signiﬁcant numbers of people with type 2
as type 1 (10). All others were classiﬁed
as type 2 diabetic.
The Australian Cancer Database (ACD)
is a register of all primary, malignant cancers diagnosed in Australia since 1982. It
is a statutory requirement to notify the
registry of all cases of malignant neoplasms. Only the ﬁrst occurrence of a
site-speciﬁc cancer is recorded; recurrences and metastases are not. All recorded cancers were coded according
to the ICD-10.
Data Linkage

The NDSS was linked to the National
Death Index (NDI) and the ACD, using
data up to and including 31 December
2008. NDI and ACD data beyond this
date were not available at the time of
linkage. Linkage was performed by the
Australian Institute of Health and Welfare (AIHW) using ﬁrst name, second
name, last name, sex, and date of birth
(11). The record linkage methodology
assigns each compared pair of records a
record pair comparison weight. Based on
clerical review of a sample of these links,
it is expected that links with a weighting
of low, medium, and high correspond to a
link accuracy (positive predictive value) of
96.75, 98.97, and 99.90%, respectively.
For this study, we chose a medium cutoff
point with a predictive value of 98.97%
as this has shown to be a reliable cutoff
in other, similar studies (12).
Statistical Analysis

Individuals were followed from 1 January 1997, or registration date if thereafter, to 31 December 2008, date of death,
and date of event (death or cancer occurrence). Incidence of cancer was deﬁned as the ﬁrst occurrence of cancer, or
death from cancer if that was the ﬁrst
time the cancer had been reported. For
“overall cancer incidence,” only the ﬁrst
reported cancer was included. Anyone
with a previous nonfatal cancer diagnosis between 1982 and either 1997 or
date of NDSS registration (whichever
was the later) was excluded (n =
33,621). Observed cancer incidence
and mortality rates by single calendar
year, 5-year age-group, and sex were
calculated among people with diabetes, to match the format of the available cancer incidence and mortality
rates in the general population. Given
that deaths at older ages can be
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difﬁcult to attribute to a single cause,
we only analyzed follow-up until age 75
years.
Cancer incidence and mortality in the
diabetic population was compared with
the general Australian population using
standardized incidence ratio (SIR) and
mortality ratio (SMR), stratiﬁed by sex.
The SIR/SMRs were computed by
ﬁtting a Poisson model for the number
of events using the log of the expected
number of events as offset. The expected number of events was computed
using published cancer incidence and
mortality rates as provided by AIHW.
SIR/SMR estimates for breast cancer
were calculated for total breast cancer
and then stratiﬁed by pre- and postmenopausal status using age 50 years as a
proxy for menopausal status.
To explore the possibility of detection
bias and reverse causality, we split the
follow-up time (for both incidence and
mortality) into different time periods
following NDSS registration date, at 3,
6, 12, and 24 months, and estimated
separate rate ratios for each of the intervals. Time since NDSS registration
was subdivided into intervals that were
small shortly after diagnosis and longer
later. This was motivated by other studies (8,13) that have shown a substantial
variation in the hazard ratio by time
since diabetes diagnosis, particularly
shortly after diagnosis. This analysis
was done among the total type 2 diabetic population (to increase power)
and for cancers with an adequate number of outcomes. The number of cancer
outcomes among type 1 diabetes was
too low to split by follow-up time.
All analyses were done using STATA
version 12.1 (StataCorp, College Station,
TX). This study was approved by the
Alfred Health Human Ethics Committee
and the AIHW Ethics Committee.
RESULTS

This study included 953,382 NDSS registrants, 80,676 (8.5%) with type 1 diabetes and 872,706 (91.5%) with type 2
diabetes, whose baseline characteristics
and total cancer outcomes are described in Table 1.
Figure 1A shows the overall SIRs for
type 1 diabetes. For all cancers combined, the SIRs (95% CIs) were 1.02
(0.96–1.09) and 1.10 (1.04–1.17) for
males and females, respectively. Among
females, there were signiﬁcant excess
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Table 1—Descriptive characteristics of the NDSS population, 1997–2008
Type 1 diabetes

Type 2 diabetes

80,676

872,706

Males (%)

52.1

53.2

Median follow-up time (years)

12.0

5.8

Insulin use (%)

100

32.4

Age at diagnosisa

21.6 (11.6, 32.4)

59.5 (50.2, 69.2)

Age at registrationa

27.4 (15.1, 36.6)

60.4 (51.1, 69.7)

2,079

70,406

593

26,333

n

Cancer (n)
Cancer deaths (n)
a

Median (25th, 75th percentiles).

risks for cancers of the pancreas, liver,
esophagus, colon and rectum, stomach,
thyroid, brain, lung, ovary, and endometrium. The SIRs in males were generally
increased for the same cancers, but
fewer were signiﬁcant, and a decreased
risk for prostate cancer was also observed. For type 2 diabetes, SIRs for all
cancers combined were 1.08 (1.07–
1.09) and 1.22 (1.20–1.23) among males
and females, respectively (Fig. 1B). Signiﬁcant SIRs were observed for all cancers, excluding brain, anal (females),
and testicular cancers, and esophageal
cancer (females). Signiﬁcant decreased
risks were also observed for melanoma
and prostate cancers. The highest excess risks were observed for cancers of
the liver and pancreas. SIR values for
type 1 and type 2 diabetes are detailed
in Supplementary Tables 1 and 3 (for
total population).
For type 1 diabetes, no signiﬁcant SIRs
were seen for all breast cancers combined or premenopausal breast cancer
(data not shown). For type 2 diabetes,
signiﬁcant SIRs were seen for all breast
cancers combined (data not shown) and
postmenopausal breast cancer, but not
premenopausal cancer. As the majority
of breast cancer cases occurred after
menopause, all subsequent results refer
only to postmenopausal breast cancer.
Figure 2A shows overall SMRs for
type 1 diabetes. For all cancers combined, the SMRs (95% CIs) were 1.19
(1.07–1.33) and 1.32 (1.17–1.49) for
males and females, respectively. Significant SMRs were observed for cancers of
the pancreas and liver, non-Hodgkin’s
lymphoma, and cancers of the kidney
(males only) and brain (females only)
and endometrial cancers. For type 2
diabetes, SMRs for all cancers combined were 1.03 (1.01–1.04) and 1.13
(1.11–1.15) among males and females,

respectively (Fig. 2B). Signiﬁcant SMRs
were observed for cancers of the pancreas, liver, and kidney and Hodgkin’s
lymphoma. Signiﬁcant SMRs were also
observed for stomach, gallbladder, and
non-Hodgkin’s lymphoma among females only. SMR estimates are detailed
in Supplementary Tables 2 and 3 (total
population).
To explore the contribution of reverse
causation and detection bias, we calculated SIRs and SMRs in type 2 diabetes
over time. For SIRs, there was a clear
elevation in risk for all cancer, and
each site-speciﬁc cancer within the ﬁrst
3 months of NDSS registration (Fig. 3A
and Supplementary Table 4). Over time,
excess risks reduced but remained
signiﬁcantly higher than the general
population for all cancer, pancreas,
liver, colon and rectum, kidney, bladder,
non-Hodgkin’s lymphoma, thyroid,
breast, and endometrial cancers. Additionally, SIRs for prostate cancer were
elevated in the ﬁrst 3 months, but
this became a signiﬁcantly decreased
risk from 12–24 months after NDSS
registration.
For SMRs, there were no differences
in estimates across different time periods following NDSS registration for all
cancer, non-Hodgkin’s lymphoma, and
prostate and breast cancers (Fig. 3B
and Supplementary Table 5). For kidney,
colon and rectum, bladder, and lung
cancers, point estimates in the early
time periods following NDSS registration were protective. As time after
NDSS registration increased, SMR estimates approached the null, and for kidney cancer were signiﬁcantly elevated.
For liver cancer, there was no increased
risk of mortality within 3 months of
NDSS registration, but there was a stable, elevated SMR from 3 months onwards. Last, for thyroid and pancreatic
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Figure 1—SIRs in males and females with type 1 (A) and type 2 (B) diabetes compared with the general population, 1997–2008.

cancers, early SMR estimates were high,
and these became lower as time progressed but remained elevated relative
to the general population.
Separate sensitivity analyses using
NDI cutoffs with linkage rates of 99.9

and 96.75%, and using a cutoff date of
age ,40 years at registration for classiﬁcation as type 1 diabetes among those
missing data on age at diagnosis, did not
change the overall pattern of results
(data not shown).

CONCLUSIONS

In this study, we found excess risks of
incidence and mortality for a number
of cancers among both type 1 and
type 2 diabetes, with the highest excess
risks observed for pancreas, liver,

Figure 2—SMRs in males and females with type 1 (A) and type 2 (B) diabetes compared with the general population, 1997–2008.
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Figure 3—SIR (A) and SMR (B) at each site in the type 2 diabetic cohort compared with the general population, for different time periods following
NDSS registration date.

endometrium, kidney, thyroid, chronic
myeloid leukemia, and gallbladder cancers. Detection bias and/or reverse causation appear to explain some, but not
all, of this excess risk, which often remains beyond 2 years after NDSS registration date.
Comparison With the Literature

Risk estimates for type 1 and type 2 diabetes in this study are lower compared
with ﬁndings from other studies. A registrybased study in Denmark reported incident rate ratios for overall cancer of
1.2 and 1.4 for noninsulin and insulin
users, respectively (13). Signiﬁcant associations were also observed in that
study for liver, pancreas, stomach, kidney, colon and rectum, endometrium,
and lymphoma cancers, with rate ratios
in the insulin group generally higher
than the noninsulin group. Our lower
estimates relative to this study may be
attributed to the use of national population rates as the comparator (rather
than a nondiabetic population). SIR estimates for type 2 diabetes obtained in
our study are also comparable to previous meta-analyses performed on sitespeciﬁc cancer incidence (4,14–20). We
add to the current literature around
type 2 diabetes and cancer incidence
more precise risk estimates for some

of the less common cancers. Our ﬁnding
of a reduced risk of prostate cancer in
type 1 diabetes suggests that factors
other than obesity-induced low testosterone levels are responsible for the
observation.
For cancer mortality outcomes in type
2 diabetes, estimates for all cancer, pancreas, liver, and bladder are similar to
previous studies (21–24). We additionally show signiﬁcant excess risks for
mortality from cancers of the kidney,
stomach, gallbladder, and endometrium, non-Hodgkin’s lymphoma, and
Hodgkin’s lymphoma, which have previously not been shown. This study is one
of the ﬁrst studies to explore site-speciﬁc
cancer mortality in type 1 diabetes. Estimates of risk were similar to those for
type 2 diabetes, but fewer individual
cancer types were signiﬁcant. The lack
of signiﬁcant ﬁndings for type 1 diabetes
and site-speciﬁc cancer mortality highlights the difﬁculty in assessing these
relationships given the rarity of both of
these conditions, the potentially long
time lag between diabetes diagnosis
and cancer death, and thus the need
for extremely large cohort studies to explore these associations. Additionally, it
should be noted that this is one of the
ﬁrst analyses of diabetes and cancer
mortality whereby incident cancers

were excluded prior to NDSS registration. Excluding prior incident cancers
helps to disentangle the temporal association between diabetes and cancer incidence (and subsequent mortality).
Few studies to date have addressed
the temporal relations between diabetes and cancer risk. A study by Johnson
et al. (8) in Canada found a substantial
degree of detection bias in the diabetic
population, with elevated rate ratios reported in the ﬁrst 3 months after diabetes diagnosis for all site-speciﬁc cancers,
as did a Danish study (13). We also observed an initial elevated excess risk of
cancer incidence at the time of NDSS
registration, which fell over time but
remained signiﬁcantly elevated beyond
2 years for all but lung and prostate cancer. Even prostate cancer, for which diabetes is protective, had an increased
SIR in the ﬁrst 3 months. The SIRs clearly
point toward increased cancer screening within the ﬁrst few months of diabetes diagnosis due to increased medical
attention, subsequently leading to earlier detection of any present and previously undiagnosed cancer, but also
show the persistence of the relationship
over time.
We noted three patterns of risk when
modeling SMRs over time. The ﬁrst, for
bladder, lung, and colorectal cancers,
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showed a protective SMR in the ﬁrst few
months after NDSS registration, which
then became null over time. The low
mortality risk in the ﬁrst 3 months suggests either that diabetes diagnosis improves short-term cancer survival or
that people with advanced cancer are
less likely to appear on the NDSS. The
latter is much more likely and could be
due to weight loss reducing diabetes incidence or to a reluctance to diagnose
diabetes or register a patient on the
NDSS if the cancer is very advanced.
The second pattern, observed for kidney,
breast, endometrium, and non-Hodgkin’s
lymphoma, showed no difference in SMR
estimates over time. Persisting elevation
of SIR, but without an accompanying
increase in SMR, suggests increased
screening (detection bias) in people
with diabetes. The failure of screening
to translate into reduced mortality could
be due to a lack of beneﬁt of screening or
to an offset of the beneﬁts of screening
by poorer responses to therapy (25) or
by a real increase in incidence. Third, for
pancreas, thyroid, and liver cancers, SMRs
fell over time but remained elevated beyond 2 years for liver and pancreatic cancer, suggesting reverse causality only
explains some of the relationship and
that type 2 diabetes is a genuine risk
factor for these two cancers. The varying
relationships between SIR and SMR
across cancers over time indicate a complex interplay of real effects of diabetes
on cancer, detection bias, reverse causality, and cancer treatment factors.
Last, we show that the magnitudes of
excess risk for type 1 and type 2 diabetes
are generally similar, with overlapping
95% CIs; albeit fewer outcomes are
signiﬁcant for type 1 diabetes, most
likely due to limited power. Given the
different etiologies of these diseases
with respect to insulin availability, if hyperinsulinemia was the driving force between diabetes and cancer, we would
expect our results to be moderated by
diabetes type. Our results, instead, support the concept that hyperglycemia,
found in both type 1 and type 2 diabetes, may be the mechanistic driver
between diabetes and cancer. Hyperglycemia can induce DNA damage (26),
downregulate expression of antioxidants (27), and increase reactive oxygen
species generation (28). Although biologically plausible, results from epidemiological studies are conﬂicting. The
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“hyperglycemia hypothesis” is supported by large inception cohort studies
that demonstrate a strong relationship
between elevated blood glucose and
cancer incidence or mortality (24,29–
31). However, a recent meta-analysis
reported a nonsigniﬁcant pooled risk ratio for cancer incidence of 0.91 (95% CI
0.79–1.05) for subjects with improved
glycemic control across three trials,
compared with those in the control
arms of the studies, suggesting that
improved glycemic control does not
confer a reduced risk of cancer among diabetic patients (32). Several other key
mechanisms linking diabetes and cancer
include poor diet, physical inactivity (33),
genetic predisposition (34), and possibly
some diabetes treatments, such as insulin
(35). Information on these possibly modifying factors is not available for the entire
population, and since this is a populationbased study, the inﬂuence of these factors
could not be explored further.
Strengths and Limitations

The main strength of this study is that it
is population based with a large sample
size, long follow-up time, and the ability
to distinguish between type 1 and type 2
diabetes. There are several limitations,
however, that should be acknowledged.
First, the NDSS is an administrative database and hence lacks precise information about type of diabetes for all
registrants. The classiﬁcation of diabetes is challenging and misclassiﬁcation
can occur. However, the proportions of
type 1 and type 2 diabetes in this study
(8.5 vs. 91.5%) are similar to other Australian data (36). Further, the proportion of type 2 diabetes who were also
on insulin is consistent with other studies (37). Second, the NDSS does not
include undiagnosed diabetes, and
the NDSS may underrepresent dietcontrolled diabetes as the diabetesrelated products provided through the
scheme may not be needed. Third, the
large sample size in this study enabled
us to stratify results by sex, numerous
cancer sites, and multiple time periods.
By conducting multiple analyses on the
same dataset, we have of course increased the possibility of chance ﬁndings if we were only using P values as
guiding principle. Last, in a populationwide study, it is not possible to explore
the extent to which obesity, smoking,
socioeconomic position, family history of

cancer, and/or pharmaceutical treatments contributed to the observed association between diabetes and cancer.
However, studies based on cohorts with
detailed information on type 2 diabetes
that were able to account for obesity,
lifestyle-related factors, and diabetes
treatment have still observed elevated
risks for a number of cancers (38,39).
Therefore, it is unlikely that these factors explain the entire association between diabetes and cancer.
Conclusion

Using one of the largest diabetes registries in the world, we show that both
type 1 and type 2 diabetes are associated with an excess risk of incidence and
mortality for overall and a number of
site-speciﬁc cancers. Detection bias
and reverse causality may partly explain
the stark increase in risk of cancer immediately following diabetes diagnosis, but they do not explain increased
risks .2 years following diabetes diagnosis, particularly for cancers of the pancreas, liver, kidney, and endometrium.
We suggest future analyses on type 2
diabetes and cancer should account
for the presence of detection bias and reverse causation, particularly in the ﬁrst 3
months after diabetes diagnosis. Screening
for cancers, according to standard protocols for the general population, in diabetic
patients should be emphasized in clinical
practice, as early detection is key to preventing premature mortality.

Acknowledgments. Data for this project were

sourced from the NDSS, an initiative of the
Australian government administered by Diabetes Australia since 1987. Mortality and cancer
incident data were sourced from the NDI and
ACD, respectively, housed at the AIHW.
Funding. J.L.H. is supported by a Monash
University Australian Postgraduate Award
and a Baker IDI Bright Sparks Scholarship. J.E.S.
is supported by a National Health and Medical
Research Council (NHRMC) Senior Research
Fellowship (526609). A.P. is supported by an
NHMRC Career Development Award. This work
is funded by the NHMRC (APP1002663), Australian Government Department of Health and Ageing. This work is supported in part by the Victorian
Operational Infrastructure Program scheme.
Duality of Interest. No potential conﬂicts of
interest relevant to this article were reported.
Author Contributions. J.L.H. wrote the manuscript, had full access to all the data, and
conducted the analyses. J.E.S. and D.J.M. contributed to conceptualization and discussion
and reviewed and edited the manuscript. A.P.
contributed to discussion and reviewed and

269

Cancer Risk in Type 1 and Type 2 Diabetes

270

Cancer Risk for Type 1 and Type 2 Diabetes

edited the manuscript. B.C. provided statistical
advice and reviewed and edited the manuscript.
D.J.M. is the guarantor of this work and, as such,
had full access to all the data in the study and
takes responsibility for the integrity of the data
and the accuracy of the data analysis.

References
1. Giovannucci E, Harlan DM, Archer MC,
et al. Diabetes and cancer: a consensus report.
Diabetes Care 2010;33:1674–1685
2. Johnson JA, Carstensen B, Witte D, Bowker
SL, Lipscombe L, Renehan AG; Diabetes and
Cancer Research Consortium. Diabetes and cancer (1): evaluating the temporal relationship between type 2 diabetes and cancer incidence.
Diabetologia 2012;55:1607–1618
3. Yamagata H, Kiyohara Y, Nakamura S, et al.
Impact of fasting plasma glucose levels on gastric cancer incidence in a general Japanese population: the Hisayama study. Diabetes Care
2005;28:789–794
4. Kasper JS, Giovannucci E. A meta-analysis of
diabetes mellitus and the risk of prostate cancer. Cancer Epidemiol Biomarkers Prev 2006;15:
2056–2062
5. Renehan AG, Yeh HC, Johnson JA, Wild SH,
Gale EA, Møller H; Diabetes and Cancer Research Consortium. Diabetes and cancer (2):
evaluating the impact of diabetes on mortality
in patients with cancer. Diabetologia 2012;55:
1619–1632
6. Gordon-Dseagu VLZ, Shelton N, Mindell JS.
Epidemiological evidence of a relationship between type-1 diabetes mellitus and cancer: a review of the existing literature. Int J Cancer 2013;
132:501–508
7. Tabák AG, Jokela M, Akbaraly TN, Brunner
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Erratum
Cancer Risk Among People With Type 1 and Type 2 Diabetes:
Disentangling True Associations, Detection Bias, and Reverse Causation.
Diabetes Care 2015;38:264–270

DOI: 10.2337/dc15-er04a

The authors of the article cited above noticed an error in the way they had described
their deﬁnitions of type 1 and type 2 diabetes in the RESEARCH DESIGN AND METHODS
section.
The description as published is as follows:
Diabetes type is classiﬁed by the health practitioner completing registration.
However, for the current study, type 1 diabetes status was assigned to registrants
who were classiﬁed as type 1 on the NDSS and were diagnosed before the age of 30
years, and the time between diagnosis date and date of ﬁrst insulin use was ,1 year.
For those missing data on date of diagnosis (59.1% type 1 diabetes and 36.1% type 2
diabetes) or insulin initiation date (many of whom registered in the early years of the
operation of the NDSS and had had diabetes for a number of years), we classiﬁed
people as type 1 if they were recorded as type 1 on the registry, were taking insulin,
and were registered at #45 years of age. We chose 45 years as the cutoff to minimize
the number of people with type 1 diabetes that we would miss, without misclassifying
signiﬁcant numbers of people with type 2 as type 1 [Kenny et al., 1995]. All others
were classiﬁed as type 2 diabetic.

Amended description is as follows:
Diabetes type is classiﬁed by the health practitioner completing registration.
However, for the current study, type 1 diabetes status was assigned to registrants
who were recorded as type 1 on the NDSS registry, were registered at ,45 years of
age, and were taking insulin. Registration date was used as a proxy for diagnosis date
as a large proportion of registrants (59.1% with type 1 diabetes and 36.1% with type 2
diabetes) were missing date of diagnosis, many of whom registered in the early years
of the operation of the NDSS and had had diabetes for a number of years. We chose
45 years as the cutoff to minimize the number of people with type 1 diabetes that we
would miss, without misclassifying signiﬁcant numbers of people with type 2 diabetes
as type 1 diabetes [Kenny et al., 1995]. In addition, registrants who were recorded as
having type 2 diabetes on the registry, were diagnosed before the age of 30 years, and
were taking insulin within 1 year of diagnosis date were reclassiﬁed as having type 1
diabetes. All others were classiﬁed as having type 2 diabetes.

Had the authors analyzed the data according to how the deﬁnition reads in the
article, they would have excluded approximately 13% of those with type 1 diabetes.
These patients were all insulin treated and were all registered on the NDSS before
the age of 45 years, and the majority were registered with the NDSS in the early
years of its existence and therefore did not have an age at diagnosis available. The
authors believe that the most appropriate classiﬁcation of these patients is type 1
diabetes and that the published results, in which they were classiﬁed as type 1
diabetes, are therefore the appropriate ones. Nevertheless, the authors have examined the effect of differential coding by conducting some analyses using both the
method that appeared in the RESEARCH DESIGN AND METHODS section and the amended
method. These results and comparisons are shown in Supplementary Tables 1a and
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2a. Standardized incidence ratios (SIRs) for type 1 and type 2 diabetes in men and
women combined are presented in Supplementary Table 1a and in men and women
separately are presented in Supplementary Table 2a. The authors observed a magnitude of difference between the two versions of results of less than 10% for type 1
diabetes and even less for type 2 diabetes, with overlapping 95% CIs. Stratiﬁed by
sex, these differences are larger, probably driven by the small number of some
cancers in the population with the type 1 diabetes.
Changing the description of the deﬁnition does not require any change to the
results.
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*These are the results as they appear in the current published paper
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CHAPTER 5
The Metabolic Syndrome and Cancer: Is the Metabolic Syndrome Useful
for Predicting Cancer Risk Above and Beyond Its Individual Components?

Diabetes is one of the most common, non-communicable diseases worldwide and undoubtedly one of the most
challenging health problems of the 21st century. The metabolic syndrome (MetS) is also increasing worldwide
with an estimated prevalence of approximately 20–25%. The MetS and diabetes are tightly connected insofar
as they share common risk factors, namely increased body weight and insulin resistance. The MetS is also
associated with a 3- to 4-fold increased risk for type 2 diabetes and the majority of people with type 2 diabetes
also have the MetS. Chapters 3–4 provided evidence to support that diabetes is indeed a risk factor for cancer.
Given the similar disease aetiologies between diabetes and the MetS, it is plausible that the MetS may also be
a risk factor for cancer.
Emerging evidence supports an association between the MetS, individual components of the MetS and some
cancers. However, it remains to be elucidated if factors within the MetS act in synergy on the risk of cancer or if
individual components are driving observed associations. This Chapter reports the risks for overall, colorectal,
breast and prostate cancer associated with components of the MetS, both separately and jointly. In addition,
the utility of the MetS as a tool for predicting future cancer is determined. This work was published in Diabetes
and Metabolism in May 2015.
Findings reported in this Chapter suggest that those with five components of the MetS are at an increased risk
for overall and colorectal cancers and these associations appear to be driven largely by central obesity and
elevated blood pressure (BP). However, discriminatory analyses suggest that the MetS is, at best, a moderate
predictor of cancer risk and should not be considered for use in a clinical setting as a useful means to assess an
individual’s risk of developing overall, colorectal, breast or prostate cancer. Indeed, we show that the MetS is not
a useful tool over and above standard considerations such as age, sex and smoking status in predicting cancer
risk. The role of obesity and elevated BP are discussed in greater detail in Chapters 6.1 and 6.2, respectively.
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Abstract
Aims. – The metabolic syndrome (MetS) is a risk factor for cancer. However, it is not known if the MetS confers a greater cancer risk than the
sum of its individual components, which components drive the association, or if the MetS predicts future cancer risk.
Materials and methods. – We linked 20,648 participants from the Australian and New Zealand Diabetes and Cancer Collaboration with complete
data on the MetS to national cancer registries and used Cox proportional hazards models to estimate associations of the MetS, the number of
positive MetS components, and each of the ﬁve MetS components separately with the risk for overall, colorectal, prostate and breast cancer. Hazard
ratios (HR) and 95% conﬁdence intervals (95%CI) are reported. We assessed predictive ability of the MetS using Harrell’s c-statistic.
Results. – The MetS was inversely associated with prostate cancer (HR 0.85; 95% CI 0.72-0.99). We found no evidence of an association between
the MetS overall, colorectal and breast cancers. For those with ﬁve positive MetS components the HR was 1.12 (1.02-1.48) and 2.07 (1.26-3.39) for
overall, and colorectal cancer, respectively, compared with those with zero positive MetS components. Greater waist circumference (WC) (1.38;
1.13-1.70) and elevated blood pressure (1.29; 1.01-1.64) were associated with colorectal cancer. Elevated WC and triglycerides were (inversely)
associated with prostate cancer. MetS models were only poor to moderate discriminators for all cancer outcomes.
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Conclusions. – We show that the MetS is (inversely) associated with prostate cancer, but is not associated with overall, colorectal or breast cancer.
Although, persons with ﬁve positive components of the MetS are at a 1.2 and 2.1 increased risk for overall and colorectal cancer, respectively, and
these associations appear to be driven, largely, by elevated WC and BP. We also demonstrate that the MetS is only a moderate discriminator of
cancer risk.
© 2015 Elsevier Masson SAS. All rights reserved.
Keywords: Cancer; Epidemiology; Metabolic syndrome; Prediction

1. Background
The metabolic syndrome (MetS) is deﬁned by a group of
metabolic risk factors that have a tendency to cluster together in
one individual-obesity (particularly central obesity), hypertension, dyslipidaemia and insulin resistance [1,2]. These factors,
separately and jointly, have been associated with several chronic
diseases, in particular cardiovascular disease (CVD) [3] and type
2 diabetes [4]. There is emerging evidence that the MetS may
also be important in the development of some cancers [5].
A recent meta-analysis reported that the MetS is associated with low to modest increased risks for colorectal,
post-menopausal breast, bladder, pancreas, endometrium and
liver cancers [5], but for prostate cancer, evidence is conﬂicting.
Some studies report an increased risk [6], others report a
decreased risk [7], and others report no association with the
MetS [5]. Mechanisms linking the MetS and cancer are not well
understood. The association may partially be explained by the
presence of obesity, and overt hyperglycaemia, both of which
have been repeatedly associated with increased risks for some
common cancers and a decreased risk for prostate cancer [8,9].
There is also some evidence to suggest that elevated blood pressure (BP) is associated with an increased cancer risk [10] while
high-density lipoprotein (HDL) cholesterol has been shown to
have an inverse association with cancer [11]. It is not yet known
whether the strength of the association between the MetS and
cancer is greater than the sum of its individual components,
which individual components may be driving this association,
or whether the MetS is a useful predictor of future cancer risk.
Using a large pool of prospective studies, we report the risks
for overall, and the three most common site-speciﬁc cancers,
colorectal, prostate and breast cancer associated with the components of the MetS, both separately and jointly. We additionally
investigate whether the MetS is a useful measure for discriminating cancer risk.
2. Methods

1 diabetes. Details of sampling procedures, study designs, and
methods for each of the studies have been described [12]. In
brief, investigators of cohort studies conducted in the region
from 1983 onwards with data on diabetes and the MetS, and
with a minimum sample size of 1000 were invited to participate
in the ANZDCC study. For the current analysis, we included
studies that had collected data on all ﬁve MetS components in
order to determine MetS status (ﬁve cohorts; n = 59,630). We further excluded participants with missing data on any of the ﬁve
MetS components (n = 37,392); a cancer diagnosis prior to their
baseline date (n = 905); and missing data on smoking and education status (n = 305). A total of 20,468 participants (men = 9437;
women = 11,031) with complete data were included in the ﬁnal
data analysis.
2.2. Data linkage
The ANZDCC cohort was linked to the Australian Cancer
Database (ACD), a register of all primary, malignant cancers
diagnosed in Australia since 1982, and the National Death
Index (NDI). Linkage was performed by the Australian Institute of Health and Welfare (AIHW) and the Western Australian
Data Linkage Unit (FDS only) using ﬁrst name, second name,
last name, gender, and date of birth [13]. Cancer status of
the cohort was determined until 31 December 2008 for the
Australian Diabetes Obesity and Lifestyle Study (AusDiab),
Crossroads Undiagnosed Disease Study (CUDS) and the North
West Adealaide Health Study (NWAHS); 31 August 2010 for the
Melbourne Collaborative Cohort Study (MCCS); and 31 October 2012 for FDS. We set a match link rate of 97.70% (true
matches/correct links) with link accuracy of 97.92% (1.08%
expected to be false positive links). Twenty-seven percent of
links underwent clerical review, performed by AIHW. This
match link rate has shown to be a reliable cut-off in similar
studies [14]. Cancer was deﬁned using the International Classiﬁcation of Disease 10th Revision (ICD-10) codes as follows:
overall cancer (C00-C97, D45-D46, D47.1, D47.3); colorectal
(C18-C20); prostate (C61); breast (C50).

2.1. Study population
2.3. Deﬁnition of covariates
The Australian and New Zealand Diabetes and Cancer
Collaboration (ANZDCC) is a pooled cohort comprising 18
prospective studies in Australia and New Zealand with data
on 153,025 men and women. All included cohorts were comprised of adults, except Fremantle Diabetes Study (FDS), a
diabetes cohort, which also included some adolescents with type

All participants were measured for weight, height, waist
circumference (WC), BP, fasting plasma glucose, serum HDL
cholesterol and triglycerides by trained staff adhering to standardised protocols at baseline. Information on education and
smoking status was collected by questionnaires. These risk
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Table 1
Criteria for a diagnosis of the metabolic syndrome.
Component

Cut-off points

Any three of
Elevated waist
circumference

Europid: men ≥ 94 cm; women: ≥ 80 cm

Raised triglycerides
Reduced HDL-C
Raised blood pressure
Raised fasting plasma
glucose

South Asian and Chinese: men ≥90 cm;
women ≥80 cm
Japanese: men ≥90 cm; women ≥80 cm
OR Body Mass Index ≥ 30 kg/m2
≥1.7 mmol/L
Men: <1.0 mmol/L; women: <1.3 mmol/L
Systolic ≥ 130 and/or diastolic ≥ 85 mmHg
or antihypertensive therapy (self-report)
≥5.6 mmol/L or previously diagnosed
diabetes (deﬁned by self-report or
anti-hyperglycaemic medication)

factors were harmonized across studies to reﬂect common
categories as follows: smoking (current smoker, ex-smoker,
never-smoker; education [high school or lower, above high
school]).
2.4. Deﬁnition of the metabolic syndrome
The MetS was deﬁned according to the current harmonized
deﬁnition, Table 1 [2].
2.5. Statistical analysis
Individuals were followed from baseline date to census date
of data linkage, date of death or date of cancer diagnosis,
whichever occurred ﬁrst. Incidence of cancer was deﬁned as the
ﬁrst occurrence of cancer or death from cancer if that was the
ﬁrst time the cancer had been reported. For site-speciﬁc cancers,
individuals with a diagnosis of a cancer at a site other than the
one under consideration were censored at their date of diagnosis.
Differences in baseline characteristics were assessed using
Pearson’s Chi2 test for proportions, Student’s t-test for means
from approximately continuous distributions and Wilcoxon’s
rank sum test for skewed data. Heterogeneity of studies was
assessed by conducting a meta-analysis using a random effects
model and statistical heterogeneity was estimated by the I2 statistic [15]. Cox proportional hazards models were used to compute
hazard ratios (HRs) and 95% conﬁdence intervals (95%CI) of
cancer incidence associated with the MetS, the number of positive components of the MetS and the ﬁve component elements
of the MetS. Proportional hazards assumptions were satisﬁed as
assessed with graphs of log-log plots of the relative hazards by
time for discrete variables and by scaled Schoenfeld residuals.
All models were adjusted for sex, smoking, education and study
cohort with age as the time scale. Sensitivity analyses were performed excluding the ﬁrst two years of follow up, and excluding
FDS.
To ascertain the best predictor of cancer incidence, we
assessed the predictive capacity (discrimination) of models
using Harrell’s c-statistic. The models considered were: age and
sex; MetS; the number of positive components for MetS; all

3

individual MetS components in continuous form: all individual
MetS components according to cut-offs. The c-statistic estimates
the probability of concordance between predicted risk and the
observed order of events from a randomly selected pair of participants while accounting for censored data [20]. A score of
1.0 indicates perfect discrimination and 0.5 indicates poor discrimination. The c-statistic and 95% CI’s from each model were
estimated and compared with the MetS model using the somersd
package and lincom commands, respectively, in STATA (version
12.1, (StataCorp, College Station, TX, USA), as described elsewhere [16]. All models were adjusted for age and sex using
follow-up time as the time scale.
This study was approved by the Alfred Health Human
Research Ethics Committee (HREC), the Australian Institute for
Health and Welfare HREC and the Western Australian Department of Health HREC.
3. Results
Those included in the MetS analysis (n = 20,468) were
younger, less likely to be current smokers and had attained
a higher level of education compared with those who were
excluded (n = 132,557) (Table S1; see supplementary material associated with this article online). Over a median follow-up
of 8.5 years 2827, 468, 651 and 549 cancers were identiﬁed
for overall, colorectal, prostate and breast cancer, respectively.
Baseline characteristics of the study population, by cancer and
MetS status, are shown in Table 2. In brief, those who developed
cancer were more likely to be men, older, less likely to be never
smokers and have completed high school and more likely to
manifest the MetS and its components, excluding triglycerides,
compared with those who did not develop cancer. Similar patterns were observed among those with a diagnosis of the MetS
as compared with those who did not have the MetS at baseline.
Information on the MetS and its components, by study,
are shown in Table S2; see supplementary material associated with this article online. Similar proportions of participants
with positive MetS components were observed across cohorts,
except for FDS, a sample of people with diabetes, for which proportions were higher. No signiﬁcant heterogeneity across studies
was found (I2 = 12.6%).
Overall, the MetS was not associated with an increased risk of
overall, or breast cancer, Table 3, and there was a non-signiﬁcant
borderline association with colorectal cancer, P = 0.067. Associations for overall and colorectal cancer were similar in men
and women. A reduction in risk of prostate cancer was observed
for the MetS (HR 0.85, 95% CI: 0.72-0.99). The HRs rose as
the number of positive components rose, such that those with
ﬁve positive MetS components were 1.12 (1.02-1.48) and 2.07
(1.26-3.39) times more likely to develop overall, and colorectal cancers, respectively, compared with those with no positive
MetS components, Ptrend = 0.275 and Ptrend = 0.006 for overall
and colorectal cancer, respectively (Fig. 1). There was an inverse
association between the number of MetS components present
and incident prostate cancer risk (Ptrend = 0.005). No signiﬁcant
relationship with breast cancer was observed for the number of
MetS components. Excluding the ﬁrst two years of follow up
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Table 2
Baseline characteristics of participants according to cancer status and metabolic syndrome (MetS) status.
Cancer status

n
Men (%)
Mean age
Age range
Education
High school or lower
Above high school
Smoking
Never smoker
Ex-smoker
Current smoker
Metabolic syndrome variables
Metabolic syndrome
WC (high risk)
FPG (high risk)
BP (high risk)
HDL (high risk)
TRIG (high risk)
WC (men) (cm)
WC (women) (cm)
FPG (mmol/L)
Systolic BP (mmHg)
Diastolic BP (mmHg)
HDL cholesterol (mmol/L)
TRIG (mmol/L)a

Metabolic syndrome status

Cancer

No cancer

P-value

MetS

No MetS

P-value

2827
53.8
61.1 (10.7)
14–91

17,641
44.9
51.3 (14.2)
11–96

<0.001
<0.001

7923
53.4
57.6 (12.7)

12,545
41.5
49.5 (14.1)

<0.001
<0.001

71.6
28.4

62.5
37.5

<0.001

71.4
28.6

59.0
41.0

<0.001

49.9
37.4
12.7

52.9
30.1
17.0

<0.001

47.6
36.1
16.3

55.6
27.9
16.4

<0.001

47.7
64.8
47.6
73.6
31.2
31.0
98.0 (11.3)
86.0 (13.7)
6.1 (1.9)
140.8 (21.0)
77.0 (12.2)
1.3 (0.4)
1.3 (0.9, 1.9)

37.3
62.8
32.2
51.7
28.4
29.9
97.6 (11.9)
86.4 (14.0)
5.7 (1.7)
130.8 (20.1)
73.6 (12.2)
1.4 (0.4)
1.2 (0.9, 1.8)

<0.001
0.043
<0.001
<0.001
0.002
0.240
0.243
0.316
<0.001
<0.001
<0.001
<0.001
<0.001

93.3
67.6
84.3
57.0
64.0
103.9 (10.4)
96.7 (12.3)
6.6 (2.3)
142.5 (19.7)
78.7 (12.0)
1.2 (0.3)
1.9 (1.4, 2.6)

44.0
13.3
36.0
10.9
8.7
92.6 (10.3)
81.2 (11.6)
5.3 (1.0)
125.7 (18.2)
71.2 (11.5)
1.5 (0.4)
1.0 (0.8, 1.3)

<0.001
<0.001
<0.001
<0.001
<0.001
<0.001
<0.001
<0.001
<0.001
<0.001
<0.001
<0.001

Data are means (SD) or proportions.
WC: waist circumference; FPG: fasting plasma glucose; BP: blood pressure; HDL: high-density lipoproteins; Trig: triglycerides. Cut-off points for high risk by MetS
component are detailed in Table 1.
a Median (25th, 75th percentile).

and excluding FDS had little effect on the magnitude of HR
estimates (data not shown).
Of the ﬁve MetS components, WC was associated with an
increased risk for colorectal cancer (1.38, 1.13-1.69) that was
stronger in men (1.58, 1.19-2.10) compared with women (1.22,
0.91-1.65) and a decreased risk for prostate cancer 0.77 (0.660.91) (Table 4). Elevated BP was associated with an increased
risk for overall cancer in men only (1.16, 1.02-1.33). Elevated BP
was also associated with an increased risk for colorectal cancer
(1.29, 1.01-1.64) with HRs higher for men than women, 1.38
vs 1.24, though analyses by sex were non-signiﬁcant. Elevated

triglycerides were protective against prostate cancer (0.78, 0.660.93) and elevated FPG and low HDL were not associated with
any of the cancers.
C-statistics comparing prediction models were similarly
moderate across all models for overall, colorectal, prostate
and breast cancers with c-statistics ranging from 0.60 to
0.76 (Table 5). Models of age and sex had greater discriminative ability than the MetS for overall cancer, P = 0.027
(Table S3; see supplementary material associated with this article online). Models using the number of positive MetS
components performed better than the MetS for the prediction

Fig. 1. Hazard ratios for cancer, with 95% conﬁdence intervals, by the number of positive components of the metabolic syndrome. *Signiﬁcant linear trend, P < 0.05.
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Table 3
Hazards ratios (HR) and 95% conﬁdence intervals (95%CI) of the association
between the metabolic syndrome and cancer.

All cancer (total)
All cancer (men)
All cancer (women)
Colorectal (total)
Colorectal (men)
Colorectal (women)
Prostate
Breast

n events

Person-years

HR (95%CI)*

2827
1520
1307
468
242
226
651
549

187,794
85,669
103,125
187,620
84,609
103,011
84,582
102,992

1.01 (0.94–1.10)
1.05 (0.94–1.16)
1.03 (0.92–1.17)
1.20 (0.99–1.45)
1.22 (0.94–1.59)
1.20 (0.91–1.60)
0.85 (0.72–0.99)
1.00 (0.83–1.20)

5

were moderate discriminators but there was no clear driver for
prediction of cancer.
4.1. Comparisons with literature

*Model adjusted for sex (in models of total population), smoking, education and
study name with age as the time scale.

of prostate and breast cancers, and models of all MetS components in continuous form and as cut-offs performed better than
the MetS for the prediction of prostate cancer.
4. Discussion
Using a large pooled cohort of Australian adults, we show
that the MetS is inversely associated with prostate cancer, but is
not associated with overall, colorectal or breast cancer. Individuals who manifest all ﬁve components of the MetS are at a 1.2
and 2.1 times increased risk for overall and colorectal cancer,
respectively, compared with those who have none. Elevated WC
and BP are associated with a 1.4 and 1.3 times increased risk
for colorectal cancer, respectively, and elevated WC and triglycerides are associated with decreased risks for prostate cancer.
FPG was not associated with an increased risk for any cancer
outcome. In discriminatory analysis, we show that all models

Our null ﬁndings of an association between the MetS and
overall, breast and colorectal cancer were unexpected. For colorectal cancer, our risk estimates of 1.22 (0.94-1.59) for men and
1.20 (0.91-1.60)for women is similar to those published in the
meta-analysis by Esposito et al. which estimated a 1.25 (1.191.32) and 1.34 (1.09-1.64) increased risk for men and women,
respectively, with MetS deﬁned in various ways, compared with
those without MetS [5]. Our borderline non-signiﬁcant ﬁnding
might be due to the limited power in our study sample or a real
null ﬁnding. The same meta-analyses concluded that women
with MetS also have a 52% increased risk of post-menopausal
breast cancer, but no association with total breast cancer [5]. For
the current study, we combined pre-and post menopausal breast
cancer as effect estimates between pre-and post menopausal
breast cancer were not materially different (data not shown).
The lack of signiﬁcant ﬁndings here may be explained by a relatively young age of women at baseline with a mean age of 52
years. Previous studies have also shown no association between
the MetS and breast cancer in middle-aged women, unless the
MetS has been present for three to ﬁve years (HR 1.84, 95% CI
1.12-3.01) [17]. This suggests that the MetS may take time to
manifest any deleterious effects on breast cancer development.
For prostate cancer, we conﬁrm previous studies that have shown
the MetS to be protective such that men with MetS are approximately 15-25% less likely to develop prostate cancer compared
with men without the MetS [7]. This is thought to be due to

Table 4
Hazards ratios (HR) and 95% conﬁdence intervals (CI) for the association between individual components of the metabolic syndrome and cancer.

All cancer (total)
All cancer (men)
All cancer (women)
Colorectal (total)
Colorectal (men)
Colorectal (women)
Prostate
Breast

n

Person-years

WC

FPG

BP

HDL

Trig

2827
1520
1307
468
242
226
651
549

187,794
84,669
103,124
20,468
84,609
103,011
84,582
102,992

1.02 (0.94–1.10)
1.05 (0.95–1.18)
1.03 (0.91–1.16)
1.38 (1.13–1.70)
1.58 (1.19–2.10)
1.22(0.91–1.65)
0.77 (0.66–0.91)
1.00 (0.84–1.20)

1.00 (0.92–1.08)
1.01 (0.90–1.12)
1.02 (0.90–1.16)
1.01 (0.83–1.24)
0.86 (0.65–1.13)
1.24 (0.93–1.64)
0.91 (0.79–1.04)
0.91 (0.75–1.11)

1.07 (0.98–1.17)
1.16 (1.02–1.33)
1.06 (0.93–1.21)
1.29 (1.01–1.64)
1.38 (0.96–1.99)
1.24 (0.89–1.73)
1.05 (0.88–1.25)
1.03 (0.86–1.25)

1.06 (0.98–1.15)
1.07 (0.95–1.19)
1.07 (0.95–1.21)
1.19 (0.97–1.45)
1.13 (0.85–1.48)
1.29 (0.97–1.72)
0.89 (0.76–1.04)
0.89 (0.73–1.09)

1.00 (0.92–1.09)
1.02 (0.91–1.13)
1.06 (0.93–1.20)
1.09 (0.89–1.34)
1.18 (0.90–1.54)
1.01 (0.74–1.39)
0.78 (0.66–0.93)
0.97 (0.78–1.21)

WC: waist circumference; FPG: fasting plasma glucose; BP: blood pressure; HDL: high-density lipoprotein cholesterol; Trig: triglycerides.
Effect estimates adjusted for sex (in models of total population) smoking and education with age as the timescale. HRs compare those at high risk for each component,
compared with those not at high risk.
Table 5
Discrimination of cancer for ﬁve prediction models.
Harrell’s c statistic (95% CI)

All cancer
Colorectal
Prostate
Breast
a
b

Metabolic Syndrome

Age and sex

Continuous MetS components

Number of MetS components

Component cut-offs

0.69 (0.69–0.71)
0.75 (0.73–0.77)
0.76 (0.74–0.77)
0.61 (0.59–0.63)

0.70 (0.69–0.71)a
0.75 (0.73–0.77)
0.75 (0.74–0.77)b
0.60 (0.58–0.62)b

0.70 (0.69–0.71)
0.75 (0.73–0.76)
0.76 (0.75–0.78)a
0.60 (0.58–0.62)

0.70 (0.69–0.71)
0.75 (0.73–0.77)
0.76 (0.75–0.77)a
0.62(0.60–0.64)a

0.70 (0.69–0.71)
0.75 (0.73–0.77)
0.76 (0.75–0.78)a
0.60 (0.58–0.62)

c-statistics signiﬁcantly greater than MetS model, determined by estimating the differences in c-statistics, P < 0.05 (Supplementary Table 3).
MetS better. All MetS models adjusted for age and sex.
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lower levels of circulating testosterone in overweight or obese
men [18]. Future studies should explore these relationships by
cancer grade as obese men are at a higher risk for more aggressive
prostate cancers on diagnosis [19].
Mechanisms linking the MetS and cancer are not well understood. In this study, we have shown that high WC, a marker
of visceral adiposity, is strongly associated with an increased
risk for colorectal cancer. Visceral adiposity is an established
risk factor for cancer, resulting in a chronic low-grade inﬂammatory state, which contributes to production of inﬂammatory
cytokines [20]. We have also shown that BP is associated with
colorectal cancer risk. High BP has shown to be associated with
cancer by some studies [21] but data are conﬂicting. The Physician’s Health Study showed that BP was not associated with an
increased risk for colorectal cancer, though obesity and diabetes
were [22]. It is possible that the association between high BP and
cancer may, in part, be due to reverse causality whereby cancer
gives rise to high BP [10]. But in our study, we excluded the ﬁrst
two years of follow-up and this did not materially change our
results. The other key component thought to drive the association
between the MetS and cancer is insulin resistance whereby levels
of insulin-like growth factors (IGF) are inﬂuenced by circulating insulin levels. Increasing insulin leads to decreased levels of
IGF-binding proteins 1 and 2, thus increasing the bioavailability
of IGF, which in turn is thought to promote cell cycle progression
and inhibition of apoptosis [23]. Unexpectedly, hyperglycaemia
was not associated with overall, colorectal, breast or prostate
cancers in our study. This may be because insulin resistance is
more strongly associated with cancers of the pancreas, liver and
endometrium, for which we were underpowered to investigate.
The utility of the MetS as a marker for future disease risk has
been questioned in recent years. Commonly, the MetS has been
a useful tool for predicting risk of CVD and type 2 diabetes.
As the MetS is associated with cancer it seems intuitive that the
MetS could also be used to predict an individual’s risk of future
cancer. On the other hand, studies of CVD have shown that while
the MetS is strongly associated with increased risks for CVD, it
is not a strong discriminator of CVD and therefore is not good
at ranking people in terms of a future cardiovascular event [24].
To our knowledge, we are the ﬁrst group to explore the utility
of the MetS as a discriminator of cancer risk. Here, we ﬁnd that
the MetS is not a useful way of deciding who is or is not likely
to get cancer. While people with the MetS are at a greater risk
for certain cancers, the MetS is not likely to be a useful tool for
predicting cancer risk in a clinical setting.
4.2. Strengths and weaknesses
Our study combined data from ﬁve large Australian
population-based studies to investigate the association between
MetS, individuals MetS components and risk of some common
cancers. While studies have investigated the discriminative ability of MetS for CVD [24] this is the ﬁrst time it has been assessed
in terms of cancer risk. There are several limitations to this study
that should be acknowledged. First, a large proportion of the
ANZDCC population was excluded due to missing data on one
or more of the MetS component variables. We assessed selection

bias across a range of demographics and showed that those who
were included in the study were more likely to be younger, never
smokers and better educated than those who were not included.
This may, therefore, limit the generalizability of our results.
Second, because of our strict inclusion criteria that excluded
any participant with missing data, it is possible that we were
underpowered to detect true associations between the MetS and
cancer, should they exist, and therefore increased our chance of
type II errors. Third, the diagnosis of MetS was made on the
basis of a single measure at a cross-sectional time point. It is
possible, however, that the trajectory of MetS components, such
as anthropometric measures and the duration of abnormalities,
may inﬂuence cancer risk over time. Last, this is a pooled collaborative analysis and even though we did have lifestyle data such
as physical activity and diet in some studies, these data were
collected too differently across studies to derive sensible harmonized categories. Therefore, we could not further adjust our
analyses for potential confounding effects of physical activity,
diet and alcohol in a meaningful way.
5. Conclusions
This large pooled collaborative study has shown that the MetS
is associated with a decreased risk for prostate cancer but is not
associated with an increased risk for overall, colorectal or breast
cancer. We have shown that those with ﬁve positive components
of MetS are at a 1.2 and 2.1-fold increased risk for overall and
colorectal cancer, respectively, and these associations appear to
be driven, largely, by elevated WC and BP. We have also demonstrated that the MetS is only a moderate predictor of cancer risk
and, thus, do not present strong evidence for the use of MetS
in a clinical setting as a useful means for assessing an individual’s risk for cancer. It may be more effective to identify
high-risk individuals who might beneﬁt from targeted treatment
and prevention of high WC and BP to decrease future cancer
risk.
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Supplementary Data
Supplementary Table 1 Baseline characteristics of participants included in MS analysis compared to those
who were not
Inclusion status
Not included
Included
P - value
n
132,557
20,468
Men
45.4
46.1
0.053
Age
57.8 ± 14.5
55.8 ± 13.2
< 0.001
Smoking
Never smoker
49.9
50.4
Ex smoker
35.7
35.7
< 0.05
Current smoker
14.4
13.9
Education
High school or lower
65.9
64.8
Above high school
34.1
35.2
< 0.001
Data are means ± SD or proportions

45.0

% Men

45.0

61.4

31.0

46.9

24.7

31.4

35.3

831

Smoking (ever
smoker)

WC (high risk)

FPG (high risk)

BP (high risk)

HDL (high risk)

TRIG (high risk)

MetS

N cancer events

94

35.1

28.7

24.9

56.6

21.1

72.4

49.1

25.2

52.3 ± 15.5

44.3

6.8

2001-2002

1,634

Crossroads
Undiagnosed Study

295

88.3

55.9

64.6

88.0

100.0

81.6

55.3

11.7

62.2 ± 13.1

49.6

14.9

1993-1996

1,247

Fremantle Diabetes
Study

1,356

38.9

20.8

28.6

69.8

42.9

52.0

43.6

27.5

57.2 ± 8.5

47.1

16.6

1991-1994

3,806

Melbourne
Collaborative Cohort
Study

251

32.6

27.8

29.7

49.2

17.4

69.7

55.4

55.2

49.5 ± 16.0

47.6

8.1

1999-2000;2002-2003

3,675

Northwest Adelaide
Health Study

2,827

38.7

30.1

28.8

54.7

34.4

63.1

47.5

36.2

52.7 ± 14.2

46.1

8.5

1993-2003

20,468

Total

Data are means ± SD or proportions. Abbreviations: WC: Waist Circumference; FPG: Fasting Plasma Glucose; BP: Blood Pressure; HDL: High Density Lipoproteins;
TRIG: Triglycerides. Cut-off points for high risk by MetS component are detailed in Table 1

37.1

Education (above
high school)

51.0 ± 14.2

8.7

Median follow-up
(years)

Age (years)

1999-2000

10,376

Year of baseline
examination

n

Australian Diabetes
Obesity and Lifestyle
Study

Supplementary Table 2 Baseline characteristics and follow-up data by study
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-0.0006

0.0032

0.0062

Colorectal

Prostate

Breast

< 0.05

< 0.01

0.597

0.027

P - value

0.0020

-0.0078

0.0036

0.0054

Coef.

0.678

< 0.001

0.109

0.213

P - value

Continuous variables

-0.0172

-0.0038

-0.0001

-0.0001

Coef.

< 0.01

< 0.01

0.940

0.868

P - value

Number of MetS components

0.0056

-0.0056

0.0006

-0.0001

Coef.

0.228

< 0.001

0.754

0.616

P - value

Component cut-offs

Note: A negative coefficient denotes that the model mentioned is a better discriminator than the MetS model; a positive coefficient denotes that the MetS model is a
better discriminator. All MetS models adjusted for age and sex discriminators.

-0.0013

All cancer

Coef.

Age and sex

Coefficients and P - values

Supplementary Table 3 Coefficients and P - values for the difference in c-statistics between each model discriminative ability for cancer outcomes, as compared to MetS
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CHAPTER 6
Components of the Metabolic Syndrome and Cancer

Evidence provided in Chapter 5 suggests that observed associations between the MetS and cancer are largely
driven by high blood pressure (BP) (hypertension) and waist circumference (WC), a marker of central obesity.
Chapters 6.1 and 6.2, each including peer-reviewed publications, explore associations between obesity, BP and
cancer in more detail.
Obesity is a well established risk factor for cancer. However, the majority of previous studies use body mass
index (BMI) as a marker of obesity, which has known limitations, namely the inability to distinguish between
muscle and fat, and to accurately reflect fat distribution. Measures of central adiposity (e.g. WC and waistto-hip ratio (WHR)) have been shown to better reflect abdominal adiposity compared with BMI and have
stronger associations with cardiometabolic risk factors and outcomes. However, for cancer, results are less
clear. Chapter 6.1 explores which of general adiposity, as measured by BMI, or central adiposity (e.g. WC) has
stronger associations with cancer. This original research article was published in the International Journal of
Cancer in October 2015 and demonstrated that all anthropometric measures were associated with cancer and
WC discriminating marginally better than BMI. This suggests that central obesity may be an important driver
of cancer risk. However, all anthropometric measures were only moderately predictive of cancer risk and thus
evidence in Chapter 6.1 does not support a recommendation for one anthropometric marker over another for
assessing an individual’s risk of cancer in clinical practice.
Emerging evidence suggests that other metabolic abnormalities, such as hypertension, may also be associated
with an increased risk for cancer. Two main hypotheses have been proposed to explain the observation that
cancer is higher among those with hypertension: medications used in the treatment of hypertension may
cause cancer directly; or there may be a common mechanism linking BP regulation and cancer development,
independent of anti-hypertensive treatment. Chapter 6.2 disentangles these associations by exploring
associations between hypertension and cancer, stratified by anti-hypertensive treatment use. This original
research article was published in the Journal of Hypertension in January 2016. This paper reports increased
risks for cancer incidence and mortality in those with hypertension compared with those without hypertension.
Similar risks in treated and untreated hypertension suggest that the increased cancer risk is not explained
by the use of anti-hypertensive treatment, even after adjustment for several important confounders such as
obesity, smoking, education and age, though residual confounding may still exist.
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Obesity is a risk factor for cancer. However, it is not known if general adiposity, as measured by body mass index (BMI) or
central adiposity [e.g., waist circumference (WC)] have stronger associations with cancer, or which anthropometric measure
best predicts cancer risk. We included 79,458 men and women from the Australian and New Zealand Diabetes and Cancer Collaboration with complete data on anthropometry [BMI, WC, Hip Circumference (HC), WHR, waist to height ratio (WtHR), A Body
Shape Index (ABSI)], linked to the Australian Cancer Database. Cox proportional hazards models assessed the association
between each anthropometric marker, per standard deviation and the risk of overall, colorectal, post-menopausal (PM) breast,
prostate and obesity-related cancers. We assessed the discriminative ability of models using Harrell’s c-statistic. All anthropometric markers were associated with overall, colorectal and obesity-related cancers. BMI, WC and HC were associated with PM
breast cancer and no significant associations were seen for prostate cancer. Strongest associations were observed for WC
across all outcomes, excluding PM breast cancer for which HC was strongest. WC had greater discrimination compared to BMI
for overall and colorectal cancer in men and women with c-statistics ranging from 0.70 to 0.71. We show all anthropometric
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Comparison of anthropometric measures as predictors of cancer incidence

measures are associated with the overall, colorectal, PM breast and obesity-related cancer in men and women, but not prostate cancer. WC discriminated marginally better than BMI. However, all anthropometric measures were similarly moderately
predictive of cancer risk. We do not recommend one anthropometric marker over another for assessing an individuals’ risk of
cancer.

What’s new?
The accumulation of excess fat around the abdomen is a well-known risk factor for cardiovascular and metabolic diseases and
is associated with a variety of cancers. While measures that reflect central adiposity, namely waist circumference (WC) and
waist-to-hip ratio (WHR), are strongly associated with cardiometabolic disease risk, their ability to predict cancer risk is
unclear. In this study, overall cancer risk and risk of colorectal and obesity-related cancers were associated with multiple
anthropometric measures—not only WC or WHR. An exception was prostate cancer, which was not significantly associated
with any anthropometric marker.

Obesity is a well established risk factor for cancer. Reports
from the World Cancer Research Fund have conﬁrmed that
there is sufﬁcient evidence to support causal associations
between obesity and cancers of the oesophageal adenocarcinoma, pancreas, colon, rectum, gallbladder, kidney, breast
[post-menopause (PM)], corpus uteri (endometrium) and
ovarian.1–6 Findings for prostate cancer, however, are mixed
with some studies suggesting that there may be associations
only in those with advanced prostate cancer.7
The majority of epidemiologic studies exploring this association use body mass index (BMI) as a marker of general
adiposity. BMI is a useful tool in both clinical medicine and
population health to predict health risk related to weight and
is easily measured. However, BMI has known limitations,
namely the inability to distinguish between muscle and fat
accumulation and it does not reﬂect fat distribution.8 Measures of central adiposity [e.g., waist circumference (WC) and
waist-to-hip ratio (WHR)] have been shown to better reﬂect
abdominal adiposity than BMI and have stronger associations
with cardiometabolic risk factors and outcomes.9–12 However,
for cancer, results are less clear.
Some studies have found central adiposity to be an independent predictor of post-menopausal (PM) breast cancer
risk, beyond the risk attributed to BMI alone, but a recent
systematic review has suggested that this is not the case.13
Another recent review demonstrated that BMI, but not measures of central adiposity, was associated with an increased
risk for ovarian cancer.14 Studies of colorectal cancer show
WC and WHR are more strongly associated with cancer than
is BMI in men, but this has not been shown for women.15
Whilst numerous studies have explored the risk of cancer
using multiple measures of adiposity, only one other study
has compared the discriminative ability of multiple anthropometric measures for the risk of colorectal cancer.16 In this
study of US adults, Keimling et al. concluded that compared
with BMI, measures of central adiposity did not materially
inﬂuence colon cancer prediction models. To date, no studies
have compared multiple anthropometric measures across

multiple cancer outcomes. Further, many of the aforementioned studies do not explore the potential role of smoking as
an effect modiﬁer in the association between obesity and
cancer.
Using a large pooled study with detailed information on
relevant covariates, we aimed to estimate the risk of cancer
incidence, in particular, overall, breast, colorectal, prostate
and obesity-related cancers, with selected anthropometric
measures and compare the discriminative ability of each
measure for the risk of incident cancer.

Methods
Study population

The Australian and New Zealand Diabetes and Cancer Collaboration (ANZDCC) is a pooled study comprised of 18
prospective studies in Australia and New Zealand with data
on 153,025 men and women. Details of sampling procedures,
study designs and methods for each of the respective studies
have been described elsewhere.17 In brief, the chief investigators of epidemiological studies conducted from 1983 onwards
with data on diabetes, obesity and the metabolic syndrome
and with a minimum sample size of 1,000 were invited to
participate in the ANZDCC study. For the current study, we
included studies that had collected data on all anthropometric indicators for obesity (11 Australian cohorts; n 5 86,913).
Participants with a cancer diagnosis prior to baseline date
(n 5 4,572) or who were underweight at baseline (BMI:
<18.5 kg/m2; n 5 615) were excluded to minimize the possibility of reverse causality. Additionally, participants with
missing data on smoking status, education, weight, height,
WC and hip circumference (HC) were excluded (n 5 2,268).
A total of 79,458 participants (40,734 men; 38,724 women)
were included in the ﬁnal data analysis on overall, breast,
colorectal and prostate cancer incidence. Those who were
excluded due to missing data were signiﬁcantly older (68.4
vs. 57.4 years) and more likely to be male (51.3 vs. 45.5%)
compared to those who were included in the ﬁnal analysis.
For the analyses of obesity-related cancer, participants from
C 2015 UICC
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the Melbourne Collaborative Cohort Study (MCCS) were
excluded due to unavailable data for this level of speciﬁcity.
The ﬁnal sample size for this sub-analysis was n 5 39,565
(24,229 men; 15,336 women).
Data linkage

The ANZDCC data were linked to the Australian Cancer
Database (ACD), a register of all primary, malignant cancers
diagnosed in Australia since 1982, and the National Death
Index (NDI). Linkage was performed by the Australian Institute of Health and Welfare (AIHW) and the Western Australian Data Linkage Unit (for Fremantle Diabetes Study (FDS)
only) using ﬁrst name, second name, last name, gender and
date of birth.18 Cancer status of the cohort was determined
until December 31, 2008 for nine of the 11 cohorts and until
31 August 2010 for MCCS and 31 October 2012 for FDS.
We set an arbitrarily high match link rate of 97.70% (true
matches/correct links) corresponding with an equally high
link accuracy of 97.92% (1.08% expected to be false positive
links). 27% of links underwent clerical review, performed by
AIHW. This match link rate has shown to be a reliable cutoff in other, similar studies.19
Deﬁnition of anthropometric measures.

All participants had
weight, height, WC and HC measured at baseline by trained
staff adhering to standardised protocols. For the majority of
studies, WC was measured at the midpoint between the lowest rib and the iliac crest. For studies which measured WC as
the narrowest point between the ribs and the hips, WC was
adjusted to reﬂect the main method of measurement using
methods outlined in Wang et al.20 HC was measured at the
maximal hip circumference. BMI was computed as weight
(kg) divided by the square of height (m). The other ratios
were similarly computed: WHR: WC to HC (cm/cm); waist
to height ratio (WHtR): WC to height (cm/cm). The calculation of a body shape index (ABSI) was based on WC
adjusted for weight and height, deﬁned as follows:
ABSI 5 WC 3 weight22/3 3 height5/6.21 ABSI is a new measure, based on WC and independent of height, weight and
BMI, and has been found to predict overall mortality.21
Baseline covariates. Information on education and smoking
status was collected by questionnaires. These risk factors
were harmonized across studies to reﬂect common categories
as follows: smoking [current smoker, ex-smoker, never
smoker (ex and current smokers were combined into a single
category of “ever” smokers)]; education (high school or
lower, above high school). Diabetes was deﬁned by selfreport, fasting plasma glucose 126 mg/dl (7.0 mmol/L) or
use of anti-hyperglycaemic medication.
Deﬁnition of cancer outcomes. Cancer was deﬁned using
the International Classiﬁcation of Disease 10th Revision
(ICD-10) codes as follows: overall cancer (C00–C97, D45–
D46, D47.1, D47.3); breast (C50), colorectal (C18–C20), prostate (C61). Obesity-related cancers were deﬁned separately
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for men and women according to previously known associations between obesity and site-speciﬁc cancers22 as follows:
Men: pancreas (C25), gallbladder (C23), colon (C18), rectum
(C20), oesophageal adenocarcinoma (C15), kidney (C64),
Women: pancreas, gallbladder, colon, rectum, oesophageal
adenocarcinoma, kidney, PM breast (diagnosed 50 years of
age), corpus uteri (C54) and ovarian (C56).

Statistical analysis

Individuals were followed from baseline date to date of data
linkage, date of death or date of cancer diagnosis, whichever
occurred ﬁrst. Incidence of cancer was deﬁned as the ﬁrst
occurrence of cancer or death from cancer if that was the
ﬁrst time the cancer had been reported. Individuals with a
diagnosis of a cancer at a site other than those under consideration were censored at diagnosis date.
Differences in baseline characteristics, by cancer outcome,
were assessed using Pearson’s v2 test for proportions and Student’s t-tests for means. Heterogeneity of studies was
explored by conducting a meta-analysis using a random
effects model and statistical heterogeneity was estimated by
the I2 statistic.23 Cox proportional hazards models were used
to compute hazard rate ratios (HRs) and 95% conﬁdence
intervals (95% CI) of cancer incidence, per standard deviation
(SD) increase of each anthropometric measurement, calculated per study and per sex. Linearity of each relationship
was evaluated by inclusion of a quadratic term in the models.
Proportional hazards assumptions were satisﬁed as assessed
with graphs of log–log plots of the relative hazards by time
for discrete variables and by scaled Schoenfeld residuals. All
models were adjusted for smoking status, education and
study cohort with age from baseline as the time scale. Similar
analyses were performed excluding the ﬁrst three years of
follow-up, adjusting for diabetes and excluding FDS, a sample
of people with diabetes.
We tested for interactions between age groups (<50 years
and 50 years; <65 and 65 years; <70 years and 70
years), smoking, diabetes and each anthropometric measure
on cancer incidence. Given the lack of statistical power inherent in interaction tests, we considered interactions to be signiﬁcant when p < 0.2, and in such cases present stratiﬁed
analyses.24 All analyses were performed separately for men
and women.
To ascertain the best predictor of cancer incidence, we
assessed the predictive capacity (discrimination) of models
using Harrell’s c-statistic. The models considered were:
(Model 1) age, education, smoking and study cohort; Model
1 1 each of the anthropometric measures in isolation. The cstatistic estimates the probability of concordance between
predicted risk and the observed order of events from a randomly selected pair of participants while accounting for censored data.23 A score of 1.0 indicates perfect discrimination
and 0.5 indicates poor discrimination. The c-statistic and
95% CI’s were estimated and compared using the somersd
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Over a median follow-up of 11.1 and 16.0 years 8,872 and
4,832 cancers were identiﬁed for men and women, respectively. Baseline characteristics of the study population, by
cancer outcome, are shown in Table 1. In brief, men and
women who developed cancer were older, less likely to have
completed high school or above, and more likely to have diabetes than those who did not develop cancer. Men who
developed cancer were also more likely to have a history of
smoking than were men who remained cancer-free. These
patterns were similar when obesity-related cancer was the
outcome.
Mean values of each anthropometric measurement at
baseline, by study, for men and women, are shown in Supporting Information Tables 1 and 2, respectively. Similar
means and SDs for each anthropometric measurement, by
sex, were observed across the cohorts, except for FDS, a sample of people with diabetes, for which means were slightly
higher. No signiﬁcant heterogeneity across studies was found
in men and women, I2 5 12.2% and I2 5 0.0%, respectively.
For men, all anthropometric markers were associated with
overall, colorectal and obesity-related cancers, excluding ABSI
for obesity-related cancers (Table 2). The strongest associations across all outcomes were observed for WC, and the
weakest for ABSI. No statistically signiﬁcant associations
were observed between any anthropometric marker and prostate cancer incidence. Excluding the ﬁrst three years of
follow-up, adjusting for diabetes or excluding FDS had little
effect on the magnitude of HR estimates (data not shown).
A signiﬁcant interaction with smoking status was observed
for all anthropometric measures and cancer, and therefore
results were stratiﬁed by smoking status (Table 3). Among
never smokers, the strongest associations were consistently
observed for WC and the weakest for ABSI. For ever smokers, similar patterns were observed, though fewer associations
were statistically signiﬁcant, and the magnitude of effect was
smaller than for never smokers. No signiﬁcant interactions
between anthropometry and age (50, 65, 70) or diabetes status and cancer were observed.
For women, BMI and HC were signiﬁcantly associated
with overall, PM breast and obesity-related cancers, but not
colorectal cancer; WC was signiﬁcantly associated with all
cancer outcomes; WHR and WtHR were signiﬁcantly associated with overall, colorectal and obesity-related cancers, but
not PM breast; and ABSI was signiﬁcantly associated with

Table 1. Baseline characteristics among men and women who developed cancer during follow-up compared to those that did not

Results

No
cancer

Obesity-related cancer

Women

p
values

package and lincom commands, respectively, in STATA (version 12.1, (StataCorp, College Station, TX), as described elsewhere.25 All models were ﬁtted for men and women
separately and adjusted for age, smoking status, education
and study cohort using follow-up time as the time scale.
This study was approved by the Alfred Health Human
Research Ethics Committee (HREC), the Australian Institute
for Health and Welfare HREC and the Western Australian
Department of Health HREC.
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38,724
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Colorectal cancer
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Obesity-related
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Person-years
at risk
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1,323

714
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1.12 (1.04–1.20)

1.06 (1.01–1.12)

1.06 (0.98–1.14)

1.07 (1.04–1.10)

1.12 (1.05–1.20)

0.99 (0.95–1.03)

1.14 (1.08–1.21)

1.03 (1.01–1.05)

BMI

1.13 (1.04–1.21)

1.06 (1.01–1.12)

1.11 (1.03–1.19)

1.09 (1.06–1.12)

1.14 (1.07–1.22)
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1.19 (1.13–1.26)

1.06 (1.04–1.08)
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1.01 (0.95–1.07)

1.10 (1.02–1.18)

1.05 (1.02–1.09)

1.06 (1.00–1.13)

0.98 (0.94–1.01)

1.16 (1.10–1.23)

1.05 (1.02–1.07)

WHR

1.10 (1.02–1.18)
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1.17 (1.04–1.32)
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1.03 (0.97–1.10)
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1.24 (1.12–1.37)

1.04 (1.01–1.07)

1.08 (1.05–1.13)

WC
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1.20 (1.07–1.35)

0.99 (0.94–1.04)
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1.01 (0.99–1.05)

1.08 (1.04–1.12)
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1.12 (0.9921.26)

0.96 (0.92–1.01)

1.00 (0.94–1.07)

1.14 (1.07–1.23)

1.20 (1.08–1.32)

1.04 (1.01–1.07)

1.06 (1.02–1.10)
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1.07 (0.99–1.16)

1.18 (1.04–1.33)

0.93 (0.88–0.97)

1.01 (0.95–1.08)

1.11 (1.04–1.19)

1.21 (1.09–1.35)

1.00 (0.98–1.03)

1.07 (1.02–1.11)
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Abbreviations: BMI: Body mass index; WC: Waist circumference; HC: Hip circumference; WHR: Waist-to-hip ratio; WtHR: Waist-to-height ratio ABSI: A body shape index. All models adjusted for baseline smoking status, education and study cohort using age as the timescale.

8,508

Never smokers

Obesity-related

15,282

25,452

Never smokers

Prostate

15,282

Never smokers

Colorectal

15,282

Never smokers

All cancer

Population
at risk

Table 3. Hazards ratios (HR) and 95% conﬁdence intervals (CI) of the association between each anthropometric measure (per one SD increase) and cancer, by smoking status in men

Abbreviations: BMI: Body mass index; WC: Waist circumference; HC: Hip circumference; WHR: Waist-to-hip ratio; WtHR: Waist-to-height ratio; ABSI: A body shape index; PM: Post-menopause. All
models adjusted for baseline smoking status, education and study cohort using age as the timescale.

38,724

All cancer

Women

40,734

All cancer

Men

Population
at risk

Table 2. Hazards ratios (HR) and 95% conﬁdence intervals (CI) of the association between each anthropometric measure (per one SD increase) and cancer
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Abbreviations: BMI: Body mass index; WC: Waist circumference; HC: Hip circumference; WHR: Waist-to-hip ratio; WthR: Waist-to-height ratio; ABSI: A body shape index; PM: Post-menopause. All
models adjusted for baseline smoking status, education and study cohort using age as the timescale.
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1.03 (0.93–1.137)
1.13 (1.03–1.24)

1.05 (0.92–1.19)
1.06 (0.93–1.204)

1.07 (0.97–1.18)
1.15 (1.05–1.26)

1.07 (0.94–1.21)
1.08 (0.96–1.23)

1.16 (1.05–1.27)
1.14 (1.04–1.25)

1.07 (0.94–1.21)
251

450

6,124
Ever smokers

90,290
9,212
Never smokers

60,382

0.95 (0.86–1.05)
0.99 (0.89–1.09)
0.98 (0.89–1.09)
1.04 (0.95–1.15)
1.02 (0.93–1.13)
1.04 (0.94–1.15)
422
13,331
Ever smokers

173,511

1.04 (0.97–1.11)
1.01 (0.95–1.08)
1.11 (1.04–1.18)
1.08 (1.02–1.16)
1.07 (1.01–1.15)
901
351,662
25,393
Never smokers

PM Breast

Obesity-related

1.00 (0.93–1.07)

1.11 (0.98–1.27)

1.08 (0.99–1.18)
1.13 (1.03–1.24)
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In this large pooled cohort of Australian adults, we show that
all anthropometric markers tested (BMI, WC, HC, WHR,
WtHR and ABSI) were associated with the development of
overall, colorectal and obesity-related cancers in men and
women (excluding ABSI in women). BMI, WC and HC were
associated with PM breast cancer but no statistically signiﬁcant associations were observed for prostate cancer with any
anthropometric measure. The magnitude of these associations
was greatest for WC with 19% and 13% increased risk per
SD for colorectal cancer in men and obesity-related cancer in
women, respectively. The effect estimates of anthropometric
measures on cancer risk were larger in never smokers than
that in ever smokers. In discriminatory analysis, all measures
had moderate discriminative ability for cancer risk with
c-statistic values between 0.60 and 0.71. For men, compared
with BMI, WC and HC were superior in predicting overall
and colorectal cancer risk. For women, WC was the only
measure signiﬁcantly better at discriminating cancer risk than
BMI for overall and colorectal cancer.
Whilst there is evidence to suggest that WC and other
measures of central adiposity are better predictors of cardiovascular disease (CVD) than BMI,26,27 less is known for the
role of central adiposity in cancer risk. Of studies that use

N cancer
outcomes

Discussion

Person-years
at risk

overall and colorectal cancers, but not PM breast or obesityrelated cancers (Table 2). The strongest associations across
all outcomes were observed for WC, except PM breast
whereby HC had the strongest association, and the weakest
for ABSI. Excluding the ﬁrst 3 years of follow-up, adjusting
for diabetes or excluding FDS had little effect on the magnitude of HR estimates (data not shown).
Among never smokers, the strongest associations were
observed between WC and colorectal and obesity-related cancer, and between HC and overall PM breast cancer (Table 4).
Among ever smokers, signiﬁcant associations were observed
between WC, WHR, ABSI and overall cancer. All other associations were not statistically signiﬁcant. No signiﬁcant interactions between anthropometry and age (50, 65, 70) or
diabetes status and cancer were observed.
C-statistics comparing prediction models in men and
women were similar across all models for overall, colorectal,
PM breast, prostate and obesity-related cancers (Table 5). All
models had greatest discriminatory ability for colorectal cancer in men and women, and the lowest for PM breast cancer
in women. Compared to Model 1, including age, education,
smoking and study cohort, the addition of BMI, WC and
HC, separately, improved the predictive ability for overall,
colorectal, prostate, PM breast and obesity-related cancers in
men and women (p < 0.05; change in c-statistic not shown).
Compared with BMI, models of WC had a signiﬁcantly
greater discriminative ability for overall and colorectal cancer
in both men and women, and HC had signiﬁcantly greater
discriminative ability than BMI for overall cancer in men
(Supporting Information Table 6).

1.02 (0.98–1.06)
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Table 4. Hazards ratios (HR) and 95% conﬁdence intervals (CI) of the association between each anthropometric measure (per one SD increase) and cancer, by smoking status in women.
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0.7052
(0.6924–0.7180)

0.6851
(0.6769–0.6934)

0.6750
(0.6599–0.6901)

Colorectal

Prostate

Obesity–related cancer

0.7083
(0.6903–0.7264)

0.5989
(0.5854–0.6124)

0.6955
(0.6794–0.7115)

Colorectal cancer

PM breast cancer

Obesity–related cancer

0.6991
(0.6828–0.7154)

0.6010
(0.5873–0.6150)

0.7086
(0.6906–0.7266)

0.6396
(0.6318–0.6434)

0.6784
(0.6634–0.6934)

0.6852
(0.6769–0.6934)

0.7089
(0.6962–0.7216)

0.7002
(0.6952–0.7052)

Model 11BMI

0.7005
(0.6842–0.7168)

0.6009
(0.5872–0.6145)

0.7103
(0.6922–0.7284)*

0.6403
(0.6325–0.6481)*

0.6795
(0.6646–0.6943)

0.6851
(0.6768–0.6933)

0.7129
(0.7002–0.7256)*

0.7009
(0.6959–0.7059)*

Model 11WC

0.6996
(0.6934–0.7157)

0.6026
(0.5889–0.6163)

0.7087
(0.6907–0.7267)

0.6401
(0.6323–0.6479)

0.6808
(0.6656–0.6958)

0.6852
(0.6769–0.6934)

0.7090
(0.6961–0.7218)*

0.7006
(0.6956–0.7056)*

Model 11HC

0.6969
(0.6807–0.7131)

0.5989
(0.5854–0.6125)

0.7105
(0.6924–0.7286)

0.6392
(0.6314–0.6470)

0.6764
(0.6615–0.6913)

0.6851
(0.6769–0.6933)

0.7115
(0.6988–0.7241)

0.7005
(0.6955–0.7055)

Model 11WHR

0.6987
(0.6824–0.7149)

0.5993
(0.5858–0.6129)

0.7094
(0.6914–0.7274)

0.6392
(0.6314–0.6470)

0.6776
(0.6626–0.6926)

0.6853
(0.6771–0.6936)

0.7094
(0.6967–0.7222)

0.7002
(0.6952–0.7052)

Model 11Waistto-height ratio

0.6958
(0.6797–0.7118)

0.5991
(0.5856–0.6126)

0.7101
(0.6920–0.7283)

0.6388
(0.6310–0.6466)

0.6762
(0.6612–0.6913)

0.6854
(0.6772–0.6936)

0.7081
(0.6953–0.7209)

0.7005
(0.6954–0.7055)

Model 11ABSI

Abbreviations: BMI: Body mass index; WC: Waist circumference; HC: Hip circumference; WHR: Waist-to-hip ratio; WtHR: Weight-to-height ratio; ABSI: A body shape index; PM: Post-menopause. Model
1: Age, education, smokingand study cohort. All models adjusted for age, smoking status, education and study cohort using follow-up time as the time scale.*C-statistics signiﬁcantly greater than
BMI, determined by estimating the differences in c-statistics, p < 0.05 (Supporting Information Table 6).

0.6386
(0.6308–0.6466)

All cancer

Women

0.7001
(0.6951–0.7051)

All cancer

Men

Model 1

Harrell’s C statistic (95% CI) for each anthropometric measure

Table 5. Comparison of the discriminative ability of each adiposity measure for the prediction of incident cancer in men and women
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multiple anthropometric markers to assess cancer risk, most
examine site-speciﬁc cancers, with mixed effect sizes. Central
adiposity, assessed by WC or WHR, has been associated with
PM breast cancer in several studies, independent of BMI,
with relative risks ranging from 1.28 to 2.85 depending on
how measures were categorised.28,29 However, a more recent
review showed that adjustment for BMI attenuated the relationship between WC or WHR and risk of PM breast cancer
to the null. This work did however show that there was evidence that central obesity may be important for premenopausal breast cancer.13 Moghaddam et al.30 pooled risk
estimates from 31 studies to estimate associations of general
and central adiposity with colorectal cancer incidence. They
showed higher estimates for measures of central adiposity
(HR: 1.44 (95% CI: 1.32–1.58) than BMI (1.19, 1.11–1.29) in
obese compared to non-obese, but this was only statistically
signiﬁcant in men. Studies of oesophageal,31 endometrial32
and pancreatic cancers33 also suggest stronger associations
with central adiposity than with BMI. For prostate cancer,
several large studies have found an increased BMI to be associated with an increased risk of the development of prostate
cancer, while others have shown no such association.7 For
central adiposity, a Chinese study showed that men in the
highest quartile of WHR had a three-fold increased incidence
of prostate cancer compared with men in the lowest quartile
of WHR, but no association was seen for BMI.34 Other studies show that central obesity may play a role only in
advanced stages of prostate cancer.35 We did not have data
on cancer stage to explore this in the current study.
An important caveat in all of these aforementioned studies
is that including separate anthropometric measures in the
same model can lead to difﬁculties in interpretation of results,
because of the high degree of co linearity between the anthropometric variables. To understand if central or general adiposity is driving the association with incident cancer, separate
models need to be ﬁtted and compared. To our knowledge, we
are the ﬁrst group to compare the discriminative ability of each
anthropometric measure for predicting the risk of multiple
cancer outcomes. We show that addition of BMI, WC and HC
to models of age, education and smoking signiﬁcantly
improved the predictive ability of models, though the impact
was small. Additionally, among anthropometric measures, we
show that WC, a measure of central adiposity, had statistically
greater discrimination than BMI for overall and colorectal cancers. However, these differences were only in the order of
approximately 1% and therefore, are unlikely to be clinically
relevant. Additionally, given all anthropometric measures had
similar discriminative ability we show that there is no one
stand out measure for the prediction of cancer.
At present, the biological mechanisms that link adiposity
to cancer are poorly understood. Current ﬁndings implicate
sex- and cancer site-speciﬁc biological mechanisms underpinning these associations and it is unlikely that there is a one
single underlying mechanism.36 The three most common
pathways proposed are; insulin and insulin-like growth fac-

tors,37 sex steroids,38,39 adipokines and markers of chronic
inﬂammation.40 We did not have data on these biological
markers to disentangle these mechanisms further. Our data
suggest that central adiposity, which is more active in terms
of metabolic and inﬂammatory cytokines, appears to be more
strongly related to cancer than is general adiposity.

Strengths and Weaknesses
Our study combined data from 11 large Australian
population-based studies, with sufﬁcient power to investigate
the association between anthropometric measurements and
risk of cancer incidence and is the ﬁrst large scale analysis of
obesity and cancer in Australia. While many studies have
compared the discriminative ability of anthropometry for
CVD,9,10,26 this is the ﬁrst time a large range of markers have
been compared in terms of magnitude and discriminative
ability for various cancer outcomes. This is also the ﬁrst time
that the ABSI has been examined for predicting cancer risk.
ABSI has been shown to be a useful measure for predicting
all-cause mortality,21 but we show here that it is not useful
for cancer.
There are several limitations to this study that should also
be acknowledged. First, for outcomes of obesity-related cancers
we included malignancies where there is internationally recognised “sufﬁcient evidence” for associations with obesity. However, given the paucity of data on some rare site-speciﬁc
cancers, it is possible that some cancers that may be driven by
excess adiposity have not been included here. Nevertheless,
their contribution to overall obesity-related cancers is likely to
be very small. It is also known that associations between obesity and colorectal cancer differ by site, that is, colon vs. rectum.41 Unfortunately, we were unable to stratify by these
cancer sites. Second, there is potential for reverse causality
from weight loss that may have been due to illness, or weight
gain that may have been the result of quitting smoking. We
have, however, attempted to address this by excluding people
in the ﬁrst three years of follow-up and performing stratiﬁed
analyses in ever smokers and never smokers. With these sensitivity analyses, our conclusions were not altered. Third, this is a
pooled collaborative analysis and even though we did have lifestyle data such as physical activity and diet in some studies,
these data were collected too differently across studies to derive
sensible harmonized categories. Therefore, we could not further adjust our analyses for potential confounding effects of
physical activity, diet and alcohol in a meaningful way. Last, we
did not have data on hormone replacement therapy, a factor
shown in some studies to modify associations between obesity
and cancer.42,43 It is possible, therefore, that there may be some
residual confounding of HRT on the association between obesity and cancer.

Conclusions
This large pooled collaborative study has shown that anthropometric measures are associated with the development of
overall, colorectal, PM breast and obesity-related cancer in
C 2015 UICC
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men and women in Australia. Measures of central adiposity
performed marginally better than BMI in discriminatory
analyses of overall and colorectal cancers. However, all
anthropometric measures were similarly moderately predictive of cancer risk. Therefore, at this stage we do not present
strong evidence for the choice of one anthropometric marker
over another for assessing an individuals’ risk of cancer.
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4,621

601

618

1,313

10,482

16,505

1,763

947

878

Australian Diabetes Obesity
and Lifestyle Study

Crossroads Undiagnosed Study

Fremantle Diabetes Study

Geelong Osteoporosis Study

Health in Men Study

Melbourne Collaborative
Cohort Study

Northwest Adelaide Health
Study

Perth Risk Factor Prevalence
Cohort Study 1989

Perth Risk Factor Prevalence
Cohort Study 1994

59.8 (13.3)

46.8 (13.5)

45.2 (13.5)

49.6 (16.2)

55.7 (8.8)

71.4 (4.3)

53.9 (19.2)

61.7 (12.8)

52.9 (15.6)

51.1 (14.0)

78.6 (6.1)

27.2 (3.8)

26.4 (3.8)

26.2 (3.4)

27.9 (4.7)

27.2 (3.6)

26.9 (3.7)

27.0 (4.1)

29.3 (5.2)

28.1 (4.3)

27.3 (4.1)

26.0 (3.3)

27.2 (3.7)

(kg/m2)

(years)

72.2 (4.8)

BMI

Age

96.9 (11.0)

95.0 (11.2)

91.0 (10.2)

99.9 (12.8)

93.5 (10.0)

100.7 (10.3)

97.2 (11.3)

99.0 (13.0)

101.3 (11.6)

97.6 (11.4)

97.3 (9.4)

100.4 (10.0)

(cm)

WC

102.8 (7.7)

104.9 (7.0)

101.3 (6.5)

104.7 (9.2)

101.1 (7.1)

103.2 (7.1)

100.7 (8.8)

109.4 (11.2)

106.5 (8.1)

104.4 (7.6)

102.7 (7.4)

105.3 (7.7)

(cm)

HC

0.94 (0.07)

0.90 (0.07)

0.90 (0.06)

0.94 (0.06)

0.92 (0.06)

0.97 (0.06)

0.96 (0.06)

0.90 (0.08)

0.95 (0.06)

0.93 (0.06)

0.95 (0.06)

0.95 (0.05)

WHR

0.56 (0.07)

0.54 (0.07)

0.52 (0.06)

0.57 (0.08)

0.54 (0.06)

0.59 (0.06)

0.56 (0.07)

0.60 (0.08)

0.58 (0.07)

0.56 (0.07)

0.57 (0.05)

0.59 (0.06)

WtHR

0.0818 (0.0053)

0.0811 (0.0057)

0.0782 (0.0041)

0.0823 (0.0044)

0.0789 (0.0045)

0.0859 (0.0038)

0.0817 (0.0049)

0.0813 (0.0052)

0.0830 (0.0045)

0.0815 (0.0044)

0.0853 (0.0046)

0.0848 (0.0043)

(m11/6kg-2/3)

ABSI

11.1

14.4

19.3

8.1

16.5

10.6

4.7

13.2

6.8

8.7

6.5

10.9

Median
follow-up
(years)

8,872

121

168

156

3,642

3,135

118

178

48

423

179

764

All
cancer

956

19

31

21

n/a

601

19

33

9

63

14

146

(N)

Obesityrelated
cancer

Abbreviations: BMI: Body mass index; WC: Waist circumference; HC: Hip circumference; WHR: Waist-to-hip ratio; WtHR: Weight-to-Height Ratio; ABSI: A body shape index. Data are means
(SD) or as noted
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5,603

749

640

1,568

23,388

1,918

941

847

Australian Diabetes
Obesity and Lifestyle
Study

Crossroads Undiagnosed
Study

Fremantle Diabetes Study

Geelong Osteoporosis
Study

Melbourne Collaborative
Cohort Study

North West Adelaide
Health Study

Perth Risk Factor
Prevalence Cohort Study
1989

Perth Risk Factor
Prevalence Cohort Study
1994

55.0 (12.5)

46.7 (13.5)

45.2 (13.5)

49.4 (15.8)

51.9 (8.6)

49.3 (20.1)

62.5 (13.0)

52.0 (15.3)

51.0 (14.3)

75.7 (6.3)

26.9 (5.1)

26.1 (5.0)

25.3 (4.5)

27.8 (6.0)

26.8 (4.9)

26.6 (5.3)

29.3 (5.4)

27.8 (5.8)

26.9 (5.5)

26.2 (4.8)

27.2 (4.5)

(kg/m2)

(years)

73.2 (5.0)

BMI

Age

82.8 (12.8)

82.0 (11.7)

77.4 (10.9)

89.9 (14.1)

80.1 (11.7)

84.6 (12.8)

99.0 (13.1)

89.4 (13.6)

85.6 (13.3)

87.2 (11.2)

89.7 (11.0)

(cm)

WC

103.4(10.7)

105.6 (10.3)

101.6 (9.2)

107.5 (12.7)

101.8 (9.9)

105.3 (11.5)

109.4 (11.5)

107.9 (12.4)

105.4 (11.5)

103.8 (9.8)

105.8 (10.2)

(cm)

HC

0.80 (0.07)

0.77 (0.06)

0.76 (0.06)

0.83 (0.07)

0.79 (0.07)

0.80 (0.07)

0.91 (0.08)

0.83 (0.06)

0.81 (0.07)

0.84 (0.06)

0.85 (0.06)

WHR

0.52 (0.08)

0.51 (0.07)

0.48 (0.07)

0.56 (0.09)

0.50 (0.08)

0.53 (0.08)

0.60 (0.08)

0.55 (0.09)

0.53 (0.08)

0.56 (0.07)

0.57 (0.07)

WtHR

0.0731 (0.0062)

0.0735 (0.0045)

0.0708 (0.0044)

0.0774 (0.0053)

0.0709 (0.0054)

0.0751 (0.0054)

0.0815 (0.0054)

0.0770 (0.0053)

0.0752 (0.0052)

0.0792 (0.0061)

0.0792 (0.0057)

(m11/6kg-2/3)

ABSI

16.0

14.4

19.3

8.2

17.0

12.3

16.1

6.9

8.7

13.8

11.2

Median
follow-up
(years)

4,832

87

117
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3,319

149

116

46

388

48
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All
cancer
(N)

701

55

59

45

n/a

80

53

22

171

14
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(N)

Obesityrelated
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Abbreviations: BMI: Body mass index; WC: Waist circumference; HC: Hip circumference; WHR: Waist-to-hip ratio; WtHR: Waist-to-Height Ratio; ABSI: A body shape index.
Data are means (SD) or as noted
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-0.0037

-0.0001

-0.0034

Colorectal

Prostate

Obesity-related
cancer

0.0020

PM breast
cancer

0.115

0.258

0.765

0.077

0.170

0.823

0.021

0.505

p-value

-0.0014

0.0001

-0.0017

-0.0008

-0.0011

0.0001

-0.0042

-0.0007

Coef.

0.287

0.907

0.049

0.054

0.498

0.420

0.001

0.003

p-value

Model 1+WC

-0.004

-0.0017

-0.0001

-0.0005

-0.0023

-4.20e-06

-0.0001

-0.0004

Coef.

0.680

0.115

0.847

0.102

0.179

0.974

0.949

0.013

p-value

Model 1+HC

0.0023

0.0020

-0.0019

0.0004

0.0020

0.0001

-0.0026

-0.0003

Coef.

0.306

0.243

0.118

0.544

0.381

0.230

0.140

0.287

p-value

Model 1+WHR

0.0005

0.0016

-0.0008

0.0004

0.0080

-0.0002

-0.0005

0.0000

Coef.

0.681

0.173

0.174

0.210

0.544

0.503

0.541

0.834

p-value

Model 1+WtHR

0.0034

0.0018

-0.0015

0.0007

0.0022

-0.0003

0.0008

-0.0002

Coef.

0.149

0.348

0.250

0.235

0.461

0.292

0.671

0.397

p-value

Model 1+ABSI

Abbreviations: BMI: Body Mass Index; WC: Waist Circumference; HC: Hip Circumference; WHR: Waist-to-Hip Ratio; WtHR: Weight-to-Height Ratio; ABSI: A Body Shape Index; PM:
Post-menopause. ^Model 1: Age, education, smoking and study cohort. All models model adjusted for age, smoking status, education and study cohort using follow-up time
as the time scale.

0.004

0.0028

Colorectal
cancer

Obesity-related
cancer

0.0010

All cancer

Women

-0.0001

Coef.

All cancer

Men

Model 1^

Coefficients and p-values

Supplementary Table 3 Coefficients and p-values for the difference in c-statistics between each anthropometric measures’ discriminative ability for cancer outcomes, as
compared to BMI
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Diabetes Study; HREC, Human Research and Ethics
Committee; ICD, International Classification of Disease;
MCCS, Melbourne Collaborative Cohort Study; NDI,
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Background: Observational studies examining associations
between hypertension and cancer are inconsistent. We
explored the association of hypertension, graded
hypertension and antihypertensive treatment with cancer
incidence and mortality.
Method: Eighty-six thousand five hundred and ninety-three
participants from the Australian and New Zealand Diabetes
and Cancer Collaboration were linked to the National Death
Index and Australian Cancer Database. Cox proportional
hazards models estimated hazard ratios and 95% confidence
intervals (95% CI) for the association of treated and
untreated hypertension with cancer incidence and mortality.
Results: Over a median follow-up of 15.1 years, 12 070
incident and 4350 fatal cancers were identified. Untreated
and treated hypertension, compared with normotension,
were associated with an increased risk for cancer incidence
[hazard ratio 1.06, 95% CI (1.00–1.11) and 1.09 (1.02–
1.16) respectively], and cancer mortality (1.07, 0.98–1.18)
and (1.15, 1.03–1.28), respectively. When compared with
untreated hypertension, treated hypertension did not have
a significantly greater risk for cancer incidence (1.03,
0.97–1.10) or mortality (1.07, 0.97–1.19). A significant
dose–response relationship was observed between graded
hypertension and cancer incidence and mortality;
Ptrend ¼ 0.053 and Ptrend ¼ 0.001, respectively. When
stratified by treatment status, these relationships remained
significant in untreated, but not in treated, hypertension.
Conclusion: Hypertension, both treated and untreated, is
associated with a modest increased risk for cancer incidence
and mortality. Similar risks in treated and untreated
hypertension suggest that the increased cancer risk is not
explained by the use of antihypertensive treatment.
Keywords: antihypertensive treatment, cancer, cancer
mortality, hypertension
Abbreviations: ACD, Australian Cancer Database; AIHW,
Australian Institute of Health and Welfare; ANZDCC,
Australian and New Zealand Diabetes and Cancer
Collaboration; BP, blood pressure; CVD, cardiovascular
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cancer [1,2]. Emerging evidence suggests that other metabolic abnormalities, such as hypertension, may also be
associated with an increased risk for cancer [3–6]. Two
main hypotheses have been proposed to explain this
observation. First, medications used in the treatment of
hypertension may cause cancer by directly promoting
carcinogenesis, accelerating other carcinogens or impeding
defense mechanisms [7]. Second, there may be a common
mechanism linking blood pressure (BP) regulation and
cancer development, independent of antihypertensive
treatment [8]. In addition, it is also possible that cancer
itself may lead to hypertension [9].
To date, observational studies on the association
between hypertension and cancer show inconsistent
results. A large Swedish cohort reported a 7% [95% confidence interval (CI): 4–9%)] increase in incident cancer risk
per 10 mmHg increase in BP [10]. This association, however, did not account for antihypertensive treatment, and
was observed only in men [10]. A second, smaller, Swedish
cohort of men demonstrated a 41% increase in risk of cancer
incidence when comparing the highest quintile of SBP with
the lowest, even after adjustment for antihypertensive
medication at baseline [8]. Other studies report that antihypertensive medication, in particular diuretics, may be
associated with an increased cancer risk even in those who
are normotensive [11,12]. However, a recent meta-analysis
concluded that diuretics or any other single antihypertensive medication was not associated with an increased
cancer risk, though it could not be ruled out that a combination of antihypertensive drugs may confer an increased
risk for overall cancer [13].
For cancer mortality, evidence is less clear. Early work by
Dyer et al. [3] showed a 50 and 80% increased risk in cancer
mortality among hypertensive men compared with normotensive men for systolic and diastolic hypertension, respectively. A more recent meta-analysis reported a 23% increased
risk in cancer mortality in those with hypertension compared with those without, though significant heterogeneity
among studies was noted and the included studies did not
adjust for BP treatment [4].
Using data from a large pool of prospective studies, we
examine the association between treated and untreated
hypertension, graded hypertension and cancer incidence
and mortality.

METHODS
Study population
The Australian and New Zealand Diabetes and Cancer
Collaboration (ANZDCC) is a pooled study composed of
18 prospective studies in Australia and New Zealand with
data on 153 025 men and women. Details of sampling
procedures, study designs and methods for each of the
respective studies have been described elsewhere [14]. In
brief, the chief investigators of epidemiological studies in
Australia and New Zealand conducted from 1983 onwards
with data on diabetes, obesity and the metabolic syndrome
and with a minimum sample size of 1000 individuals were
invited to participate in the ANZDCC study. For the
current analysis, we included observational studies that
had measured BP and information on antihypertensive
150
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treatment (12 cohorts; n ¼ 91 781). To prevent reverse
causation, we excluded participants with a cancer diagnosis
prior to baseline date (n ¼ 3022) or who were underweight
at baseline (n ¼ 843). We further excluded participants with
missing data on age, sex, smoking or BP (n ¼ 1323). A total
of 86 593 participants (40 965 men; 45 628 women) with
complete data were included in the final data analysis.

Data linkage
Australian participants of the ANZDCC cohort were linked
to the Australian Cancer Database, a register of all primary,
malignant cancers diagnosed in Australia since 1982, and
the National Death Index (NDI). Linkage was performed by
the Australian Institute of Health and Welfare (AIHW) and
the Western Australian Data Linkage Unit (for Fremantle
Diabetes Study (FDS) only), using first name, second name,
last name, sex and date of birth [15]. New Zealand participants of the ANZDCC cohort, those from the Fletcher
Challenge Study, were linked to the New Zealand Cancer
Registry and Mortality Database using National Health
Index numbers; unique identifiers assigned to every person
who uses health and disability support services in New
Zealand. Cancer status of the cohort was determined until
31 December 2008 for 10 of the 12 cohorts and until 31
August 2010 for the Melbourne Collaborative Cohort Study
(MCCS) and 31 October 2012 for FDS. Mortality status was
determined until 31 March 2012 for nine of the 12 cohorts,
and until 31 December 2009 for the Fletcher Challenge
Study, 30 April 2011 for MCCS and 31 January 2013 for FDS.
We set a match link rate of 97.70% (true matches/correct
links) with link accuracy of 97.92% (1.08% expected to be
false-positive links). Twenty-seven percent of links underwent clerical review, performed by AIHW.

Definition of covariates and outcomes
Details of baseline BP measurements, by study, are provided in Supplementary Table 1, http://links.lww.com/
HJH/A541. Untreated hypertension was defined as elevated
SBP or DBP of at least 140 or 90 mmHg, respectively, with
no self-reported use of antihypertensive treatment, and
treated hypertension was defined by self-reported use of
antihypertensive treatment; no information on specific antihypertensive drugs was available. Those who did not have
elevated SBP or DBP and who did not report using antihypertensives were defined as ‘normotensive’. ‘Any hypertension’ was defined as untreated or treated hypertension.
Graded hypertension was classified according to the European Society of Hypertension and the European Society of
Cardiology guidelines as follows: normal: SBP <130 mmHg
or DBP <85 mmHg; high normal: SBP 130–139 mmHg or
DBP 85–89 mmHg; graded hypertension 1: SBP 140–159
mmHg or DBP 90–99 mmHg; graded hypertension 2: SBP
160–179 mmHg or DBP 100–109 mmHg; graded hypertension 3: SBP 180 mmHg or DBP110 mmHg [16].
Biomedical tests collected data on cholesterol (mmol/l);
diabetes was defined by self-report, fasting plasma glucose
of at least 126 mg/dl (7.0 mmol/l) or use of glucose-lowering medication; BMI was computed as weight (kg)
divided by the square of height (m). Information on education, smoking status and alcohol status was collected by
Volume 34  Number 1  January 2016
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questionnaires. These risk factors were harmonized across
studies to reflect common categories as follows: smoking
[current, ex-smoker and never-smoker (ex and current
smokers were combined into a single category of ‘ever’
smokers)]; education (high school or lower, above high
school); alcohol (meeting guidelines of  two drinks on
any occasion or not meeting guidelines) [17]. Total physical
activity time was calculated as the sum of time spent
walking (if continuous and for >10 min) or performing
moderate-intensity activity, and double the time spent in
vigorous-intensity activity. This double weighting has been
used because of the need to reflect that participation in
vigorous intensity physical activity confers greater health
benefits than participation in moderate activity [18]. Participants were then categorized as meeting Australian physical
activity guidelines (150 min/week) or not meeting guidelines (0 min/week and <150 min/week) [19]. Cancer was
defined according to the International Classification of
Disease 10th Revision (ICD-10); C00-C97, D45-D46 and
D47.1-D47.3 with cancers coded according to ICD-9
recoded as appropriate. Incidence of cancer was defined
as the first occurrence of cancer or death from cancer if that
was the first time the cancer had been reported. Fatal cancer
includes all those who died from cancer as reported by
the NDI.

Statistical analysis
For outcomes of cancer incidence (fatal and nonfatal cancer), individuals were followed from baseline date to date
of cancer diagnosis, date of death or date of linkage to
cancer registries, whichever occurred first. For outcomes of
cancer mortality, individuals were followed from baseline
date to date of death or date of linkage to mortality registries, whichever came first.
Differences in baseline characteristics, by cancer outcome, were assessed using Pearson’s chi-square test for
proportions and Student’s t-test for means as appropriate.
Heterogeneity of studies was explored by conducting a
meta-analysis using a random effects model and statistical
heterogeneity was estimated by the I2 statistic [20]. Cox
proportional hazards models (with age as the time scale)

were used to compute hazard rate ratios and 95% confidence intervals (95% CI) of cancer incidence and mortality
associated with untreated and treated hypertension, any
hypertension and graded hypertension, as defined above.
Analyses of graded hypertension were performed on the
total population, and then stratified by antihypertensive
use. Proportional hazards assumptions were satisfied, as
assessed with graphs of log–log plots of the relative hazards
by time for discrete variables and by scaled Schoenfeld
residuals. All models used age as the time scale and were
adjusted for sex, smoking and study cohort whereby baseline hazards for each included study were adjusted for.
Additional models were adjusted for education, diabetes
status, BMI, physical activity, cholesterol and alcohol intake
where data were available.
All analyses were done using STATA version 12.1
(StataCorp, College Station, Texas, USA). This study was
approved by the Alfred Health Human Research and Ethics
Committee (HREC), the AIHW HREC and the Western
Australian Department of Health HREC.

RESULTS
Over a median follow-up of 15.1 years, 12 070 incident and
4350 fatal cancers were identified over 1 128 742 and
1 317 274 person-years, respectively. Baseline characteristics of the study population, by cancer outcome, are
shown in Table 1. In brief, those who developed cancer
were more likely to be men, older, less educated, ever
smokers, hypertensive, diabetic, and have higher mean
BMI, cholesterol, SBP and DBP values compared with those
who did not develop cancer.
Baseline characteristics, by study, are shown in Supplementary Tables 2A and 2B, http://links.lww.com/HJH/A541.
The proportion of participants with hypertension (treated or
untreated) in each study cohort ranged from 27.4% in the
Fletcher Challenge Study to 75.9% in the Dubbo Study of the
Elderly. There was no significant heterogeneity across studies for the relationship between hypertension and cancer
incidence: I2 ¼ 24.1 and 41.2% for untreated hypertension
and treated hypertension, respectively.

TABLE 1. Baseline characteristics among the Australian and New Zealand Diabetes and Cancer Collaboration cohort which developed an
incident cancer during follow-up compared with those that did not

N
Men (%)
Age (years)
Education (above high school)
Smoking (ever smoker)
Physical activity (meeting guidelines)
Alcohol (meeting guidelines)
BMI (kg/m2)
Cholesterol (mmol/l)
Diabetes (%)
SBP (mmHg)
DBP (mmHg)
Untreated hypertension (%)
Treated hypertension (%)

No cancer

Cancer

74 523

12 070

46.1
51.5
38.0
45.7
54.1
72.0
26.8
5.5
6.0
132.9
76.3
24.2
16.4

(13.7)

(4.6)
(1.1)
(20.0)
(11.8)

54.9
59.9
33.1
52.2
53.5
72.3
27.2
5.7
9.1
140.3
78.5
32.6
24.7

P value

(10.2)

(4.4)
(1.1)
(20.6)
(12.0)

<0.001
<0.001
<0.001
<0.001
0.241
0.107
<0.001
<0.001
<0.001
<0.001
<0.001
<0.001
<0.001

Data shown as mean (SD) or proportions; meeting physical activity guidelines: 150 min/week; meeting alcohol guidelines:  two drinks on any one occasion.
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TABLE 2. Hazard ratios and 95% confidence intervals for the association between hypertension and cancer incidence and mortality
Mean (SD)
Systolic blood
pressure
Cancer incidence
N (total)
No. of events
Person (years)
Analysis 1
Normotensive
Untreated HT
Treated HT
Analysis 2
Untreated HT
Treated HT
Analysis 3
Normotensive
Any HT
Cancer mortality
N (total)
No. of events
Person (years)
Analysis 1
Normotensive
Untreated HT
Treated HT
Analysis 2
Untreated HT
Treated HT
Analysis 3
Normotensive
Any HT

HR (95% CI)

Diastolic blood
pressure

Model 1

Model 2

Model 3

Model 4

Model 5

86 593
12 070
1 128 742

86 593
12 070
1 128 742

86 122
11 977
1 123 734

68 703
10 257
966 633

48 552
7 818
757 104

121.2 (10.7)
151.8 (14.1)
149.6 (21.1)

71.4 (9.0)
84.8 (10.7)
81.8 (12.6)

ref
1.06 (1.01–1.11)
1.07 (1.02–1.12)

ref
1.01 (0.97–1.06)
1.06 (1.01–1.12)

ref
1.02 (0.97–1.06)
1.07 (1.02–1.13)

ref
1.03 (0.98–1.08)
1.06 (1.01–1.12)

ref
1.06 (1.00–1.11)
1.09 (1.02–1.16)

151.8 (14.1)
149.6 (21.1)

84.8 (10.7)
81.8 (12.6)

ref
1.00 (0.96–1.06)

ref
1.05 (1.00–1.10)

ref
1.05 (1.00–1.11)

ref
1.03 (0.98–1.09)

ref
1.03 (0.97–1.10)

121.2 (10.7)
150.9 (17.4)

71.4 (9.0)
83.6 (11.6)

ref
1.07 (1.03–1.11)

ref
1.04 (1.00–1.08)

ref
1.04 (1.00–1.08)

ref
1.04 (1.00–1.09)

ref
1.06 (1.02–1.12)

86 593
4350
1 317 274

86 593
4350
1 317 274

86 122
4312
1 311 126

68 703
3643
1 101 688

48 552
2577
820 305

121.2 (10.7)
151.8 (14.1)
149.6 (21.1)

71.4 (9.0)
84.8 (10.7)
81.8 (12.6)

ref
1.09 (1.02–1.18)
1.10 (1.01–1.18)

ref
1.05 (0.98–1.13)
1.13 (1.05–1.23)

ref
1.05 (0.97–1.13)
1.13 (1.04–1.22)

ref
1.04 (0.96–1.12)
1.10 (1.01–1.21)

ref
1.07 (0.98–1.18)
1.15 (1.03–1.28)

151.8 (14.1)
149.6 (21.1)

84.8 (10.7)
81.8 (12.6)

ref
1.00 (0.93–1.08)

ref
1.08 (1.00–1.16)

ref
1.08 (1.00–1.03)

ref
1.07 (0.98–1.16)

ref
1.07 (0.97–1.19)

121.2 (10.7)
150.9 (17.4)

71.4 (9.0)
83.6 (11.6)

ref
1.09 (1.03–1.17)

ref
1.08 (1.02–1.16)

ref
1.08 (1.01–1.15)

ref
1.06 (0.99–1.14)

ref
1.10 (1.01–1.20)

Model 1 ¼ Unadjusted; Model 2 ¼ Adjusted for sex, study name, smoking; Model 3 ¼ Model 2 þ education; Model 4 ¼ Model 3 þ BMI, diabetes status, physical activity; Model
5 ¼ Model 4 þ alcohol and cholesterol. Age is the time scale in all models. Any HT ¼ untreated þ treated HT. HT, hypertension.

Those with untreated and treated hypertension at baseline were more likely to develop cancer during follow-up
compared with those who were normotensive in fully
adjusted models: hazard ratio: 1.09, 95% CI (1.02–1.16)
and 1.06 (1.00–1.11), respectively (Table 2). There was no
difference in risk for cancer among those with treated
hypertension compared with untreated hypertension in
fully adjusted models (1.03, 0.97–1.10). Compared with
normotensive, any hypertension had a 1.06 (1.02–1.12)
increased risk for cancer incidence (Table 2).
Treated hypertension and untreated hypertension had
an increased risk for cancer mortality compared with those
who were normotensive in fully adjusted models (1.07,
0.98–1.18) and (1.15, 1.03–1.28), respectively, though this

reached statistical significance only in those with treated
hypertension (Table 2). When compared with untreated
hypertension, treated hypertension had similar risks for
cancer mortality (1.07, 0.97–1.19) in fully adjusted models.
Compared with normotensive, any hypertension had a 1.10
(1.01–1.20) increased risk for cancer mortality.
A dose–response relationship was observed between
graded hypertension and cancer incidence in fully adjusted
models, Ptrend ¼ 0.053 (Table 3). The highest risk estimates
were seen in those with SBP 160–179 mmHg or DBP 100–
109 mmHg: 1.08 (1.00–1.17). When stratified by antihypertensive status, this relationship remained significant in those
with untreated hypertension, Ptrend ¼ 0.015, but was attenuated in treated hypertension, Ptrend ¼ 0.258. A dose–

TABLE 3. Hazard ratios (95% confidence interval) for the association between graded hypertension and cancer incidence and mortality
Cancer incidence

Graded HT

N

Normal
High normal
Graded HT1
Graded HT2
Graded HT3
Ptrend

37 287
16 674
22 091
7797
2744

No. of
No. of
incident
fatal
cancers cancers
3596
2368
3901
1629
576

1050
877
1467
691
265

Total
population
(N ¼ 86 593)
1.00
1.05
1.08
1.03

ref
(0.94–1.07)
(0.99–1.11)
(1.00–1.17)
(0.91–1.17)
0.053

No treatment
(N ¼ 71 364)
1.00
1.05
1.12
1.08

ref
(0.94–1.07)
(0.99–1.12)
(1.02–1.23)
(0.91–1.28)
0.015

Cancer mortality
Treatment
(N ¼ 15 229)
0.98
0.98
0.93
0.90

ref
(0.80–1.21)
(0.82–1.17)
(0.77–1.13)
(0.72–1.13)
0.258

Total
population
(N ¼ 86 593)
1.11
1.12
1.25
1.23

ref
(0.99–1.25)
(1.00–1.24)
(1.10–1.43)
(1.01–1.50)
0.001

No treatment
(N ¼ 71 364)
1.13
1.08
1.36
1.20

ref
(0.99–1.28)
(0.96–1.22)
(1.16–1.59)
(0.90–1.60)
0.002

Treatment
(N ¼ 15 229)
1.05
1.22
1.06
1.19

ref
(0.73–1.51)
(0.90–1.66)
(0.76–1.48)
(0.82–1.74)
0.543

Models adjusted for sex, smoking, study cohort, education, BMI, cholesterol, diabetes, physical activity and alcohol with age as the timescale. Graded HT: normal: SBP<130 g or
DBP<85; high normal: SBP 130–139 or DBP 85–89; graded HT1: SBP 140–159 or DBP 90–99; graded HT2: SBP 160–179 or DBP 100–109; graded HT3: SBP 180 or DBP 110. HT,
hypertension.
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response relationship was also observed between graded
hypertension and cancer mortality, Ptrend ¼ 0.001 with highest risk estimates seen in those with SBP 160–179 mmHg or
DBP 100–109 mmHg, 1.36 (1.16–1.59). When stratified by
treatment status, this dose–response relationship remained
significant in untreated hypertension (Ptrend ¼ 0.002), but
not in treated hypertension (Ptrend ¼ 0.543).

DISCUSSION
In this large prospective pooled cohort, we found a significant but modest increased risk for cancer incidence
among those with treated and untreated hypertension
compared with those who were normotensive. For cancer
mortality, untreated and treated hypertension had similar
risk estimates, but this reached statistical significance in
those with treated hypertension only. We found no difference in risk for cancer incidence or mortality in treated
hypertension as compared with untreated hypertension.
For graded hypertension, we found that those with SBP
160–179 mmHg or DBP 100–10 mmHg had an 8 and 36%
increased risk for cancer incidence and mortality, respectively, compared with the lowest grade of hypertension.
This association was independent of treatment status with
elevated risks observed in both untreated and treated
hypertension, though these were significant only in
untreated hypertension.

Comparison to literature
Our findings are consistent with other observational data
that have found a positive association between hypertension and cancer incidence. Stock et al. [10] found a 29%
increased risk for cancer among men and women in the
highest quartile of BP compared with the lowest quartile,
though this study did not account for antihypertensive
treatment which may explain the higher effect size relative
to our study. Our analyses of graded hypertension showed
that those with SBP 160–179 mmHg or DBP 100–109
mmHg had an 8% increased risk for cancer relative to those
in the lowest category. These estimates are, however, lower
than those reported by a Swedish study of over 7000 men
which found a 41% increased risk for cancer incidence
among men in the highest quintile of BP compared with
those in the lower quintile, even after adjustment for antihypertensive treatment [8]. However, this study recruited
men referred to a specialist hypertension clinic and therefore it is expected that this population would have a higher
risk estimate than a general population sample. For cancer
mortality, our finding of a 7–15% increased risk for
untreated and treated hypertension is similar to that by
Goldbourt et al. [21] of a 10% increased risk for men with
than without hypertension. We also noted a 23% increased
risk for mortality in those with the highest grade of hypertension as compared with the lowest, similar to the overall
estimate of 23% found in the 2002 meta-analysis by Grossman et al. [4]. This meta-analysis, however, was unable to
account for the role of antihypertensive medication and the
authors could not rule out publication bias.
The underlying mechanisms between hypertension and
increased cancer risk are not clear. In animal models,
dysregulation of apoptosis, induced by high BP, has been
Journal of Hypertension

shown to promote the growth of cancer cells [22]. In
addition, hormones, which play a role in the development
of hypertension, possess mitogenic effects [23,24] and it is
also possible that the association between hypertension
and cancer is because of shared risk factors such as
genetics, obesity, smoking and poor diet [8]. In our study,
we adjusted for potential confounding effects of BMI,
smoking, physical activity, cholesterol, alcohol and diabetes, but we were unable to explore further the roles of poor
diet and/or genetics. Alternatively, antihypertensive medication may increase cancer risk, though findings are conflicting. A 2001 meta-analysis found an independent
association between thiazide diuretics and an increased
risk for cancer (hazard ratio 2.00, 95% CI 1.55–2.59), though
this finding was not supported in a second meta-analysis
which concluded that no single antihypertensive class has
sufficient or consistent evidence for a significant increase in
malignancy risk, including thiazide diuretics [13,25]. Our
results are consistent with the latter finding insofar as cancer
risk was similar in both treated and untreated hypertension
groups.

Strengths and weaknesses
Our study combined data from 12 large population-based
studies from Australia and New Zealand, with sufficient
power to investigate the association between hypertension
and risk of cancer incidence and mortality, by hypertension
treatment status. There are several limitations to this study
that should also be acknowledged. First, it is possible that
the relationship between hypertension and cancer differs
by cancer site with studies showing increased risks specifically for renal cancers among those with hypertension [26].
Examining site-specific cancers was beyond the scope of
the pooled cohort. Second, we did not have information
about the type or dose of antihypertensive medications that
participants were taking and therefore could not explore
the role of specific antihypertensive treatments on the
development of cancer and subsequent mortality. Further,
we only had data on hypertension and antihypertensive use
at baseline. It is possible that the results in untreated
patients might be because of unmeasured confounding
by antihypertensive drug intake during follow-up and lack
of compliance to therapy. Third, it is possible that our
results of graded hypertension, when stratified by antihypertensive status, may be the result of a type II error
whereby we were underpowered to detect true associations among those with treated hypertension in the highest
categories of graded hypertension. Last, the advantage of
pooled cohort studies is the increase in study power which
allows meaningful analyses of outcomes such as cancer.
However, limitations of pooled cohorts include the heterogeneity of included studies and the loss of discrimination of
covariates during harmonization across studies. In the
current study, covariates of physical activity and education
were each collapsed into binary categories to provide
consistency across studies. All other covariates were objectively measured (e.g. cholesterol BP, height and weight)
and therefore more easily combined across studies. In
addition, the level of heterogeneity was low (I2 ¼ 24.1–
41.2%) and the magnitude of associations between hypertension and cancer was similar between studies. Therefore,
www.jhypertension.com
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we believe that it is unlikely that this harmonization process
had a significant impact on our results.
In conclusion, this large pooled collaborative study
suggests that treated and untreated hypertension are modestly associated with a higher risk for the development of
cancer and subsequent cancer mortality in men and women
in Australia and New Zealand. For men and women in the
highest grade of hypertension, we additionally show that
there is an increased cancer risk that is not explained by the
use of antihypertensive treatment. Our findings are of
public health importance insofar as both hypertension
and cancer are common and potentially preventable conditions.
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Reviewers’ Summary Evaluations
Reviewer 1
This paper investigates the relations between hypertension
and cancer in a very large group of patients issuing from
various cohorts. The authors demonstrate that hypertension
and cancer are associated with a dose/response curve, and
this relation is not influenced by concomitant treatment.
The paper has a high power, the association is significant
statistically, but relatively weak. The dilution due to the
merging of numerous databases is compensated by the very
large numbers and the restricted number of outcomes.

Journal of Hypertension

Reviewer 2
The authors have pooled the data from 12 major cohorts on
86 593 participants from the Australian and New Zealand
Diabetes and Cancer Collaboration and had been followed
for a median of 15.1 years. They found that treated and
untreated hypertensive individuals had increased risk of
cancer incidence compared to normotensive individuals,
with no difference in risk between the treated and untreated
individuals. They also found an apparent dose–response
relationship between graded hypertension and cancer incidence risk. The authors have used appropriate methodology in this complicated process. The results that treatment
of hypertension is not associated with increased risk of
cancer if reassuring.
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2
2
2
2
2
1
2
3
2
2
2

Blue Mountains Eye Study

Crossroads Undiagnosed Disease Study

Dubbo Study of the Elderly

Fletcher Challenge Study

Fremantle Diabetes Study

Geelong Osteoporosis Study

Melbourne Collaborative Cohort Study

North West Adelaide Health Study

Path Through Life Project

Risk Factor Prevalence Cohort Studies 1989 and 1994

Number of
measurements taken

Australian Diabetes Obesity and Lifestyle Study

Study

5

3

5-10

5

5

5

5

10

5

10

5

Rest before
measurement (min)

Supplementary Table 1 Baseline measurement of blood pressure, by study cohort

Supplementary Data

Seated

Seated

Seated

Seated

Seated

Supine

Seated

Seated

Seated

Seated

Seated

Position

Mercury sphygmomanometer

Automated monitor (Omron M4 722C1)

Mercury sphygmomanometer

Automated Monitor (Dinamap 1846sX)

Automated Monitor (UA-751)

Automated Monitor (Dinamap 1846sX)

Mercury sphygmomanometer

Mercury sphygmomanometer

Mercury sphygmomanometer

Mercury sphygmomanometer

Mercury sphygmomanometer

Instrument
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5.7 (1.1)

16.6

15.1
5.8
825
282

Untreated hypertension

Treated hypertension

Diabetes

No. of non-fatal cancer events

No. of fatal cancer events

427

832

7.3

31.6

39.6

33.7

83.8 (10.4)

144.6 (21.3)

5.9 (1.1)

26.8 (4.6)

n/a

51.3

61.5

64.5 (9.6)

43.5

11.7

1992-1993

4,280

The Blue
Mountains Eye
Study

39

96

7.1

23.6

19.8

51.2

72.2 (10.1)

131.8 (22.3)

5.3 (1.0)

27.9 (5.2)

n/a

48.9

25.3

52.3 (15.5)

44.3

6.8

2001-2002

1,362

Crossroads
Undiagnosed
Disease Study

339

663

6.2

48.0

27.9

48.8

79.3 (12.0)

147.6 (24.2)

6.5 (1.2)

26.1 (4.1)

n/a

46.0

27.5

69.0 (6.9)

44.1

16.1

1988-1989

2,632

Dubbo Study of
the Elderly

380

1057

2.1

8.1

19.3

73.1

76.9 (11.1)

125.9 (16.9)

5.4 (1.2)

26.5 (4.1)

56.7

55.2

37.4

43.5 (15.1)

72.2

15.7

1992-1993

10,336

Fletcher Challenge
Study

126

299

100.0

26.9

18.0

n/a

80.1 (11.2)

149.4 (24.1)

5.4 (1.1)

29.3 (5.3)

n/a

55.5

12.0

62.2 (13.0)

49.2

15.0

1993-1996

1,284

Fremantle
Diabetes Study

Data shown as N, mean (SD) or proportions; n/a indicates data was not available; Meeting physical activity guidelines: ≥150 min/week; Meeting alcohol guidelines: ≤2 drinks
on any one occasion

n/a

70.1 (11.8)

Diastolic blood pressure (mmHg)

Physical activity (meeting guidelines)

129.1 (18.7)

Systolic blood pressure (mmHg)

2

Cholesterol (mmol/L)

63.4

Alcohol (meeting guidelines)

27.1 (4.9)

44.9

Smoking (ever smoker)

Body Mass Index (kg/m )

37.1

Education (above high school)

51.0 (14.2)

45.0

% Men

Age (years)

8.7

1999-2000

10,435

Median follow-up time

Year of baseline examination

N

Australian
Diabetes, Obesity,
and Lifestyle Study

Supplementary Table 2A Baseline characteristics and follow-up data by individual cohort
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n/a

Alcohol (meeting guidelines)

25.9
5.3
267
115

Treated hypertension

Diabetes

No. of non-fatal cancer events

No. of fatal cancer events

2,274

6,942

5.7

16.6

29.4

55.0

76.3 (11.6)

137.0 (19.2)

5.5 (1.1)

27.0 (4.4)

78.4

42.5

32.5

55.2 (8.7)

41.4

94

253

4.1

19.5

16.8

35.3

80.5 (10.2)

127.4 (18.3)

5.2 (1.1)

27.9 (5.4)

n/a

55.2

55.5

49.4 (16.1)

47.7

8.1

1999-2000;
2002-2003

3,775

Northwest
Adelaide
Health Study

93

341

3.3

13.2

22.8

60.0

79.4 (10.9)

128.9 (19.1)

.

25.8 (5.0)

n/a

46.7

67.0

43.6 (15.9)

49.5

8.3

1999-2002

6,384

Path Through
Life Project

112

286

2.3

10.1

20.6

21.6

76.1 (11.5)

128.6 (20.9)

5.7 (1.2)

25.7 (4.0)

n/a

53.6

19.8

45.2 (13.5)

50.1

19.3

1989

1,890

Risk Factor
Prevalence
Cohort Studies
1

69

209

4.5

10.7

27.8

20.7

80.5 (12.2)

129.9 (21.3)

5.4( 1.0)

26.3 (4.4)

n/a

51.2

19.1

46.8 (13.5)

50.8

14.4

1994

1,727

Risk Factor
Prevalence
Cohort Studies
2

4,350

12,070

6.5

17.6

25.3

54.0

76.6 (11.9)

134 (20.3)

5.6 (1.1)

26.9 (4.6)

n/a

56.6

37.3

52.7 (13.6)

47.3

15.5

1989-2003

86,593

Total
population

Data shown as N, mean (SD) or proportions; n/a indicates data was not available; Meeting physical activity guidelines: ≥150 min/week; Meeting alcohol guidelines:
≤2 drinks on any one occasion

18.0

Untreated hypertension

.

78.1 (12.2)

Diastolic blood pressure (mmHg)

Physical activity (meeting guidelines)

128.7 (20.7)

n/a

Systolic blood pressure (mmHg)

Cholesterol (mmol/L)

26.8 (4.7)

48.4

Smoking (ever smoker)

Body Mass Index (kg/m2)

28.4

53.0 (19.2)

Education (above high school)

Age (years)

48.4

% Men

16.9

1991-1994

1993-1997;
2001-2006
6.7

39,828

Melbourne
Collaborative
Cohort Study

2,660

Median follow-up time

Year of baseline examination

N

Geelong
Osteoporosis
Study

Supplementary Table 2B Baseline characteristics and follow-up data by individual cohort
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CHAPTER 7
Discussion

7.1

Key Findings

The primary focus of this thesis was to investigate associations between metabolic disease and cancer while
addressing methodological challenges in previous research such as detection bias and reverse causation. The
key findings from each chapter are summarised below.
In Chapter 3.1, trends in all-cause and cause-specific mortality in people with type 1 and type 2 diabetes were
reported. Findings from this work were three-fold. First, we demonstrated significant declines in excess allcause mortality in both type 1 and type 2 diabetes between 1997 and 2010. However, it was noted that there
is still a 3 and 1.2 times excess risk in people with type 1 and type 2 diabetes, respectively, as compared with
the general population. Continued efforts to rectify this disparity are needed. Second, we observed a decline
in the proportion of deaths attributed to cardiovascular disease (CVD) among people with type 1 and type 2
diabetes over time. Coinciding with this decline in mortality from CVD, we highlight the emergence of cancer
as a leading cause of death among diabetes. This finding is of significant importance in light of the rising
prevalence of diabetes, the decline in CVD mortality among diabetes and an ageing population. These factors
suggest that cancer is likely to become the leading cause of death among people with diabetes if current
trends continue. Third, one of the most important and novel findings from this work is that a substantial
and increasing proportion of CVD deaths among people with diabetes are attributed to diabetes on death
certificates, leading to underestimates in the CVD mortality burden among people with diabetes. If confirmed
in other data populations, this has important ramifications for the understanding of mortality patterns.
Chapter 3.2 extended this work by exploring recent trends in all-cause, CVD, diabetes and cancer-specific
mortality rates in both type 1 and type 2 diabetes, by age. To our knowledge, this is the first time that trends
in absolute cause-specific mortality rates in diabetes have been explored by age group and are important data
to inform public health to prioritise where prevention and treatment efforts may have the greatest impact.
Chapter 3.2 reports significant declines in age-standardised mortality rates (ASMRs) for all-cause, CVD and
diabetes in both type 1 and type 2 diabetes, while cancer ASMRs remain unchanged. These trends suggest
continued success in the treatment of diabetes and its complications, consistent with conclusions from Chapter
3.1. However, these improvements were not seen across the entire age spectrum, with younger ages (<40
years) not experiencing the same declines in mortality as older populations and even more concerning, for type
2 diabetes, increases in all-cause and cancer mortality were noted in age group 0–40. In addition, the absence
of a decline in cancer ASMRs among people with diabetes warrants urgent attention.
After demonstrating the emergence of cancer as a leading cause of death among people with diabetes in
Chapter 3.1, Chapter 4 aimed to quantify associations between type 1 and type 2 diabetes and a number of
site-specific cancers. This is one of the first studies worldwide with adequate power to specifically investigate
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associations by diabetes type and rarer cancers. The main finding from this work is that both type 1 and type 2
diabetes have an increased risk for a number of site-specific cancers, as compared with the general population,
and that risk estimates in type 1 and type 2 diabetes are similar. This is an important finding as type 1 and
type 2 diabetes have different disease aetiologies with respect to insulin resistance and hyperinsulinaemia,
yet similar risk estimates for cancer and therefore, this knowledge may help disentangle underlying causal
pathways. For example, data presented in this paper suggest that hyperglycaemia (common to both type 1 and
type 2 diabetes) may be the causal pathway linking diabetes and cancer and not endogenous hyperinsulinemia
(found only in type 2 diabetes) as has previously been hypothesised. These findings should, of course, be taken
in light of the inability of the NDSS dataset to adjust for important confounders such as smoking and obesity
(discussed in detail in section 7.2). In addition, by comparing incidence and mortality risk in time segments
within two years of diabetes diagnosis, we show that detection bias and reverse causation explain some, but
not all, of the cancer risk among newly diagnosed type 2 diabetes.
Chapter 5 reports the risks for overall cancer and the three most common site-specific cancers (colorectal,
prostate and breast cancer) associated with the components of the metabolic syndrome (MetS), both separately
and jointly. Findings from this paper suggest that those with five positive components of the MetS are at
increased risks for overall and colorectal cancers and these associations appear to be driven largely by central
obesity and elevated blood pressure (BP). This paper also demonstrates that the MetS is only a moderate
predictor of cancer risk and thus does not present strong evidence for the use of the MetS in a clinical setting
as a useful means for assessing an individual’s risk for overall, colorectal, breast or prostate cancers. The MetS
may be useful in assessing risk for other site-specific cancers, however we were unable to explore other sitespecific cancers in this chapter due to the small numbers of rare cancers.
Chapter 5 suggested that observed associations between the MetS and cancer are largely driven by central
obesity and BP. Chapters 6.1 and 6.2, therefore, explored associations of obesity with cancer and BP with
cancer, respectively, in more detail. Chapter 6.1 reports, for the first time, comparisons between a large range
of anthropometric markers in terms of magnitude and discriminative ability for various cancer outcomes. We
report that all anthropometric measures, including measures of central and general obesity, are associated with
overall, colorectal, post-menopausal breast and obesity-related cancers in men and women, but not prostate
cancer. In addition, while all anthropometric measures were similarly moderately predictive of cancer risk,
waist circumference (WC) discriminated significantly better than body mass index (BMI). This work suggests
that central obesity, which is more strongly associated with metabolic and inflammatory cytokines as well
as insulin resistance, may be more strongly related to cancer than general adiposity. However, given all
anthropometric measures were only moderately predictive of cancer risk, evidence in Chapter 6.1 does not
support a recommendation for one anthropometric marker over another for assessing an individual’s risk of
cancer in a clinical setting.
The final key finding reported in this thesis comes from an analysis of the association of hypertension, graded
hypertension and anti-hypertensive treatment with cancer incidence and mortality. Specifically, we addressed
inconsistencies in the current evidence-base as to whether hypertension or anti-hypertensive treatment is
associated with cancer. We report that hypertension, treated and untreated, is associated with a modest (6–9%)
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increased risk for cancer incidence and mortality. Similar risks in treated and untreated hypertension suggest
that the increased cancer risk is explained by underlying mechanisms of the hypertensive state, and not the
use of anti-hypertensive treatment.

7.2

Strengths and Limitations

This thesis has several strengths, predominantly in the novelty of several published manuscripts, backed by
robust methods and comprehensive datasets. Strengths and limitations pertaining to each study have been
summarised in the respective strengths and limitations section of each publication. Here, I will discuss in detail
the key strengths and limitations of the data sources used to quantify associations between metabolic disease
and cancer.
Chapters 3 and 4 report mortality and cancer outcomes among an Australian diabetes population, registrants
of the National Diabetes Service Scheme (NDSS). The main strength of this data source is that it is populationbased with a large sample size, a long follow-up time and the ability to distinguish between type 1 and
type 2 diabetes. There are several limitations, however, that should be acknowledged. First, the NDSS is an
administrative database, and there are inherent limitations with using administrative databases for research
purposes.1 Namely, for our study, the lack of precise information about the type of diabetes for all registrants was
not available. The classification of diabetes, particularly in young patients, is challenging and misclassification
can occur. However, the proportions of type 1 and type 2 diabetes in this study (~8% vs. ~92%) are similar in
other Australian data.2 Further, the proportion of type 2 diabetic patients who were also on insulin is consistent
with other studies.3 Given these well-known demographics and our very large sample size, we believe that any
misclassification in this study will not change overall conclusions from this work.
The NDSS is considered the best available national data source for estimating overall prevalence of diagnosed
diabetes in Australia.4 However, to date, there is no published data on the completeness of the NDSS, i.e. what
proportion of people with diagnosed diabetes are in fact registered on the NDSS. However, data from the
Fremantle Diabetes Study (FDS), a cohort study of people with diabetes, showed that 88% and 87% of type
1 and type 2 diabetes, respectively, were registered on the NDSS, including 81% of diet-treated participants
(W Davis, personal communication). In addition, a pilot study conducted by Magliano and Shaw using the
national Australian Diabetes Obesity and Lifestyle Study (AusDiab) reported that 80%, 90% and 100% of people
with known diabetes on diet, oral medication and insulin therapy reported being on the NDSS, respectively
(unpublished data). Taken together, thesedata confirm very high capture rates in all groups, while indicating
that there is a small, but definite bias towards more advanced diabetes. In particular, capture of type 1 diabetes
is almost 100% while for type 2 diabetes, it is likely that the NDSS underestimates those with diet-controlled
diabetes as the diabetes-related products provided through the scheme may not be needed.
Last, the NDSS provides one of the largest datasets for people with diagnosed diabetes in the world. The data
reported in Chapters 3 and 4 would not be possible without population datasets of this magnitude. However,
our findings are limited by a lack of covariates in the dataset. Therefore, we were unable to explore the extent
to which obesity, smoking, socioeconomic position, family history of cancer, pharmaceutical treatments
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and/or quality of care contributed to the observed trends in mortality among people with diabetes, or
associations between diabetes and cancer. However, studies of type 2 diabetes that have been able to account
for obesity, lifestyle-related factors and diabetes treatments have still observed elevated risks for a number of
cancers.5,6 Therefore, it is unlikely that these factors explain the entire association between diabetes and cancer.
Chapters 5 and 6 use data obtained from the Australian and New Zealand Diabetes and Cancer Collaboration
(ANZDCC), a pooled cohort comprised of all longitudinal cohorts in Australia and New Zealand (ANZ) from
1983 onwards with information on diabetes, hypertension, anthropometry and the MetS, and with a sample
size ≥1000. The purpose of ANZDCC, the study sample and strengths and weaknesses of this pooled cohort
have been detailed in Chapter 2.2. The key strength of the ANZDCC that distinguishes it from previous work is
that it is the largest study to ever examine the relationship between diabetes, obesity, the MetS, hypertension
and cancer. Specifically, the large sample size of ANZDCC allowed us to explore site-specific cancers. The 18
included cohort studies have breadth in the range of variables collected not seen in any other pooled cancer
studies, thus allowing adjustment for important confounding factors such as physical activity, socioeconomic
position and smoking.
On the other hand, pooled analyses are often limited by the heterogeneity of included studies and risk loss of
discrimination during harmonisation of covariates across studies. However, pooled cohorts are often the only
way of obtaining large enough study numbers to undertake meaningful analyses of outcomes such as cancer,
and other pooled cohort studies have made major contributions to our understanding of disease risk factors
by employing this method. In this thesis covariates of physical activity and education were each collapsed
into binary categories to provide consistency across studies. All other covariates were objectively measured
(e.g. cholesterol, BP, height and weight) and therefore more easily combined across studies. Further, the level
of heterogeneity reported between studies in publications presented in Chapters 5, 6.1 and 6.2 are relatively
low, in the magnitude of I2 = 12–42%. Therefore, it is unlikely that this harmonisation process has a significant
impact on the results. In addition, prospective cohort studies with long follow-up periods such as those included
in the ANZDCC have inherent biases related to sampling and response rates. The average response rates of
cohort studies in ANZDCC is 60.5% ranging from 35.5% in the Australian Longitudinal Study of Women’s Health
(ALSWH) to 82.4% in the Blue Mountains Eye Study (BMES). These low to moderate response rates may, of
course, introduce selection bias and therefore, limit the generalisability of our results.
Finally, obtaining mortality and cancer information in Australia can be difficult for large-scale studies such as
those reported here as unique health identifiers are not available. Therefore, linkage is based on probabilistic
algorithms that a given name, date of birth and State of residence will correctly link records belonging to
the same individual. Again, this may introduce misclassification. However, for all primary analyses in each
chapter, cut-offs with a high positive match rate (>97.0%) were applied. Further, several sensitivity analyses
were performed where the positive match rate was increased and decreased and conclusions were unchanged.

7.3

Implications and Future Directions

From the outset, this thesis identified knowledge gaps in the field of metabolic disease and cancer and proceeded
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to advance that knowledge. The importance of understanding these associations is underpinned by the fact
that diabetes, obesity and cancer represent global health priority areas. Evidence provided in this thesis not
only quantifies the cancer risk among people with diabetes and the MetS, but also informs us where prevention
strategies should be targeted and where resources would be best allocated. There are several clinical and public
health implications from this work, along with implications for researchers. These are discussed in detail below.
7.3.1

Clinical implications

This thesis has provided substantive evidence to suggest that people with diabetes, both type 1 and type
2, have significant increased risks for a number of cancers including rarer cancers such as chronic myeloid
leukaemia and thyroid cancers. The data provides evidence to suggest that diabetes clinicians should be
vigilant in ensuring that diabetes patients adhere to routine cancer screening, according to standard protocols
for the general population. The ability to identify cancers at an early stage will be an important step forward
in preventing premature mortality from cancer among people with diabetes. In addition, this thesis suggests
a role for hyperglycaemia as the likely mechanism underpinning associations between diabetes and cancer.
This suggests that diabetes management of hyperglycaemia will also be an important step forward in cancer
prevention.
The potential role of obesity and the MetS as predictors of future cancer risk was explored. While people with
obesity and the MetS are at increased risks for cancer, these markers are only moderate predictors of cancer
risk and therefore not a useful way of deciding who is or is not likely to get cancer. Perhaps this is because
cancer is so heterogeneous it is unlikely that one single underlying mechanism underpins these associations,
with different sex and cancer site-specific biological mechanisms more likely to play a role. Therefore, this data
does not suggest that the use of either of these measures should be introduced as a routine screening tool for
cancer. Rather, obesity and the MetS should be considered in combination with other traditional risk factors for
cancer such as smoking.
Last, the study on hypertension and cancer risk has important implications in relation to the pharmacological
management of hypertension. Previous studies have suggested thatanti-hypertensive medication may result
in an increased risk for cancer. This may lead to changes in the way anti-hypertensive medication is prescribed
due to concerns among patients and clinicians alike. However in this study hypertension, not anti-hypertensive
medication, was associated with an increased cancer risk. Therefore, consideration of cancer as a consequence
of anti-hypertensive medication is not necessary, particularly in light of their effective management of CVD risk.
Further data from large cohort studies with detailed information on anti-hypertensive medication is warranted
to confirm findings presented here.
7.3.2

Public health implications

Data on mortality trends among diabetes can be used to inform where prevention strategies should be targeted
and where resources are best allocated. Diabetes is now prominent on the global health agenda, with specific
targets for access to essential medicines in the treatment of diabetes and its complications and for prevention of
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obesity and diabetes.8 It is essential that health professionals, government and policy-makers alike understand
the full range of consequences of diabetes. Our data show that, with improvements in prevention and treatment
of CVD, cancer is likely to become the leading cause of death among people with diabetes if current trends
continue. This suggests that we need to adapt our health care systems to meet the changing needs of diabetes
patients in the future and adds further weight to the need for lifestyle modification programs to prevent both
type 2 diabetes and cancer.
In addition, the number of young-onset type 2 diabetes is increasing.7 Emerging evidence suggests that youngonset type 2 diabetes is associated with a greater mortality, more diabetes complications and unfavourable
cardiovascular disease risk factors, even compared with type 1 diabetes.8,9 In the most recent International
Diabetes Federation (IDF) Diabetes Atlas, the rapid and largely unexplained rise in young-onset type 2 diabetes
was described as a global health crisis and an urgent call was made for more information on this aspect of the
diabetes epidemic.7 This thesis reports that while mortality rates from all-cause, CVD, diabetes and cancer is, in
general, decreasing among type 1 and type 2 diabetes, in young-onset type 2 diabetes (0–40 years) mortality
from CVD or diabetes has not decreased since 2000, and even worse, mortality from all-cause and cancer has
increased. This data highlights the severity of young-onset type 2 diabetes and the urgent need for diabetes
prevention efforts to be targeted toward youth. Current guidelines for diabetes management in young people
needs to be reassessed to incorporate more aggressive management of risk factors to prevent unnecessary and
untimely deaths in this group of people.
7.3.3

Methodological concerns of epidemiological analyses for consideration

International Classification of Disease (ICD) codes for mortality are widely used in epidemiological research to
assess the health of populations, direct the allocation of funds and inform appropriate health care policy. But
this thesis shows that misclassification of cause of death (COD) can have major implications for the conclusions
drawn from epidemiological research.10,11 The proportion of CVD deaths potentially underestimated by using
underlying COD was 39% and 26% for type 1 and type 2 diabetes, respectively. And this proportion has
increased over time most likely due to an increasing awareness among doctors that diabetes is a key etiological
factor in the development of CVD. This data shows that when death from CVD is attributed to diabetes (often
correctly) on the death certificate, it can significantly obscure patterns of CVD mortality if only underlying
COD is used to attribute COD. Similar issues may also apply to other chronic diseases and their complications.
When considering mortality data, particularly for diabetes populations, reliance on underlying COD may be
misleading.
Last, detection bias and reverse causation explain some, but not all, of the association between type 2 diabetes
and some cancers. For type 1 diabetes, the number of cancer outcomes was too low to split by follow-up
time. It is not expected that detection bias and/or reverse causation would largely contribute to associations
between type 1 diabetes and cancer as people with type 1 diabetes are interacting with the healthcare system
at a much younger age. By exploring associations between type 2 diabetes and cancer in different time
segments following a new diabetes diagnosis, detection bias and reverse causation can be dissected from true
associations. This should be a consideration of future research analysing similar associations.
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Conclusion

This body of work has added to the current evidence-base in the association between metabolic disease and
cancer. This work has been published in several key papers. These papers have quantified the excess risk of a
number of site-specific cancers among people with metabolic disease and addressed methodological challenges
not considered in previous research. This work has wide ranging clinical and public health implications.
These include insights into the potential cancer mechanisms; assessment of the burden and consequences of
metabolic disease; recommendations to clinicians to be vigilant in ensuring diabetes patients are up to date
with cancer screening according to screening guidelines for the general population; aggressive management
of risk factors among young-onset type 2 diabetes to prevent premature mortality; the need to adapt our
health care systems to meet the changing needs of diabetes patients in the future and the need for lifestyle
modification programs to prevent both type 2 diabetes and cancer. It is imperative that we use this data to
inform policies that will improve the health and care of people living with metabolic disease.
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Appendix 1

Pancreatic cancer and diabetes
- what is the link?

P

ancreatic cancer is an aggressive
malignancy which is invariably
fatal. It is the 12th most prevalent
cancer worldwide, and is the 9th most
frequent cause of cancer death in
Western countries, including Australia.
The 5-year overall survival is less than
1%, a figure which has not changed in
20 years. 1 Like many cancers, smoking
is a key risk factor, estimated to be
responsible for approximately 30% of
all pancreatic cancers. Data on other
key risk factors for pancreatic cancer
are rare, however obesity, family history
of pancreatic cancer, and diabetes
have been shown to be independent
risk factors. Pancreatic cancer has few
symptoms in the early stages, and most
people are diagnosed in metastatic
stages of the disease. Notable symptoms
of pancreatic cancer include weight

scientists exploring the link between
diabetes and cancer, the temporal
relationship between diabetes and
pancreatic cancer is still not resolved,
and the question remains: is diabetes an
independent risk factor for pancreatic
cancer or does pancreatic cancer cause
diabetes?
DOES
DIABETES
CAUSE
CANCER?
Diabetes was first linked to
pancreatic cancer in 1974 in a case series
from Olmsted, Minnesota. Among this
case series of pancreatic cancers, 17%
had diabetes and almost half of these
diabetes cases had been diagnosed
at least 2 years before diagnosis of
pancreatic cancer. In contrast, two
decades later, results from a case-control
study of pancreatic cancer and diabetes

…is diabetes an independent risk
factor for pancreatic cancer or does
pancreatic cancer cause diabetes?
loss, abdominal pain and obstructive
jaundice. Treatment failure is common,
with few patients with metastatic disease
surviving beyond 4-6 months. Currently
there is no screening test for pancreatic
cancer and this has contributed to the
lack of the improvement in survival
rates. However, although progress
is slow, evidence is accumulating to
suggest that new onset diabetes may be
an early marker of this disease and that
this could be utilised with other factors
in the screening of those at high risk of
pancreatic cancer.
The relationship between diabetes
and pancreatic cancer is complex.
Despite the significant investment by
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showed that most diabetes diagnoses in
patients with pancreatic cancer occurred
at the same time or after pancreatic
cancer diagnosis, suggesting that
cancer was causing the diabetes. 2 Since
then several meta-analyses have been
published, which estimate the relative
risk (RR) of pancreatic cancer among
people with established diabetes (mostly
type 2, T2D) to be approximately 2, in
comparison to people without diabetes.
One of these meta-analyses explored the
issue of reverse causation and showed
that among those with a long history
of diabetes (of approximately 5 years),
the excess risk of pancreatic cancer was
about 50% lower than in individuals

for whom the duration of diabetes
was shorter. This suggests that at least
some of the excess risk of pancreatic
cancer among diabetes patients was due
to reverse causation. In other words,
in some cases, although the clinical
diagnosis of diabetes preceded that of
pancreatic cancer, the cancer probably
developed first, and may well have
actually caused diabetes. This issue has
also been explored by our group3 and
we showed that the RR for pancreatic
cancer among diabetes patients in
different time periods following diabetes
diagnosis decreased from around 10
in the first 3 months post-diabetes
diagnosis, to approximately 1.5 in the
first 24 months post-diabetes diagnosis.
This gives support to the notion that
reverse causation explains some, but
certainly not all, of the association
between diabetes and pancreatic
cancer. 3
A more recent meta-analysis
combined data from 88 studies and
reported that diabetes was associated
with a RR for pancreatic cancer of 1.97
(95% CI 1.78 - 2.18). Once again, the risk
of pancreatic cancer was greatest early
after the diagnosis of diabetes, starting
from a RR of 6.69 and decreasing to 1.36
at 10 years post-diabetes diagnosis.1
Importantly, just like the other analyses,
some increased risk of pancreatic
cancer persists many years after
diagnosis of diabetes. Interestingly, prediabetes has also been associated with
pancreatic cancer, with a recent study
demonstrating that every 0.56 mmol/L
increase in fasting blood glucose was
associated with a 14% increase in the
risk of pancreatic cancer. This raises
the possibility that pre-diabetes may
represent a good opportunity for
prevention of pancreatic cancer.4
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For type 1 diabetes (T1D), data
linking
diabetes
with
pancreatic
cancer are scarce. A meta-analysis
of 9 studies comprising young onset
diabetes reported a RR of around 2,
similar to the RR reported by our group
in those with T1D using data from a
national Australian diabetes register. 3
Although neither of these studies can
rule out reverse causality completely, it
provides fairly robust evidence in this
regard. Given the extreme infrequency
of pancreatic cancer in people under
25, it is more likely that T1D precedes
pancreatic cancer than the other way
around.
Overall, the data support the concept
that diabetes (T1D and T2D) is an
independent risk factor for pancreatic
cancer.
THE
BIOLOGICAL
MECHANISMS
LINKING
DIABETES AND CANCER
There
are
several
possible
mechanisms linking diabetes to
cancer, particularly pancreatic cancer.
These include insulin resistance,
hyperinsulinaemia
and
increased
levels of insulin-like growth factor
1 (IGF-1), and the glucose supply
hypothesis.
But
among
these,
controversy
exists
about
which

SUMMARY OF RED FLAGS TO DIAGNOSE PANCREATIC
CANCER:
While there are few speciﬁc symptoms of pancreatic cancer,
weight loss, abdominal pain and obstructive jaundice are
considered red ﬂags for this malignancy. In addition, smoking and
family history of pancreatric cancer increase the index of suspicion
for this cancer. Whenever any of the three cardinal symptoms are
observed in combination with recent onset of diabetes, pancreatic
cancer should be strongly considered.

mechanism holds the most weight. The
insulin/IGF-1 link is attractive as the
mechanistic link between these two
diseases for several reasons. There is
good evidence to suggest that reduced
insulin sensitivity, with compensatory
hyperinsulinaemia
and
elevated
IGF-1 seen in T2D, results in the
stimulation of cell proliferation. This is
consistent with the fact that both IGF1 and insulin are mitogenic hormones
which are in high concentrations in
diabetes. Animal and cell experiments
have shown that receptors for both
hormones are highly expressed on
cancer cells in those with diabetes and
therefore these hormones could act as
tumour growth factors.
The glucose supply hypothesis
states that since cancer cells are highly

metabolic and have high glucose
requirements, tumour growth may
be regulated by the availability of
glucose. This is particularly relevant to
pancreatic cancer as these cells depend
heavily on glucose for growth. In fact,
pancreatic cancer cells are described as
having a ‘glucose addiction’, exhibiting
increased glucose uptake relative to
other cancer cells. Hyperglycaemia may
therefore increase the risk of pancreatic
cancer by providing more fuel for
tumour growth. This is supported by
studies that show that cancer risk is
positively related to higher glycosylated
haemoglobin (HbA1c). If the glucose
supply hypothesis is true and glucose is
the real culprit (rather than insulin), we
would expect people with good control
of diabetes would reduce their risk of
developing cancer. However, this has
not been borne out in trial data. Recent
large-scale randomised controlled trials
of intensified glycaemic control for
T2D observed no difference between
intensified and conventional treatment
arms in terms of secondary outcomes
of cancer incidence or mortality. The
caveats here though are that these trials
were short in duration, and not powered
to observe differences in cancer
rates between intensive treatment of
glycaemia and standard care.
DOES PANCREATIC CANCER
CAUSE DIABETES?
Pancreatic cancer undoubtedly
causes diabetes, although direct
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DIABETES AND PANCREATIC CANCER
For example, there is emerging data
to suggest that modest weight loss
during or around the time of new
onset diabetes may also be a feature
of pancreatic cancer. Weight loss
occurring with new onset diabetes,
combined with traditional risk factors
of cancer such as age and smoking,
could be assessed with a screening
protocol and lead to the diagnosis of
asymptomatic, early-stage pancreatic
cancer in those with a high hereditary
risk of pancreatic cancer. In addition,
studies have also shown that pancreatic
tumour-secreted products such as
vanin-1, matrix metalloproteinase
9, S100 calcium binding protein and
islet
amyloid
polypeptide
…in some cases, although
(amylin) might
have a role to
the clinical diagnosis of
play as tumour
diabetes preceded that
markers
and
of pancreatic cancer, the
predictors
of
cancer probably developed
early disease.
ﬁrst, and may well have
Diabetes
has become a
actually caused diabetes.
pandemic and
continues to increase
diagnosis of cancer (16%). In other in many parts of the world. Taken
studies, diabetes was new onset in as a whole, the literature supports
relation to the cancer diagnosis, the concept that long-standing
appearing <24 months before the diabetes is an aetiological factor for
cancer in around 80% of pancreatic pancreatic cancer. In addition, new
cancer patients. 2 Several studies have onset diabetes may be an early sign
also shown that diabetes improves of pancreatic cancer and could be
following resection of tumours despite used in conjunction with other risk
surgical removal of variable amounts factors (such as weight loss, smoking,
and age >50) to identify those at
of pancreas. 2
Interest in the association of high risk of this disease. Given that
new onset diabetes with pancreatic treatment for this malignancy is not
cancer is driven by the hope that new promising and death is imminent in
onset diabetes may be or become these patients, there appears a very
an important marker of pancreatic strong impetus to invest in research
cancer. Although new onset diabetes in the area of early identification of
on its own could never be useful as pancreatic cancer.
an early marker of pancreatic cancer
for the general population, it could
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Glycemic Control and Excess Mortality in Type 1 Diabetes
To the Editor: Lind et al. (Nov. 20 issue)1 found
that patients with type 1 diabetes and a glycated
hemoglobin level of 6.9% or lower had a risk of
death that was twice as high as the risk among
matched controls. The hazard ratio for death
from cardiovascular disease was 3.64 among patients with diabetes who had normoalbuminuria
(albumin:creatinine ratio, <3 mg per millimole),
as compared with controls. However, a reduced
threshold to define microalbuminuria has been
suggested already.2 A very low level of urinary
albumin clearance, exceeding just 4.8 μg per
minute (corresponding to an albumin:creatinine
ratio of >0.7 mg per millimole), is a strong predictor of coronary heart disease and death in apparently healthy persons.2 In a study involving
adolescents with type 1 diabetes, participants in
the highest tertile of urinary albumin excretion
had more evidence of early renal and cardiovascular disease than those in the lower tertiles.3
We believe that it would have been wise to use
this low cutoff point in analyses to assess the
true increased risk of death among patients with
diabetes. Furthermore, it may be reasonable to
use angiotensin-converting–enzyme inhibitors to
modify low-grade microalbuminuria in an effort
to reduce the incidence of cardiovascular events.4
Gianluca Tornese, M.D.

low levels of microalbuminuria are associated with increased
risk of coronary heart disease and death independently of renal
function, hypertension, and diabetes. Circulation 2004;110:32-5.
3. Marcovecchio ML, Woodside J, Jones T, et al. Adolescent
Type 1 Diabetes Cardio-Renal Intervention Trial (AdDIT): urinary screening and baseline biochemical and cardiovascular
assessments. Diabetes Care 2014;37:805-13.
4. Schmieder RE, Schrader J, Zidek W, et al. Low-grade albuminuria and cardiovascular risk: what is the evidence? Clin Res
Cardiol 2007;96:247-57.
DOI: 10.1056/NEJMc1415677

To the Editor: Lind et al. report valuable data
regarding the relationship between the glycated
hemoglobin level and the risk of death among
adults with type 1 diabetes. Their conclusion that
a glycated hemoglobin level of 6.9% or lower is
associated with a risk of death that is twice as
high as that in the general population implies
that the risk is uniform among patients with this
low level of glycated hemoglobin. It would not be
surprising if the risk was not uniform, since the
degree of hyperglycemia varies according to the
glycated hemoglobin level. For instance, in a
study that used continuous glucose monitoring,
this week’s letters
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glucose levels were above 180 mg per deciliter for Dianna J. Magliano, Ph.D., M.P.H.
approximately 1 hour longer per day and above Jessica L. Harding, B.Biomed.Sci.
250 mg per deciliter for approximately half an Jonathan E. Shaw, F.R.A.C.P.
hour longer per day in patients with a mean gly- Baker IDI Heart and Diabetes Institute
cated hemoglobin level of 6.8%, as compared Melbourne, VIC, Australia
with those with a mean glycated hemoglobin
No potential conflict of interest relevant to this letter was relevel of 6.4%.1 It would be extremely valuable in ported.
the counseling of patients with type 1 diabetes to 1. Harding JL, Shaw JE, Peeters A, Guiver T, Davidson S,
know the risk of death that is associated with Magliano DJ. Mortality trends among people with type 1 and
categories of glycated hemoglobin levels that are type 2 diabetes in Australia: 1997-2010. Diabetes Care 2014;37:
less than 6.9%. The sample of 6142 participants 2579-86.
with a glycated hemoglobin level of 6.9% or low- DOI: 10.1056/NEJMc1415677
er is sufficiently large for a meaningful analysis.
The Authors Reply: Tornese et al. suggest that
Roy W. Beck, M.D., Ph.D.
we should have considered using a lower cutoff
Jaeb Center for Health Research
for
microalbuminuria. Although low-grade albuTampa, FL
minuria may be associated with an increased risk
No potential conflict of interest relevant to this letter was re- of adverse cardiovascular events, to our knowlported.
edge this new, lower threshold has not yet been
endorsed in practice guidelines or adopted in
1. Juvenile Diabetes Research Foundation Continuous Glucose
1
Monitoring Study Group. The effect of continuous glucose mon- routine clinical use. Therefore, we felt that in a
itoring in well-controlled type 1 diabetes. Diabetes Care 2009;32: population-based epidemiologic analysis, such as
1378-83.
our study, it was most prudent to use the thresholds for albuminuria that are recommended by
DOI: 10.1056/NEJMc1415677
professional societies in contemporary guidelines and that are used routinely by clinicians. We
To the Editor: Lind et al. appear to have based agree that further large-scale population-based
the categorization of deaths in their study on the investigations should be pursued to understand
underlying cause of death. However, this ap- better the relationship between a lower cutoff for
proach may not adequately capture the burden of albuminuria and cardiovascular and renal outdeaths due to cardiovascular disease. When a comes in patients with type 1 diabetes, which
death certificate indicates that a terminal cardio- may ultimately influence whether this lower cutvascular event was due to diabetes, the underly- off should be adopted in clinical practice. Howing cause of death is a diabetes code, not a car- ever, such analyses may be difficult to perform in
diovascular code. We recently found that deaths current population-based registries (e.g., the Nadue to cardiovascular causes were underestimated tional Diabetes Register), since the current values
by 38% among patients with type 1 diabetes and for the albumin:creatinine ratio are not always
by 26% among those with type 2 diabetes.1 In the reported in such registries (rather, they report
study by Lind et al., among all the deaths that whether microalbuminuria exists, according to
occurred in the group of patients with diabetes, current guideline-recommended thresholds).
Regarding the recommendation by Beck to
15% were categorized as unspecified diabetesrelated deaths and 3% as due to diabetes with use a threshold lower than 6.9% for the glycated
vascular complications. Inspection of the full se- hemoglobin level: we carefully considered this in
ries of codes on the death certificates is likely to our analyses. However, our intent was to examindicate that most of the latter group and some ine the relationship between various categories
of the former should be added to the 34% of of glycemic control and adverse outcomes using
deaths that were attributed to cardiovascular dis- the cutoffs that are currently endorsed by the
ease. The inclusion of these deaths as deaths due guidelines and adopted by clinicians in routine
to cardiovascular disease reflects the true cardio- practice; hence we defined a glycated hemoglovascular mortality of these patients and should bin level of 6.9% or lower (≤52 mmol per mole)
be a routine part of analyses of mortality in dia- as the on-target control category.1 Although the
betes.
proposed analyses examining the relationship

880

n engl j med 372;9

nejm.org

february 26, 2015

The New England Journal of Medicine
Downloaded from nejm.org by Jonathan shaw on February 25, 2015. For personal use only. No other uses without permission.
Copyright © 2015 Massachusetts Medical Society. All rights reserved.

156

Appendices
correspondence

between lower thresholds for glycated hemoglobin (as well as albuminuria and possibly other
variables of interest) and adverse cardiovascular
events were beyond the scope of our study, we
agree that such investigations would be valuable
and should be pursued in future studies.
In response to Magliano et al.: we agree that
the proportion of deaths due to cardiovascular
disease in our study is likely to be an underestimation and that cardiovascular disease probably
contributed to a fair share of the deaths categorized as having diabetes as the underlying cause.
However, because many of the deaths due to diabetes had multiple or unspecified complications
(including cardiovascular disease), and furthermore, because we were not able to validate the
final chain of events leading to death from the

data in the register, we used a conservative approach.
Marcus Lind, M.D., Ph.D.
University of Gothenburg
Gothenburg, Sweden

Ann-Marie Svensson, Ph.D.
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Mutations in NPC1L1 and Coronary Heart Disease
To the Editor: The Myocardial Infarction Genetics Consortium Investigators (Nov. 27 issue)1
reported an association between reduced frequency of coronary artery disease and modestly
lower levels of total cholesterol and low-density
lipoprotein (LDL) cholesterol in carriers of inactivating variants of NPC1L1 as compared with
noncarriers. In the Geisinger MyCode cohort, we
found seven heterozygous carriers of an inactivating variant in NPC1L1 (R406X) in persons of
European ancestry. Using a validated definition
for coronary artery disease from the database of
Genotypes and Phenotypes (dbGaP), we found
no carrier of an inactivating variant of NPC1L1
with coronary artery disease as compared with
1001 cases of disease in 15,886 noncarriers. In
persons for whom data on lipid levels were available before or without lipid-lowering therapy,
there was no significant difference in mean
plasma levels of LDL cholesterol between NPC1L1
inactivating carriers and noncarriers (126 mg per
deciliter vs. 125 mg per deciliter), and mean total
cholesterol was lower in NPC1L1 inactivating carriers than in noncarriers (206 mg per deciliter vs.
210 mg per deciliter). Our data are consistent
with the suggestion of the Consortium that the
modest change in plasma lipid levels alone does
not explain the apparent protective effect of
the NPC1L1 stop variants against coronary artery
disease.
n engl j med 372;9

Uyenlinh L. Mirshahi, Ph.D.
David J. Carey, Ph.D.
Geisinger Clinic
Danville, PA
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To the Editor: The Myocardial Infarction Genetics Consortium Investigators tested the association
between inactivating mutations in NPC1L1 and
the risk of coronary heart disease. Heterozygous
carriers of NPC1L1 inactivating mutations had a
mean LDL cholesterol level that was only 12 mg
per deciliter lower than in noncarriers, but resulted in a dramatic relative risk reduction of 53%.
This finding validates the concept that lifelong
LDL cholesterol reduction has a greater impact
on risk1 than pharmacologic interventions, such
as statin therapy, initiated later in life.2
We have previously hypothesized that increased
dietary sterol (cholesterol and xenosterol) absorption via NPC1L1 is associated with increased
cardiovascular risk.3,4 We further posit that there
are sterol species in our diets (such as oxysterols,
oxyphytosterols, etc.) that may be mechanistically linked to atherosclerosis development. We
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Eye injuries and tasers
TO THE EDITOR: Taser (TASER
International) injuries have been
topical in the news media. This
provides an important reminder
of the possible traumatic sequelae
associated with the use of electronic
control devices.
A taser is a battery-powered unit
that uses a nitrogen cartridge to
propel two darts on a 7 m copper
wire.1 Each dart consists of a 4 mm
harpoon-like barbed electrode on a
13 mm  1 mm shaft (Box), deployed
at 18 m/s from a distance of 3–6 m.
Increasingly, tasers are being used by
police in every state of Australia to
subdue violent people.
When the deployed darts attach to
a target individual’s skin or clothing,
a current of up to 50 000 volts is
released for a period of up to 5 s,

depending on the skin’s resistance
(which varies based on fat content,
thickness, cleanliness and body
chemistry).2 The mechanical impact
of the barbs, combined with the
subsequent voltage released,
represents a considerable hazard to
eyes, genitalia and large blood vessels
in the neck.2
Essentially, the eyeball is a liquidfilled globe with a wall thickness
< 1 mm, making it particularly
susceptible to electrical damage.
TASER International states that
“serious injury, including permanent
vision loss” can result from barb
contact with the eye.3 Our literature
search found seven case reports
and one review of ocular damage
relating to taser use.1,2,4-8 In five
cases, penetration of the globe was
reported;1,4,5,7,8 in three cases, entry
through the lids made this difficult

Taser dart, showing dimensions (mm)

to determine without ophthalmic
surgical examination.1,2,7 Ocular
damage associated with taser use
includes mydriasis, iritis, macular
cysts, lid lacerations, cataracts,
retinal detachment, optic neuritis,
vitreous haemorrhage and globe
penetration.6 Damage may be
thermal or mechanical,6 with visual
outcome ranging from final visual
acuity of 6/9 to total vision loss and
enucleation.1,2,4,5,7,8
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As taser use increases, medical staff
need to be aware of the implications
of both the impact energy and
the electrical damage associated
with taser deployment. As in the
management of a barbed fishhook
penetrating the eye or ocular area, a
taser barb should not be removed at
the scene but should be immobilised
(eg, by covering it with a foam
or paper cup) until appropriate
ophthalmic surgical removal is
possible.1

Severe facial and ocular burns soon after injury

A: Image shows the limbal and scleral ischaemia of the left eye and bilateral opaque corneas. The sunken appearance of the left
eye, indicative of hypotony, is a very poor prognostic sign. B: A close-up view of the left eye, showing the cloudy cornea and limbal
ischaemia.
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Severe alkali burns
from beer line cleaners
warrant mandatory safety
guidelines
TO THE EDITOR: Two patients at
our tertiary referral eye hospital had
received severe alkali burns to the
face and eyes while cleaning beer
lines. In hotels, pubs and clubs, beer
lines are cleaned weekly using strong
alkaline solutions at high pressure.
In an accident, alkali released under
high pressure can produce blinding
damage.
Our patients were young, typical
of workers at these venues, and their
injuries have had major impacts on
their lives. One incident involved the
face (60%–80% of facial skin) and
both eyes (grade IV1) of a 23-yearold man (Box) using a commercially
90
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available beer line cleaner (potassium
hydroxide; pH, 14). His eyes were
immediately irrigated with water.
His initial visual acuity was hand
movements in the right eye and light
perception in the left eye. He had
bilateral corneal opacification and
ocular ischaemia with hypotony in
the left eye. He was treated according
to burns protocol,1 but a non-healing
right corneal ulcer developed,
requiring multiple operations.
Bilateral reconstructive eyelid surgery
was also needed.2 His vision is
currently light perception and no
light perception with hypotony,
respectively, in his right and left
eyes. He requires further surgery to
preserve his remaining vision, as well
as ongoing psychological and social
support.
The second patient received a
grade IV injury to her left eye in 2006.
Multiple operations were needed to
heal the ocular surface, along with
psychological and social support.
After 4 years of treatment, her final
visual acuity was light perception. She
returned to limited work late in 2010.
Alkali injuries to the eye are
devastating as they cause liquefactive
necrosis and pass rapidly through
the cornea to the eye’s internal
structures.3 Damage to the stem cells
of the ocular surface and intraocular
structures produces permanent,
difficult-to-treat and often blinding
ocular disease. First aid should
include copious ocular irrigation with
water before referral to an emergency
department.
Neither patient was wearing
safety glasses. We found there are
no mandatory safety guidelines
in Australia (http://www.
safeworkaustralia.gov.au), the United
Kingdom (http://www.hse.gov.uk)
or the United States (http://www.

Alkali injuries
to the eye are
devastating
as they cause
liquefactive
necrosis

osha.gov), and perhaps worldwide,
for beer line cleaning. Although the
product information recommends
use of safety equipment, this is not
enforced and the equipment is usually
not sufficient. Most workplaces
provide safety glasses, but these offer
suboptimal protection from a splash
injury. Non-vented safety goggles
are needed for adequate protection
and should be worn throughout the
cleaning procedure, from set-up to
clean-up. We suggest that mandatory
guidelines are indicated, as although
such injuries are uncommon, they
are severe and debilitating in the
working-age group, with significant
costs to the individual, health system
and society.
Chameen Samarawickrama Senior Ophthalmology
Registrar1,2

John Leaney Ophthalmology Registrar1
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Professor2
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Linking data to improve
health outcomes
TO THE EDITOR: Olver raises
important issues concerning data
linkage and the future of public
health research in Australia.1 We
agree, but want to highlight several
other impediments to research
opportunities in Australia.
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First, ethics applications to link
multiple health databases are
complex and inefficient. Each state
has a different process — some
require only a letter, others require
full applications to ethics committees
and data custodians. Multiple
applications to multiple states should
be unnecessary when a centralised
data source is being used. Further,
some ethics committees only meet
quarterly, and meetings do not align
between states. The process can
take up to 2 years before approval is
achieved. While the introduction of
the National Ethics Application Form
in 2006 heralded the streamlining of
applications, this has not occurred,
as the uptake of the form has been
uneven across states.2
As a nation, we should learn
from other models. Scandinavian
countries lead the way in health
linkage research3,4 owing to their
well thought out systems of unique
health identifiers and administrative
processes, which are not held up by
bureaucracy. In Australia, linkage
is conducted using probabilistic
matching. This requires thorough
understanding of the component
databases and expertise in statistics
and programming. This process is
arduous and prone to errors and
could be simplified by the use of
unique health identifiers. Despite
years of lobbying from researchers
and some parliamentary members,
we do not seem any closer to this
becoming a reality.
Data linkage projects are where
future public health research is
headed. We need to minimise
administration and long lag times
between project approval and
receiving data and to upskill staff in
management and linkage of large
datasets. This will facilitate productive
research in Australia with more
competitive outputs and, ultimately,
better health outcomes for all
Australians.
Jessica L Harding PhD Candidate
Jonathan E Shaw Associate Director, Health Services
Dianna J Magliano Associate Professor
Clinical Diabetes and Epidemiology, Baker IDI Heart and
Diabetes Institute, Melbourne, VIC.
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TO THE EDITOR: The editorial by
Olver1 is a reminder of the usefulness
of linking health datasets for research
and evaluation. While data linkage is
not a foreign concept to many health
services researchers, such work with
regard to Australian primary care
is very limited. The recent review
of Medicare Locals noted that the
few linkages created “only occur in
pockets and are often constrained
by administrative, collaborative and/
or legislative factors”.2 The public
interest is not served by these
barriers.
The unavailability of and lack
of access to general practice data
have hindered our ability to build
a comprehensive picture of the
interface between general practice
and other health care services.3 The
benefits of linking anonymised,
individual-level general practice data
with other routinely collected health
data are enormous; it enables us to
map the entire patient journey both
retrospectively and prospectively,
gives us an insight into patients’
use of health services, and provides
us with the opportunity to assess
whether the organisation of care
for patients is effective and whether
health services can be accessed
by patients at the “right time”.
Such capabilities are very relevant
for addressing issues such as the
increasing demand for emergency
department services and access to
after-hours medical care.
Further attention to and
investment in securing general
practice data is urgently required.
Until this is achieved, we will be
unable to fully realise the benefits
of data linkage for informing health
policy and practice in primary care.
Danielle Mazza Professor and Head of Department1
Lyle R Turner Biostatistician1
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Newborn bloodspot
screening: setting the
Australian national policy
agenda
TO THE EDITOR: The recent article
by Maxwell and O’Leary1 is timely in
outlining the obstacles to introducing
newborn screening tests in Australia,
and the need for a nationally
consistent approach, where the
benefits of screening are proven.
These obstacles exist despite clear
policy developed by the professional
newborn screening community.2
The absence of newborn screening
for congenital adrenal hyperplasia
(CAH) is the clearest example of
the impact from the absence of
any national mechanism, where
initiatives to introduce such testing
have bounced between state and

Correction
Incorrect statement: In “Aboriginal community controlled
health services: leading the way in primary care” in the
16 June 2014 issue of the Journal (Med J Aust 2014;
200: 649-652), there was an error in the “Workforce and
training” section on page 651. The sentence “The Leaders
in Indigenous Medical Education (LIME) Network
has recently signed an agreement with the National
Aboriginal Community Controlled Health Organisation
seeking to increase Aboriginal medical student
placements in Indigenous primary health care settings
with a view to increasing participation in and enhancing
the effectiveness of the medical workforce” should
have stated that the agreement was made with Medical
Deans Australia New Zealand, not the LIME Network.
The LIME Network is a project of Medical Deans that
orchestrates many of their Indigenous health initiatives,
but the partnerships between organisations are made at
the Medical Deans level.
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federal bodies for many years, despite clear
evidence of benefit.3 It is likely that a number
of Australian children have died as a result of
missed diagnoses while these initiatives have
floundered.4 In addition, the incidence of
CAH in Aboriginal children is about 2.5 times
that in non-Aboriginal children, suggesting
an even greater need for national screening.4
CAH newborn screening has benefits
additional to reduced mortality. There is a
great difference for families in taking onboard
the complexities of managing a child with
CAH who is well, having been diagnosed
through newborn screening, rather than a
critically unwell neonate unnecessarily in
adrenal crisis in the intensive care unit. Those
of us who manage children with CAH in
New Zealand, where screening exists, have
observed this crucial difference.
Working groups and governmental
announcements supporting screening
for CAH are welcome; however, action is
required now to introduce newborn screening
for CAH Australia-wide. All that is required is
political will, without which more Australian
children will die unnecessarily.
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Increasing incidence of
Clostridium difficile infection,
Australia, 2011–2012
TO THE EDITOR: Slimings and colleagues
suggest that strain typing of Clostridium
difficile would give greater insight into the
epidemiology of this infection in Australia,1 as
it has in the United Kingdom,2 demonstrating
less inhospital transmission than suspected in
the past. We believe this to be the case.
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In a 2-year study of symptomatic C. difficile
infection at our 350-bed tertiary hospital,3
we identified 262 cases between October
2011 and October 2013. Of these, 150 (57%)
were hospital-onset cases after 48 hours of
admission. Ribotyping of 147 of these strains
showed 44 different types. There appeared
to be no secondary cases of diarrhoea from
symptomatic patients in our hospital, where
patients with C. difficile infection are isolated
immediately after being identified.
We identified only one possible cluster
of seven cases of ribotype QX076 on a
rehabilitation ward between March and
September 2013. This ward has only two
rooms with ensuite toilet facilities, with most
toilets being shared by four patients. When a
toilet is flushed without the lid closed, aerosol
production may lead to surface contamination
within the toilet environment, increasing
the risk of case-to-case transmission of C.
difficile.4 Apart from this cluster, most cases
were singletons. As we found many different
ribotypes, it could be hypothesised that crosstransmission is generally rare, with clustering
being the exception rather than the rule.
The greatest numbers of cases were found
on haematology/oncology and geriatric
wards. No cases involving ribotype UK 027
were identified. The most common ribotypes
in hospital- and community-onset cases
belonged to the UK 014/020 group. There
were 53 cases (20%) of community-onset
infections without evidence of health care
system contact. Fifteen of these had ribotypes
not found in the hospital-onset cases.
Further investigations are required to assess
the role of asymptomatic carriers in hospital
infection and to define the relationship to
toilet facilities and cleaning efficacy.
Nelly E P Engelhardt Infection Control Scientist
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